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ABSTRACT

Social media platforms are very used nowadays in developed countries. Since lockdown and
social distancing took place due to COVID-19, its importance has soared. This is understandable,
as people try other ways of communicating when deprived of their primary mode of
communication. This study aims to investigate how the state of social distancing and lockdown
affects people's use of these platforms. Even though social media is a widely researched topic,
few studies have been conducted in these circumstances, hence the importance of the study.
The current study was designed to test the Unified Theory of Acceptance and Use of Technology
(UTAUT2). In addition, it was hypothesized that COVID-19-induced isolation would cause people
to use social media excessively, leading to social media fatigue. The moderation effect of
loneliness on the relationship between social media use and social media fatigue was also
investigated. A survey was conducted to test our theory. Structural Equation Modelling (SEM)
was used to analyze the outcome. The results revealed that both social media use and loneliness
are significant causes of social media fatigue among isolated individuals due to the COVID-19
pandemic.

KEYWORDS

Social media, social media use, loneliness, unified theory of acceptance and use of technology
(UTAUT2), social media fatigue.
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1. INTRODUCTION

There are 4.2 billion people worldwide who use Social Media (SM) (Social Media Statistics &
Facts | Statista, 2020). Facebook and YouTube are the two SM platforms with the most active
users. The first platform has 2.498 million, while the latter has 2.000 million active users (Social
Media Statistics & Facts | Statista, 2020).

SM is omnipresent and is part of people's everyday life. Schlagwein and Hu proposed that SM
are internet-based communication and collaboration channels (Schlagwein & Hu, 2018). Since
the COVID-19 lockdown took place and social distancing measures started, the importance of
SM has soared (e.g., Zoom's market cap rose substantially after March 2020). This situation
is understandable, as people try other ways of communicating when deprived of their primary

mode of communication.

Information and Communication Technologies (ICT) and SM have other purposes besides
hedonistic ones: work, school, and health appointments. When in March 2020, the COVID-19
pandemic began in the West, governments and world organizations began to take action to try
to slow down the spread of the virus. People found themselves forced to stay at home for long
periods without being able to have contact with large groups of people. Thus, people had to
get used to a new way of life in which every human interaction, except with people with whom
they shared a house, had to be done through a screen. This triggered the importance of ICT
to skyrocket. Data collected in the United States in May 2020 regarding the use of mobile
phones suggests that people are becoming more dependent on phone services. Text
messages increased by 37%, SM use increased by 36%, shopping apps usage increased by
23%, and lastly, video calls increased by 32% (U.S. Study Finds COVID-19 Pandemic
Transforms Cell Phone Usage | Twigly, 2020).

Since the lockdown, statistics have shown a considerable increase in SM usage. A survey
conducted in March 2020 and then published on Statista shows that 40 per cent of consumers
spend more time on messaging services and SM than before the pandemic (» Statista - The
Statistics Portal for Market Data, Market Research and Market Studies, 2020). Excessive use
of SM platforms can lead to pathological solid and maladaptive psychological dependence on
SM (Turel & Serenko, 2012), leading to feelings of loneliness (Matook et al., 2015). Therefore,
it is essential to examine how an increase in SM usage, a state of social distancing, and

seclusion can affect a person's wellbeing.



This study enriches the research testing and analyzing the UTAUT2 (Venkatesh et al., 2012)
Venkatesh’s model to understand the effects of SM use in such a unique and new setting for

us, the social isolation due to COVID-19.

With this research, we aim to find out how the state of social distancing affects people's SM
use. Although SM is a widely researched topic, this is a new and important context to study
SM use and its consequences. From past studies, we understand that the increase in SM use
leads to adverse effects, thus, in this study we are trying to answer the following research
guestions:

1. In a social distancing context does the use of SM lead to adverse effects like SM

fatigue?
2. What leads people to use SM in this context?

In answering these questions, the remainder of this paper is organized as follows. In Section
2, the theoretical background of the research will be introduced. In Section 3, the research
model will be explained. In Section 4, the data that was collected will be shown. In Section 5,
the results of the research will be presented. In Section 6, the results will be discussed. In the

final Section, the conclusion of the research will be done.



2. THEORETICAL BACKGROUND

2.1 THE CONCEPT OF SOCIAL MEDIA

First, it is crucial to understand the concept of SM. The concept delivered by the tech giants
with the introduction and innovation of SM encompasses various aspects like business,
entertainment, communication, lifestyle activities, news, social sharing, digital collaboration
etc. SM becomes a highly productive tool to drive business growth and success, stay

connected with the world, and more when used within limits and productively.

Users turn to SM for information and relationship-sharing services, such as friending others
and sharing news, to maintain associations and manage contacts (Enders et al., 2008). They
can stay in touch with friends and acquaintances by following them and seeing what they share
on SM, creating and inviting friends to events through these networks, or sharing career steps
on LinkedIn. Users obtain relational benefits from acquiring and preserving social capital with
others, producing a social sense of interdependence, belongingness, and identity generally
presented in friendships, peer support, and group affiliation (Ellemers et al., 1999). They also
obtain informational benefits from interpersonal information exchange and sharing within their

social network (Granovetter, 1973).

However when it is used excessively for entertainment purposes such as music, games, online
videos, etc.. it becomes one of the most devastating achievements of the modern era that has
the potential to cause real consequences to its users (Cho et al., 2008). Primarily, social
networking sites like Instagram, Facebook, LinkedIn, WhatsApp etc., are used for personal,
social, and entertainment use but there are also features for professional use like Facebook
Business Manager, Linkedln for Business, WhatsApp Business, and so on. From the end
user's perspective, the core concept of SM is to connect digitally, share information with others,
and explore various entertainment, business, and lifestyle features, as reported by Kim (2018).
However, this perception of social networking does not match the reality in many cases, as a
significantly high percentage of the world's population overuses social networking. Instead of
focusing on the positive aspects, many only seem to overuse SM for entertainment purposes.
Spending excessive time on SM, making video calls, playing games, watching videos online,
listening to music are some ways many use social networking sites that hinder their life

productivity and cause mental or psychological effects.



In the next section, we will focus on identifying the inferential factors that drive users to stay
connected to social sites, and we will list and explore the consequences associated with

excessive SM use.

2.2 PRIOR RESEARCH ON SOCIAL MEDIA OUTCOMES

When it comes to excessive use of social networking sites, users usually adopt an unhealthy
life cycle. For example, unhealthy lifestyle habits can cause many to opt-out of SM sites but
spend more time on SM. Many factors play a crucial role in getting addicted to SM, which
makes it harder to reduce the amount of time spent on SM or to disconnect from the social
world. The following factors drive the use of social networking apps and platforms (Ponnusamy
et al., 2020).

With the high adoption of Internet of Things (IoT) devices such as laptops, smartphones,
tablets, etc., it has become highly convenient for end-users to access social networking
platforms and apps. With access to various entertainment features just a few taps away, it is
becoming increasingly difficult to resist the temptation to connect to the social world. This is
sometimes referred to as "hyperconnectivity". However, this convenience comes at the cost of

psychological effects such as impaired concentration and focus, sleep disturbances, and more.

A large number of SM users give in to the urge to keep checking SM pages due to the " fear
of missing out" (FOMO) (Alt, 2015; Beyens et al., 2016; Dhir et al., 2019; Przybylski et al.,
2013). Despite not receiving any critical news or notifications, many continue to repeatedly visit
social networking sites for fear of missing out on the latest news, events, gossip, videos, music,
etc., according to their preferences. Similarly, the fear of being unable to respond to, comment
on, participate in, share, or like online content can lead to being disconnected from friends and
peers online. In contrast, real-life relationships may suffer if one does not connect and

communicate with others immediately after receiving the latest news, posts, and updates.

Many SM addicts feel anxious, awkward, or lonely in real-life social situations. By avoiding
real-life communication and connection, they turn to SM and prefer to engage digitally because

it can make them feel safer, less anxious, and more in control.

The ability to get global information, stay connected with others, grow businesses, and digital
learning are some of the SM applications. Similarly, SM enables users to gain relational

advantages and create a social sense of interdependence, belonging, and identity that
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manifests itself in friendships, peer support, and group memberships (Sadagheyani & Tatari,
2020). However, many overstep the mark in their quest to reap these potential benefits as
perceived by social networks, leading to the sprout of devastating real-life effects. The

following are some unhealthy consequences of SM.

2.1.1 Psychological and mental health implications

Psychological wellbeing is a "multifaceted domain encompassing positive self-regard, mastery
of the surrounding environment, quality relations with others, continued growth and
development, purposeful living, and the capacity for self-determination” (Ryff & Keyes, 1995,
p.724). It is also described according to the basic concept of eudaimonic wellbeing (Ryff &
Keyes, 1995). Inappropriate and heavy use of SM severely impacts mental and physical
abilities since it interferes with daily activities, including family, work, and school (Caci et al.,
2017).

Studies have found that people who are stressed, struggling with anxiety, depression, or alone
are more likely to use SM at unhealthy levels. Feelings of stress, anxiety, loneliness, and
depression can lead many to rely heavily on SM to connect with others and gain a sense of
connection and belonging to reduce their loneliness and depression. However, the more they
use SM to alleviate their feelings, the more they feel disconnected and lonely, and this
unhealthy cycle continues. Similarly, studies have shown that unhealthy SM use increases
feelings of inadequacy, dissatisfaction, and isolation, worsening mood and hindering the ability

to move forward and connect with others in real-life situations (Hu et al., 2015).

2.1.2 Social Media fatigue and hindered academic performance

SM is relatively popular among adolescents and young adults who are still in the academic
phase. A study of 362 questionnaires conducted by Ponnusamy et al. (2020) at a Malaysian
University revealed that excessive use of Instagram led to students developing feelings of
dissatisfaction, shyness, and lower academic performance. Also, another study Lau (2017) on
students at a University in Hong Kong linked unhealthy SM use to negative academic
performance. A study conducted by Malik et al. (2020) on 1,398 WhatsApp users (aged 19 to
27 years old) and 472 WhatsApp users (aged 18 to 23 years) revealed excessive and

unhealthy SM use leads to SM fatigue. In addition, the study found that self-comparison and



self-representation on SM increased SM fatigue and ultimately affected the participants'

academic performance.

Aside from the above studies and their findings, many other studies link psychological and
mental health disorders to excessive SM use. A recent study by Sadagheyani & Tatari (2020)
extensively examined 501 different studies and articles related to SM and its effects. In
reviewing these 501 studies, it was found that 50 studies found an association between SM
and mental health effects, with excessive use leading to the burgeoning of feelings such as
anxiety, depression, and loneliness. The study also uncovered adverse effects related to sleep
quality, suicidal and self-harm thoughts, increased levels of psychological distress, decreased
self-esteem, dissatisfaction with one's body, dissatisfaction with lifestyle, and fear of missing
out. The study also indicates that users also resorted to cyberbullying against others online in
extreme cases.

Conversely, several studies also found positive effects of SM. The same study conducted by
Sadagheyani & Tatari (2020) also revealed that receiving information, emotional support,
building relationships, connections, interactions, and networks were some of the major benefits
reported by the study participants. Similarly, a study conducted by Dhir et al. (2019) revealed
that users reported positive effects of using SM, including improved creativity, self/identity,
discovering sources of valuable information, online learning, skill-building, and developing and

maintaining relationships.

SM platforms are designed to provide a range of functions to end-users. Although they have
productive functions, learning, and business applications, a significant portion of the world's
population abuses these social networks. While countless studies have shown unhealthy use
of social networks to be linked to several mental and psychological disorders, studies have
also reported the potential benefits of using SM. In short, whether one reaps the benefits or
faces the consequences of misusing SM depends on the perception and habits of the end-
user. It is essential to educate oneself on the proper use of SM. Limiting SM use and using it
for productive and creative purposes provides a positive mental state. In contrast, excessive

use leads to real-life consequences that interfere with daily interactions and tasks.



3. RESEARCH MODEL

To examine SM use outcomes related to social isolation due to COVID-19, an integrated model
combining Venkatesh's extended unified theory of acceptance and use of technology
(UTAUT?2) and the eight-item UCLA loneliness scale was used as a theoretical lens.

UTAUT2 was developed to explain and predict technology adoption. In this work, we use it to
examine SM use in the context of social isolation due to COVID-19. The UTAUT2 model is an
improved version of UTAUT, which explains technology acceptance and adoption by users in
an organizational context. The UTAUT model was developed based on eight previous theories
and models of technology acceptance: Theory of Reasoned Action (TRA), Technology
Acceptance Model (TAM), Motivation Model (MM), Theory of Planned Behaviour (TPB),
Combined TAM and TPB (C-TAM-TPB), Model of PC Utilization (MPCU), Innovation Diffusion
Theory (IDT), Social Cognitive Theory (SCT). The extended version of this theory,the UTAUT2
model (Venkatesh et al., 2012) includes three more constructs then the previous version:

hedonic motivation, price value,and habit.

According to Perlman & Peplau (1981), loneliness is the unpleasant experience that occurs
when a person's network of social relationships is deficient in some important way, either
quantitatively or qualitatively. To measure the loneliness people experience during isolation
due to the COVID-19 pandemic, we used the eight-item UCLA Loneliness Scale.

Performance expectancy is the most influential factor in SM use and adaptation. The extent to
which an individual believes that using the system will help him or her improve job performance
is referred to as performance expectancy (Venkatesh et al., 2003). It is believed that using a
particular technology will be beneficial to the individual. The opportunities brought by SM lead
to a higher performance expectancy. The usage factors behind everything consist of five items:
external motivation, job fit, relative advantage, outcome expectancy, and usefulness
(Venkatesh & Davis, 2000). Individuals' perceptions of these factors concerning SM use are
very positive, making performance expectancy a positive factor behind SM adaptation. The
estimated improvement in performance and the user's satisfaction after the whole experiment
leads him/her to use SM repeatedly. The isolation during COVID-19 and world turning upside
down from physical to digital modes, and the large flow of people adapting are evidence of the
positive performance expectancy of technological forums and applications. Hence, the first
hypothesis:

H1. Performance expectancy (PE) is positively associated with SM use.



The degree of ease associated with using a technology by (Venkatesh et al., 2003) is referred
as effort expectancy. It could be described as the effort required to use technology in simpler
terms. SM platforms are developed in a certain user-friendly manner so that they can be easily
interpreted and accepted by the audience. Such applications come with many benefits that
have to do with easy accessibility to users of any age group. Within seconds, one can find out
the news about the whole world, could quickly gather global databases or get entertainment.
Everything is available just a single click away. The Technology Acceptance Model — TAM -
(Davis, 1986) is highly based on the perception of ease of use, which refers to the idea that
using new technology will be effortless. In such an emergency and the rapid transition of all
physical activities into online activities due to the pandemic, people's life activities were not
hindered as most modern applications had a convenient user interface. Despite the isolation,
people could easily access many functions because today's technology is designed for
everyone, one does not need much learning for mere access.

H2. Effort expectancy (EE) is positively associated with SM use.

Social influence is defined as the degree to which an individual perceives that important others
believe they should use the technology (Venkatesh et al., 2003). Social influence includes
intentional and unintentional efforts to change another person's beliefs, attitudes, or behaviour
(Gass, 2015). Trends that the majority follow or that are common in society can also cause
people to change their behaviour to fit in. People use SM to build and maintain relationships
with others (Boyd & Ellison, 2007). Many people, especially teenagers and young adults, join
SM platforms to experiment or to participate in trends. Many people joined with the aim of
overcoming loneliness by connecting with social networks. Therefore, positive social influence
has a positive proportionality to SM use.

H3. Social influence (Sl) is positively associated with SM.

Facilitating conditions are defined as the degree to which an individual believes that an
organizational and technical infrastructure exists to support the use of the technology
(Venkatesh et al., 2003). It can also be defined as the degree to which users feel that a
particular system or application meets information requirements is referred to as user
satisfaction (Almarashdeh, 2016). SM is largely based on user feedback about facilitating
conditions. SM platforms are developed as channels for disseminating information and
eliminating loneliness from people's lives. They help people to get a deeper insight into
everything, adapt to new environments, create communication channels, and understand each
other's cultural preferences. SM gives the sense of one's identity. Most of these applications
largely come with guidelines, and enough facilitating conditions for inducing positive

performance expectation with less effort.



H4. Facilitating conditions (FC) is positively associated with SM use.

Hedonic motivation is defined as the fun or pleasure derived from using technology, and it has
been shown to play an important role in determining technology use (Brown & Venkatesh,
2005). Various critics have adopted different types of interpretations regarding behaviour
towards the use of SM, one of which is hedonic motivation. The results of any technological
adaptation also cannot be separated from the basic psychological conditions of the user.
Hedonic motivation, also known as incentive motivation, is the willingness to initiate behaviour
that reinforces positive experiences (pleasant or good) and behaviours that reduce negative
experiences (Kaczmarek, 2020). It is achieved by reducing psychological distress. People
usually choose their actions based on whether it increases or decreases their happiness. SM
platforms are those in which the consumer fully understands the motive and can evaluate the
weightage of pros and cons at a personal level. The influence of hedonic motivation is positive
in lonely, isolated, or introverted people to a much greater extent than the others. A person
goes through three different stages of behaviour change and modelling while making a
decision to do something (Bozarth, 1994): one of them is positive reinforcement, which means
that the reward the consumer receives causes him to increase the probability of changing a
certain behaviour.

H5. Hedonic motivation (HM) is positively associated with SM use.

Price value is the consumers' cognitive trade-off between the perceived benefits of the

applications and the monetary cost of using them (Dodds, 1991).

Price is also a critical factor in determining the fate of a platform, technology, or initiative. In
the SM space, pricing tends to be customer centric. This means that prices are set based on
what users think things are worth. This is a definite strategy of companies. Upgrades of
technologies are always produced according to luxury feedback, premium accounts and
promotions are never free, but their experiences have a special value. The success of any
business depends on how its product stands out from the competition. Most SM applications
that the world has turned to in isolation due to COVID-19 have been available to consumers
at the lowest cost and therefore have been perceived more positively. SM is completely
focused on its customers. In fact consumers make SM, so any improvement or addition is
based on feedback. Also, SM has open communication channels, so they have developed a
strong relationship with their customers, even those who tend to keep their views private.

H6. Price value (PV) is positively associated with SM use.



Habit is measured as the extent to which an individual believes the behaviour to be automatic
(Limayem et al.,, 2007). Technology has taken over much of life around the world. The
transformation of all systems, whether in healthcare, education, etc., into digital systems is a
massive testament to this. Unconscious scrolling and repetitive checking of notifications now
permeate every aspect of people's lives. Habit is a perceptual construct that reflects the results
of prior experiences (Venkatesh et al., 2012). However, subjective wellbeing and loneliness
are also important indices of people's evaluation of deep media participation and adaptation to
SM. Loneliness can be viewed as a result of individuals' perceived discrepancy between
desired and achieved levels of social contact (Bahr et al., 1984). Lonely people do not have
better routines, so they seem to indulge in SM more often.

H7. Habit (HT) is positively associated with SM use.

In recent years, researchers have begun to study fatigue related to the use of ICT (Salanova
et al., 2013). Intense use of SM interferes with daily life and negatively affects life satisfaction
(Malik et al., 2020). Compulsive use of SM, fear of missing out, or anxiety about online activities
leads to fatigue, referred to as boredom or preoccupation. SM fatigue is a withdrawal from
such platforms after becoming too overwhelmed by keeping connected and scrolling. Lack of
focus, irritability, and anxiety is the underlying impulses. Similarly, the impact of this
phenomenon can be unfavourable for SM platforms and their associated service providers, as
users may limit, switch, or stop using them altogether, ultimately affecting profitability
(Ravindran et al., 2014; Talwar et al., 2019). As discussed earlier, loneliness is directly
proportionate to SM use. Similarly, the intensity of use positively correlates with SM fatigue.

H8. SM use is positively associated with SM fatigue.

Social isolation is defined as an objective lack of interactions with others or the wider
community. Loneliness is defined as the subjective feeling of the absence of a social network

or a companion. These two are everyday misfortunes nowadays (Leigh-Hunt et al., 2017).

Due to the fact that an individual cannot have recurrent encounters with the same connections,
social loneliness is regarded to be a result of social isolation (Baumeister & Leary,
1995).Loneliness might motivate people to use SM more, or even excessively. Although
studies also show that greater social networks may combat loneliness. Thus, we hypothesize
that both SM use and SM fatigue will be lower for less lonely people.

H9. COVID-19 isolation moderates the relationship between SM use and SM fatigue, in

such a way that this relation is higher for higher levels of COVID-19 isolation.
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According to Venkatesh et al. (2003) the influence of performance expectancy, effort
expectancy, social influence, facilitating conditions, hedonic motivation, price value, and habit
on behavioral intention is moderated by age.As well as the influence of habit on use behaviour.
Thus, our last hypothesis:

H10. Age moderates the relationship between SM use and SM fatigue, in such a way

that this relationship is higher for older individuals.

The research model can be seen in Figure 1.

COVID-15
performance _ Isolation
Expectancy (1*) H1(+)
Effort Expectancy n
(2°) H2 (+) HO (+)
Social Influence H3(+) |
(3%)
—_—_— Social Media Use  |[— HS8 (+) M 5M fatigue
Facilitating Ha (+) —
Conditions (4%)
i H10 (+)
He.don.m H5 (+) —
Motivation |
Age
Price Value — H6 (+) —
Habit l—— H7 (+) -
UTAUTZ2

Figure 1 — Research Model
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4. DATA

To test our model an online survey was conducted. The instrument was distributed online via
a personal hyperlink from February to March 2021. The questionnaire was in English and had
participants from all over the world.

At the beginning, the survey and its purpose were explained, expectations were set, and
examples of SM were given. The start was a qualifying question, this asked if the person had
used SM in the last three months. If not, the survey ended, and this answer was considered
not eligible for the study. Next, the respondent had to go through 4 parts: the first part contained
questions about the UTAUT2 constructs, the second part contained the UCLA loneliness scale
items, the third part had SM fatigue constructs, and the last part contained demographic
questions. Existing scales were adapted. To measure the intention to use social media
Venkatesh's existing scale was adapted (Venkatesh et al., 2012). Loneliness was measured
through the existing UCLA eight-item loneliness scale (Russel et al., 1978). SM fatigue
constructs were adapted from Karasek (1979). All items in each question were measured with
a seven-point scale, evaluating from "strongly disagree" (1) to "strongly agree" (7) (Appendix
A).

There were 297 responses of which 222 were eligible for the study. Of all respondents, 76%
were female, and 24% were male which is expected since 67% of internet users are female
,ages between 18 and 29 who use any social networking site (Duggan & Brenner, 2013). In
our study, we had 64% of answers from people between the ages of 21 and 25. Most of the
participants (39%) used Instagram the most. The second most used SM was WhatsApp. and
the third most used was Facebook. 60% of the participants are students, 21% are dependent
employers, 9% are working students, 5% are unemployed, and 5% are self-employed. The
descriptive statistics of the participants can be seen in the table below.To examine the possible
existence of common method bias, we used the Harman’s one-factor test (Podsakoff et al.,
2003). The first factor merely accounts for 18% of the variance, a value well below the
stipulated threshold of 50%. Hence, common method bias was not an issue in our data. The

sample’s main characteristics can be seen in Table 1.
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Measure Value Frequency Frequency%
Female 168 76%

Gender
Male 53 24%
Primary School 5 2%
) High School 54 24%

Education
Bachelor 92 41%
level

Masters 70 32%
PhD 1 0%
Less than 500€ 33 15%
Between 500€ - 1000€ 42 19%
Between 1000€ - 1500€ 44 20%
Income Between 1500€ - 2000€ 38 17%
Between 2000€- 3000€ 23 10%
Between 3000€ - 4000€ 16 7%
Higher than 4000€ 26 12%
Mandatory quarantine 58 26%
Isolation Self-imposed quarantine 41 18%
restrictions  Social distancing 117 53%
No restrictions 6 3%

Table 1 - Descriptive statistics of the participants
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RESULTS

The current study was designed to test UTAUTZ2. In addition, it was hypothesized that COVID
-19 induced isolation would cause people to use SM excessively, leading to SM fatigue. The
moderating effect of loneliness on the relationship between SM use and SM fatigue should
also be investigated.

Data were analyzed by Structural Equation Modelling (SEM) using the Partial Least Squares
(PLS). PLS is a component-based approach to SEM (Chin, 1998). PLS may be considered
appropriate for this study because: (i) not all elements in the data are normally distributed
(p<0.01); (ii) it is good for complex models and prediction-oriented research; (iii) the research
model has not been tested in the literature ( Hair et al., 2011; Sleuwaegen, 1992). The model
was tested using SmartPLS 3 software (Ringle et al., 2015). The model included nine reflective
and one formative latent variable. Age was a significant covariate in the model. Performance
expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation,
price value, and habit were reflective exogenous constructs to SM use, which is the formative
construct of the model. In addition, SM use and loneliness were exogenous constructs to SM
fatigue.

The evaluation of the model was conducted in two phases. First, the measurement model of
the reflective and formative constructs was assessed. Second, the assessment of the

structural model was completed.

5.1 MEASUREMENT MODEL

Cronbach's a and composite reliability (CR) measured the internal consistency of the reflective
variables. The acceptable range of internal consistency in exploratory research is 0.6 - 0.7.
AVE (Average Variance Extracted) is the measure of convergent validity. It is the mean of the
square of outer loadings of all indicators on a construct. AVE value 0.5 indicates that a
construct explains 50% of the variance of the indicators, while the rest is in error terms. The
desired value of AVE can only be achieved if the outer loadings of all indicators are above 0.7.
The evaluation of the formative model mainly involves convergent validity. The principles of
internal consistency do not apply to it. In the formative measurement model, the external

loadings of the indicators should be greater than 0.4 ( Hair et al., 2016).
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The discriminant validity of the constructs was examined using the HTMT criterion. Heterotrait
Monotrait criterion is an extended method for determining discriminant validity. HTMT is the
heterotrait-monotrait ratio of correlations.. It is suggested by Henseler et al. (2015) that if the
value of HTMT is less than 0.9 between two constructs, it means that discriminant validity has

been established. Psychometric properties of the variables are given in Table 2.

Construct Cronbach's Alpha CR AVE

Performance Expectancy 0.786 0.819 0.610
Effort Expectancy 0.879 0.915 0.731
Social Influence 0.907 0.940 0.840
Facilitating Conditions 0.849 0.829 0.627
Hedonic Motivation 0.905 0.941 0.841
Price Value 0.894 0.931 0.819
Habit 0.732 0.850 0.655
Loneliness 0.826 0.885 0.657
Social Media Fatigue 0.922 0.941 0.762

Table 2 - Measurement model estimations

The values of Cronbach's alpha and composite reliability shown in the above table indicate
that all the scales have met the criteria for internal consistency. AVE of all constructs is above
the criterion, which is 0.5. In the initial analysis, the AVE value of loneliness was less than 0.5.
The composite reliability was also less than 0.6. In this case, Hair et al. (2016) suggest the
elimination of indicators with outer loading < 0.7 only if the elimination improves the composite
reliability of the variable. Since the variables used in the study are theory-based and have well-
established psychometric properties, we decided not to eliminate the indicators as this could
affect content validity. We can proceed with the analysis as convergent validity has been
demonstrated (Huang et al.,, 2013). In the case of the formative variable SM use, three
indicators with outer loadings less than 0.3 were eliminated to achieve convergent validity. The
formative measurement model was further evaluated concerning other variables while the
structural models were assessed. The values of the HTMT ratio of all constructs are less than

0.9. All constructs have strong discriminant validity.

5.2 STRUCTURAL MODEL

In examining the structural model, the collinearity score (VIF), coefficient of determination (R?),
and the adjusted R? of the dependent variables. To find out the problem of multicollinearity,

i.e., the correlation between the exogenous variables of the model, the VIF statistic was
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obtained. According to (Hair et al., 2016), the values of VIF should be less than five. The

collinearity statistics of the constructs can be found in Table 3.

Social Media Use  Social Media fatigue

Performance Expectancy 1.390
Effort Expectancy 1.608
Social Influence 1.183
Facilitating Conditions 1.439
Hedonic Motivation 1.461
Price Value 1.227
Habit 1.169
Social Media Use 1.147
Loneliness 1.026

Table 3 - Collinearity statistics of the constructs

The table above shows that all constructs' VIF value is less than five. Consequently, there is
no multicollinearity among the variables in the study. The criteria for SM usage content validity
is also met as its VIF value is less than five.

The predictive capabilities of the model were calculated in two ways. First, R? was examined,
i.e., the predictive power of all exogenous constructs for the linked endogenous constructs.
The bootstrapping procedure determined it. Second, the adjusted R2, which accounts for the
number of independent variables included in the model, was used to evaluate the model
(Niehaves & Plattfaut, 2014). R? and R? adjusted of the study variables can be found in Table 4.

Construct R? R? adjusted
Social Media Use 0.253 0.229
Social Media Fatigue 0.157 0.142

Table 4 - Coefficient of Determination (R?), Coefficient of Determination adjusted (R? adjusted), of the
Study Variables

According to (Hair et al., 2011), R? of 0.25 can be considered weak, 0.5 moderate and 0.75
strong. The above values show that the predictor's technology and SM fatigue are weak

predictors.

Path coefficients represent the prediction of a specific endogenous construct by specific
endogenous constructs. Their significance is determined by the t-value, which corresponds to

the specific significance level (p-value). 2 is the effect size of the predictive power of all
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exogenous variables on the endogenous variable when certain endogenous variables are
removed from the model. It was obtained by bootstrapping at Quality Criteria. Path coefficients

and their significance test UTAUT2 were given in Table 5.

Predictor B p value Conclusion
Performance Expectancy -0.009 0.924 non-significant
Effort Expectancy 0.094 0.375 non-significant
Social Influence 0.072 0.327 non-significant
Facilitating Conditions -0.257 0.180 non-significant
Hedonic Motivation 0.121 0.112 non-significant
Price Value 0.039 0.646 non-significant
Habit 0.381 0.000 Significant at 99%

Table 5 - Path coefficients for the predictors of social media use incorporating UTAUT2

It can be stated that during the COVID -19 crisis, only habit made people use SM. While other
factors did not contribute to the use of SM. Thus, the only activity for isolated people is to use
smartphones to connect with their outside world (Greenhalgh et al., 2020; Vargo et al., 2021).

In the final stage, the path coefficients for the predictors of SM fatigue, the effect sizes 2 and
g2, the effect size of predictive relevance, were determined. g2 was calculated manually using
the formula [(Q2Included- Q2excluded )/(1- Q2Included)] (Hair et al., 2016). Q2Included is the
predictive relevance by including certain exogenous constructs, Q2excluded is the predictive
relevance value by excluding certain exogenous constructs from the model. Q2excluded for
all constructs was obtained by eliminating all exogenous constructs from the model one by one
and calculating the blind fold. An effect size (f2 and g2) of less than 0.02 means there is no
effect, but 0.02, 0.15, and 0.35 represent small, medium, and large effect sizes, respectively.

The path coefficients for the predictors of SM fatigue can be found in Table 6.

Path B pvalue £ ¢
Social Media Use = Social Media Fatigue 0.173 0.033 0.03 0.01
Loneliness - Social Media Fatigue 0.228 0.002 0.06 0.03

Social Media Use * Loneliness - Social Media Fatigue -0.040 0.624 - -
Table 6 - Social media use, loneliness, and social media fatigue

The above table shows that both SM use and loneliness are significant causes of SM fatigue
among individuals who are isolated due to the COVID -19 pandemic. However, the effect size
is small. This fact can be supported by a previous study by Islam et al. (2020) which states

that entertainment and sharing unverified information on SM leads to SM fatigue among

17



individuals. The negative effect of SM use is confirmed by another study conducted by Ahmad
& Murad (2020). They studied that people indulged in SM use during the lockdown, which led
to more panic. Besides all the negative effects of SM use on mental health and the associated
predictors of SM fatigue, it is a confirmed fact that heavy use of SM leads to SM fatigue in

young adults.

The research model with the results can be seen in Figure 2.
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Figure 2 - Research Model with results

Note: * p < 0.05; ** p<0.01; and *** p < 0.001
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5. DISCUSSION

DISCUSSION OF FINDINGS

In March 2020, the whole developed world was obligated to turn digital. Among remote work
and education, many individuals increased their time spent on SM platforms such as Facebook
and Instagram, fulfiling their needs for COVID-related information, amusement, and
interpersonal contact. Despite the undeniably beneficial function that SM plays in an
emergency like social isolation due to COVID-19, more SM usage is likely to result in SM

fatigue.

It was hypothesized that increased loneliness in social isolation due to COVID-19 would lead
to SM fatigue in SM users. The current research was designed to test this hypothesis through
the UTAUT2 and the UCLA eight-item loneliness scale. Data resulting from a survey
distribution was analyzed through SEM using the PLS approach. The model was tested using
Smart PLS 3 software (Ringle et al., 2015). The assessment of the model was completed in
two phases. First, the measurement model of reflective and formative constructs was

evaluated. Second, the assessment of structural model was completed.

End-users may expect a variety of features from SM networks. Even though these social
networking sites provide valuable features, learning, and commercial applications, a
considerable section of the world population misuses them. While several research has clearly
connected harmful SM networking usage to various mental and psychological troubles, other
research has revealed possible advantages of utilizing SM. This study aimed to find out if in a
unigque situation of social isolation for long periods, SM use would cause SM fatigue or not.

The findings of this study contribute to the literature on SM use whilst in quarantine due to the
COVID-19 pandemic. It was concluded that SM use and loneliness are significant causes of

SM fatigue among individuals in social isolation due to COVID-19.

THEORETICAL IMPLICATIONS

SM has many advantages, however some stand out, according to the research done so far.

The theoretical implications include the development of a SM specific theory that emphasizes

19



the negative aspects of communication. The framework for addictive behaviours related to SM
engagement is created through an examination of the internal and external motivations for SM
use, as well as potential psychological deficits. Excessive SM usage also considers altering
the primary mode of interpersonal communication interactions and modifying corporate
communication structures. Large amounts of SM use can also hurt health communication.
More research regarding the addictive capabilities of SM and potential solutions to the issues
created by COVID-19, causes individuals to overuse SM, as well as possible solutions to the
problems that arise because of this relationship, is needed in the future.

The study's key theoretical contribution is that it is a pioneer in research testing and analyzing
Venkatesh’s model in order to understand the effects of SM use during such a unique and new
setting for us, the social isolation due to COVID-19.

The results show that that both SM use and loneliness are significant causes of SM fatigue
among individuals who are isolated due to the COVID -19 pandemic with a small sized effect.
This could indicate that SM could play a good and maybe even healthy role in situations like
these, since online becomes the only way to communicate with other people, friends, family,
and colleagues. Thus, further research should be done to understand this topic further and
create tools to use this information in our advantage.

This study contributes to the stream of research on SM outcomes by investigating its
consequences in a unique and specific situation that is relatively new to us. Furthermore, this

study is among the first attempts to explore this topic in a COVID-19 pandemic.

Within the COVID-19 pandemic, we have witnessed an increase in use of SM which augments
its normal consequences, good and bad. Like cyberbullying, connections between people and
so on. It is of the most important matter to continue research to better our lives in a world where
SM is growing so much in users and we confront situations where these are the only ways of

communications for long periods of time.

PRACTICAL IMPLICATIONS

The findings from this study provide an insight into the dark side of SM. The feeling of
loneliness leads to the overuse of SM, which leads to SM fatigue. With these findings in mind,
it is clear that this issue needs to be addressed for future situations like social distancing and
social isolation due to a pandemic. Thus, parents, educators, and employers should consider

mitigating its influence.
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The younger generation, thet gew up with gadgets, also should be closely monitored by adults
on the time management of the usage of SM applications to decrease the mental load of
possible mental issues onto not fully formed teenagers. Thus, parents, educators, and
employers should consider mitigating its influence. Future more studies should be completed
in order to help to improve the education system, and behavior tendencies within the younger
generation to have usage of SM to their advantage and not the opposite. As well as teach
current and future parents how to protect themselves and their children from the negative
impact of the influence of SM.

LIMITATIONS AND FUTURE RESEARCH

As with any research, the current study has some limitations, which should be considered for
future research. Longitudinal studies should focus more on one demographical group since,
for instance, different age gaps may have different circumstances from teenagers. Nor do they
react to such events and use SM in the same way. Also, cultures, countries and varied
economic realities are affected differently.

It is also important to study other outcomes like psychological wellbeing in academic or work
performance in these conditions.
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6. CONCLUSION

In the context of social distancing and/ or social isolation people had to turn to different ways
of communicating with their friends, family, and co-workers, since their primary way of
communication was excluded. Our work, which is based on earlier research and analysis,
contributes in a novel way to the ongoing topic of "why and how individuals use SM". This
research also adds a new twist to this type of study by including the context of social isolation
caused by COVID-19.

This study uses an integrated research model (UTAUT2 + UCLA eight-item loneliness scale)
as a framework to uncover if, in this context, the increase of SM use would lead to SM fatigue.
This study was conducted via an online survey that had answers from people worldwide. The
findings reveal that SM use and loneliness are significant causes of SM fatigue in the context
of social isolation due to COVID-19. This study contributed to the academic researchers
developing a SM specific theory that emphasizes the negative aspects of communication in

social isolation or social distancing due to COVID-19 pandemic.
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APPENDIX A. ITEMS LIST

Constructs Code Iltems Source
Performance PE1 | find social media useful in my daily life. (Venkatesh
Expectancy (PE) PE2 Using social media helps me accomplish things more quickly. etal,
PE3 Using social media increases my productivity. 2012)
Effort EE1 Learning how to use social media is easy for me. (Venkatesh
Expectancy (EE) EE2 My interaction with social media is clear and understandable. etal,
EE3 | find social media easy to use. 2012)
EE4 It is easy for me to become skillful at using social media.
People who are important to me think that | should use social (Venkatesh
Social Influence SI1 media. etal.,
(S1) People who influence my behavior think that | should use social 2012)
SI2 media.
SI3 People whose opinions that | value prefer that | use social media.
Facilitating FC1 | have the resources necessary to use social media. (Venkatesh
Conditions (FC) FC2 | have the knowledge necessary to use social media. etal.,
FC3 Social media is compatible with other technologies | use. 2012)
| can get help from others when | have difficulties using social
FC4 media.
Hedonic HM1 Using social media is fun. (Venkatesh
Motivation etal.,
(HM) HM2 Using social media is enjoyable. 2012)
HM3 Using social media is very entertaining.
Price Value (PV) PV1 Social media is reasonably priced. (Venkatesh
PV2 Social media is a good value for the money. etal.,
PV3 At the current price, social media provides a good value. 2012)
Habit (HT) HT1 The use of social media has become a habit for me. (Venkatesh
HT2 | became addicted to using social media. etal.,
HT3 I must use social media. 2012)
Use (V) U Please choose your usage frequency for each of the following (Venkatesh
U1 Facebook etal.,
U2 Intagram 2012)
u3 Facebook Messenger
u4g WhatsApp
us LinkedIn
U6 Tiktok
u7 Twitter
us Snapchat
U9 Other
During the COVID-19 isolation | felt in tune with people around me (Russell et
LL1 (virtually or physically). al., 1980)
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UCLA
Loneliness
Scale (LL)

Social Media
Fatigue (SMF)

LL2
LL3

LL4
LL5

LL6
LL7

LL8

SMF1
SMF2
SMF3

SMF4

SMF5

During the COVID-19 isolation I lacked companionship.

During the COVID-19 isolation | did not feel alone.

During the COVID-19 isolation | felt a part of a group of friends or
coworkers.

During the COVID-19 isolation | was no longer close to anyone.
During the COVID-19 isolation | felt left out.

During the COVID-19 isolation | felt isolated from others (friends,
family, coworkers, daily encounters).

During the COVID-19 isolation | could find companionship when |
wanted it.

| find it difficult to relax after continually using social media.
After a session of social media use, | feel fatigued.

Due to social media use, | feel exhausted.

After using social media, it takes an effort to concentrate in my
spare time.

During social media use, | often feel too fatigued to perform other
tasks well.

(Karasek,
1979)
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APPENDIX B

SM
Moderating Effect Age EE FC HM HT LL PE PV Sl SMF  Use

8. Use * 10.

LL 1 -0.098 -0.018 -0.077 0.079 0.082 -0.072 0.093 0.075 0.058 0.007 0.232
AGE -0.098 1 -0.111 0.033 -0.088 -0.276 -0.066 -0.126 -0.219 -0.119 -0.265 -0.269
EE_1 -0.053 -0.023 0.856 0.444 0.358 0.223 -0.019 0.254 0.21 0.074 -0.023 0.08
EE_2 0.011 -0.023 0.752 0.399 0.365 0.08 -0.005 0.298 0.258 0.042 -0.115 0.076
EE_3 -0.037 -0.092 0.92 0.495 0.42 0.245 -0.03 0.231 0.271 0.053 -0.019 0.08
EE_4 0.004 -0.183 0.884 0.448 0.325 0.221 -0.001 0.253 0.29 0.111 0.059 0.132
FC_1 -0.1 -0.029 047 0.914 0.296 0.041 -0.059 0.121 0.272 -0.012 -0.022 -0.099
FC_2 -0.027 0.048 0.566 0.858 0.38 0.105 -0.069 0.15 0.223 0.039 0.008 -0.082
FC_3 -0.037 -0.082 0.512 0.558 0.349 0.058 -0.06 0.15 0.288 0.105 -0.012 0.041
HM_1 0.074 -0.106 0.432 0.315 0.934 0.274 -0.137 0.431 0.393 0.204 -0.016 0.192
HM_2 0.09 -0.057 0.367 0.284 0.93 0.259 -0.098 0.392 0.328 0.2 -0.045 0.179
HM_3 0.054 -0.079 0.357 0.316 0.886 0.261 -0.081 0.233 0.247 0.112 0.062 0.201
HT_ 1 0.063 -0.206 0.367 0.25 0.333 0.701 -0.027 0.319 0.319 0.087 0.125 0.316
HT_2 0.035 -0.224 0.15 0.015 0.195 0.873 0.149 0.112 0.054 0.127 0.427 0.348
HT_3 0.098 -0.238 0.073 -0.052 0.19 0.844 0.204 0.279 0.085 0.263 0.329 0.391
LL_2 -0.112 -0.006 -0.002 -0.016 -0.059 0.236 0.779 -0.015 -0.085 0.142 0.219 0.138
LL_5 -0.029 -0.003 -0.05 -0.113 -0.049 0.074 0.818 -0.041 -0.099 0.05 0.215 0.099
LL_6 -0.02 -0.133 -0.037 -0.051 -0.167 0.083 0.845 -0.089 0 0.068 0.221 0.091
LL 7 -0.072 -0.07 0.049 -0.032 -0.097 0.069 0.799 -0.074 -0.036 0.064 0.2 0.048
PE_1 0.081 -0.129 0.339 0.174 0.381 0.299 -0.05 0.97 0.292 0.312 -0.04 0.205
PE_2 0.077 -0.084 0.127 0.008 0.258 0.181 -0.131 0.728 0.179 0.331 -0.051 0.046
PE_3 0.101 -0.048 0.021 -0.08 0.186 0.12 -0.021 0.599 0.11 0.342 -0.053 0.035

Table 7 - Crossloadings



SM

Moderating Effect Age EE FC HM HT LL PE PV Sl SMF  Use
PV_1 0.015 -0.134 0.269 0.27 0.34 0.157 -0.017 0.163 0.849 0.09 0.056 0.083
PV_2 0.097 -0.214 0.272 0.208 0.311 0.182 -0.067 0.322 0.949 0.207 -0.003 0.152
PV_3 0.07 -0.243 0.303 0.194 0.32 0.134 -0.101 0.242 0.913 0.16 0.008 0.079
Sl 1 0.064 -0.097 0.118 0.074 0.214 0.131 0.08 0.382 0.194 o0.871 0.016 0.128
SI_2 0.059 -0.122 0.107 0.011 0.177 0.217 0.094 0.308 0.163 0.931 0.061 0.17
SI_3 0.041 -0.108 0.039 -0.095 0.141 0.2 0.099 0.32 0.151 0.946 0.031 0.207
SMF_1 -0.062 -0.133 0.006 0.024 0.059 0.313 0.202 0.002 -0.029 0.076 0.831 0.159
SMF_2 -0.023 -0.173 -0.005 -0.043 -0.057 0.279 0.239 -0.037 -0.027 0.031 0.883 0.199
SMF_3 0.018 -0.231 -0.022 -0.056 -0.042 0.314 0.235 -0.071 0.025 0.033 0.913 0.226
SMF_4 0.052 -0.31 -0.027 0.087 0.012 0.375 0.221 -0.056 0.068 0.011 0.822 0.231
SMF_5 0.016 -0.268 -0.005 -0.046 0.045 0.326 0.25 -0.04 0.013 0.039 0.913 0.24
Use_2 0.078 -0.151 0.087 0.001 0.192 0.347 0.034 0.081 0.009 0.05 0.1 0.609
Use_3 0.1 0.029 0.105 -0.078 0.036 0.151 0.115 0.175 0.127 0.133 0.04 0.365
Use_6 0.198 -0.199 0.029 -0.148 0.125 0.292 0.089 0.112 0.059 0.127 0.251 0.762
Use_7 0.103 -0.133 0.111 -0.058 0.076 0.13 0.056 0.112 0.114 0.154 0.024 0.332
Use_8 0.164 -0.35 0.045 -0.068 0.086 0.128 0.025 0.03 0.192 0.161 0.148 0.433

Table 8 - Crossloadings (continuation)



