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Abstract 

This paper tackles the issue of the distribution of broadcasting revenue within 16 top European 

football leagues. Through statistical analysis, a relation with the internal competitiveness of 

each league is established, concluding that a more equal distribution of broadcasting income 

will lead to a more competitive league. The research focuses on a 11 season time-frame, from 

2008/09 to 2018/19.  
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Introduction 

Football is the world’s favourite sport. Throughout the planet, millions of people follow the 

“beautiful game”, cheering for and suffering with their teams. The magnitude of this sport is 

unparalleled, but it is heavily argued that it might have become too predictable. 

In recent years, media is playing a growing role in this sport. In fact, broadcasting is the fastest 

growing revenue component in European football, one that has a major impact on football 

clubs’ finances. The topic around the distribution of this revenue has been a central one, 

bringing federations, scholars and football fans to some crossroads around this debate.  

The research starts with a review on the literature around the topic of competitive balance in 

sports and, particularly, in football. The next step was to provide an overview of the European 

football market and, in greater detail, the evolution of the broadcasting landscape, 

distinguishing between the individual and collective systems. The topic of competitiveness was 

analyzed in greater detail, examining previous literature on the metrics used to assess it, and 

explaining the ones used in this paper’s model. An integral part of this research was the analysis 

of clubs revenues derived from broadcasting. For this purpose, the distribution mechanisms of 

16 European leagues were researched. These include: England, Spain, Germany, Italy, France, 

Turkey, Netherlands, Portugal, Belgium, Greece, Austria, Norway, Sweden, Poland, Scotland 

and Switzerland. Through the Gini Index, the equality of the broadcasting revenue distribution 

was assessed, season by season.  With all the information and inputs at hand, a statistical model 

to assess the impact of the Broadcasting distribution on the leagues’ competitiveness was 

created.  

Ultimately, and in a original way, this paper provides statistical evidence supporting the 

collective selling mechanism of broadcasting rights, as it not only helps football clubs to remain 

financially healthy, but it also increases the leagues’competitiveness.  
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Literature Review 

The concept of competitive balance has been widely debated and studied throughout the years. 

Vrooman (1996) believes there are three interrelated issues in the conceptualization of 

competitive balance: the dominance of larger-market clubs, the closeness of league competition 

within the season and the continuity of performance from season to season. Szymanski (2003) 

stresses out three claims on competitive balance: inequality of resources leads to unequal 

competition; fan interest declines when outcomes become less uncertain and specific 

redistribution mechanisms produce more outcome uncertainty.  

In fact, the concept of result uncertainty plays a central role in many of the studies of sports 

economics over the past 50 years. Rottenberg (1956), whilst analyzing the American baseball 

market, understood that, in order to exist uncertainty of outcome, a more or less equal 

distribution of talent needs to be present. The Bosman ruling, a case brought by Jean-Marc 

Bosman in 1990 to the European Court of Justice and settled in 1995, declared that football 

players should have the right to seek employment in another club once their contract expired, 

without the previous club demanding financial compensation in return. Eventhough an initial 

reaction to the ruling was that smaller clubs were hit more severely, Antonioni & Cubin (2000) 

contradict this, stressing out that free transfers would unlikely take place (if a player is good 

enough to be signed by a larger club, they will not wait for the end of the contract as this might 

pose a risk of losing the player to a rival). The ruling somehow strenghtens Rottenberg’s claims, 

since it also imposed no limit on the number of foreigners allowed in a club, leading to a more 

widespread distribution of players among european football clubs. 

 

Neale (1964) elaborated on the concept of “League Standing Effect”, the excitement that one 

feels with the constant change (or possibility of change) in league standings. Although this 

concept is somewhat related to competitive balance, it might prove to have an even stronger 
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effect: a game opposing two teams from the middle of the table (a quite balanced game in its 

nature) might not attract as much fans as a game between two of the last ranked teams by the 

end of season, since the latter has a much greater sporting stake in play (to avoid relegation). In 

other words, the league standing effect is much higher in the second example. The impact of 

this effect on fan attendance was furtherly explored by Andreff & Scelles (2015), with focus in 

Ligue 1.  

Kringstad & Gerrard (2004,2005) distinguished between competitive balance and competitive 

intensity in their studies. The former is related to differences in quality of all teams within a 

league, whilst the latter concept focuses on the competition within a league but with regard to 

its overarching prize structure (the fight to avoid relegation or the qualification for UEFA 

championships). The competitive intensity concept was later explored by Scelles et al (2011) 

on a intra-league basis and by Durand et al (2011) on a intra-match basis. Fort & Maxcy (2003) 

distinguish between two lines when thinking about competitive balance. The first is the pure 

analysis of competitive balance (ACB) and studying what happened over time as a result of 

changes in business practices in Europe’s main leagues. The second one analyzes the effect of 

competitive balance on fans, testing the longstanding uncertainty of outcome hypothesis 

(UOH).  

 

It is also important to review literature from a more technical perspective, offering insights on 

the metrics that were used in the past to assess the competitive balance across European leagues. 

Ramchandani et al (2018) depart from the ACB line of thought to analyze the big five European 

leagues, over a timeframe of 22 seasons, in terms of level of concentration (within and between 

leagues) and level of dominance (in each league over time). For that purpose, the Herfindahl 

Index of Competitive Balance (HICB) was used as a measure of concentration, whereas the 

number of different teams to win the title or number of top 4 finishes achieved by a single team 
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were used as measures of dominance. Koning (2000) focused on the Dutch league, from 1970 

to 2000, using metrics such as standard deviation of points as a competitive balance measure. 

Szymanski (2001) defined competitive balance as “the rational expectations of fans about who 

will be the winners”, applying the coefficient of variance and the standard deviation of win 

percentages to analyze the Premier League, from 1978 to 1998. Michie & Oughton (2004) 

augmented the timeframe (1948 to 2004) to analyze the big five leagues, whilst also using the 

club concentration ratio (C5 index) and the Lorenz Seasonal Balance Curve (LSBC). Goosens 

(2006) included the Belgian, Danish, Greek, Portuguese, Dutch and Swedish first tier divisions, 

along with the big five, in the analysis. An original competitiveness indicator was created, the 

National Measure of Seasonal Imbalance (NAMSI), which sought to compare the standard 

deviation of winning percentages with the standard deviation under the worst possible 

competitive balance. Ramchandani (2012) examined the Scottish, Russian, Portuguese, Swiss 

and Dutch leagues in addition to the usual big five, using other dispersion and concentration 

measures, such as the inter-quartile range, the top-bottom quartile gap and concentration ratios. 

Ramchandani’s methodology will also help to explain the model constructed in this research 

paper, further ahead. Montes et al (2014) undertook an in-depth analysis on the competetive 

balance of the Spanish league, from 1929 to 2012, by using, among some of the before 

mentioned measures, the Gini Index and Montecarlo test. Inan (2017) undertook a 30-year 

analysis of the Turkish league, seeking to find a trend of competitive balance in this country.  

Also worthwhile mentioning is the research paper by François et al (2020), using some other 

explanatory variables for competitive balance in their models, such as temperature and the 

impact of Financial Fair Play.  

Studies about competitiveness in football are vast and the opinions are multiple. It is a topic on 

the agenda of practically all football federations, and the discussion on inequality in resources 

amongst clubs has played a central role in the discussion for competitive balance. Simon 
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Kupper and Stefan Szymanski, in their book “Soccernomics”, comment on this in an interesting 

light: “It is a curious thing that these complaints are relatively new, a product of the last twenty 

years or so. Contrary to public opinion, football was unbalanced in the past too, but before the 

1990s fewer people complained”. Inequality bothers the public, they believe, not because it is 

unprecendented, but because it is driven more by money than it used to be.  

To understand these claims, a closer look needs to be given to the evolution of European 

football. 

 

The European Football Market 

Throughout this paper, reports from both Deloitte (“Annual Review of Football Finance”) and 

UEFA (“The European Club Footballing Landscape”) were used, since the 2008/09 season until 

2018/19, to extract the annual figures. In the span of 11 seasons, the European football market 

has grown from around 15Bn € to 28.9Bn € (as illustrated in Figure 1), marking a 72% growth. 

The ‘Big Five’ (England, Spain, Germany, Italy and France) have been the main drivers of this 

growth, representing over 50% of the total revenue during the studied period. Their dominance 

in terms of market and brand value is inquestionable, but there are other leagues whose 

importance in the footballing landscape should not be overlooked. Bearing this in mind, 11 

other leagues were included in the analysis: Turkey, Netherlands, Portugal, Belgium, Greece, 

Austria, Norway, Sweden, Poland, Scotland and Switzerland.  

Professional leagues derive their revenues from three main revenue sources: Matchday, 

Commercial and Broadcasting. A fourth one, called ‘Other’, was also included in the analysis, 

and includes components such as UEFA prize-money, among other revenue streams. Using the 

before mentioned reports as guidelines, a first step to analyze the European football market 

would be to understand 1) the weight of each revenue source on the leagues revenue and 2) 

how the revenue mix has evolved as the seasons progress. A final table was built, with the 
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values for each league and for each season decomposed into the refered components. By taking 

the average for all the seasons, a clearer picture of the revenue mix is formed. The values are 

given in the below table: 

 

 

 

 

 

 

 

 

 

 

Leagues such as the English or Italian rely more heavily on the Broadcasting component (both 

around 50%), whereas the Dutch or Austrian one are more dependent on Commercial revenue 

(54% and 64%, respectively). A common feature is that the bigger leagues have a much greater 

revenue percentage in the Broadcasting category than smaller ones. Switzerland, as an example, 

only derives around 5% of its revenues from Broadcasting. This is a somewhat obvious result, 

because bigger leagues have the capacity to close larger broadcasting deals, attracting a lot of 

investors in the process. Nevertheless, one has to acknowledge that the results don’t reflect the 

true revenue figures of, particularly, smaller clubs. This fact is illustrated in UEFA’s 2018 

report. Whereas giants like Manchester United, FC Barcelona or Juventus only depend on 28%, 

24% and 30% of broadcast revenue, respectively, in clubs like AFC Bournemouth, Brighton 

and Burnley, this value reaches 88%, 79% and 87%, respectively. In smaller leagues, this reality 

is much more severe, because the values obtained from broadcasting are nowhere near the ones 
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received in the Premier League. The current pandemic crisis the world is witnessing will pose 

a tremendous challenge to the entire football industry, but the survival of smaller clubs, already 

unable to cash-in revenue from matchday, is at stake.  

 

The Broadcasting Landscape in Football 

Roger Noll, in his research paper “Broadcasting and Team Sports” (2007), provides some 

fundamental insights on sports broadcasting market. The growth in the number of broadcasters, 

allied to the rise of commercial broadcasting, helps explaining the meteoric evolution of 

broadcasting rights sales. As television became more competitive, three phenomena, he argues, 

occurred: 1) there was a shift of sports rights from public to commercial television, 2) there was 

an increase in the fees for sports television rights and 3) there was a substantial increase in 

sports coverage. The results are in sight. Since Noll’s observations, revenues from broadcasting 

activities have increased in both absolute and relative terms in the major leagues. In the majority 

of the leagues, these revenues are centralized, meaning that the overall atractiveness of the 

league will play a central role on the deal values for broadcasters.  

The report “Hyperinflation in European Football” (2017) draws some important conclusions on 

the magnitude of the current broadcasting deals – and emphasizes that there is a “limit up to 

which broadcasters and sponsors can seize benefit (…) without hurting their own profitability”. 

The current broadcasting deals for the big five leagues have reached astronomic values: in 

England €1.852 Bn (2020 to 2024), in France €1.172 Bn (2020-2024), in Germany €1.160 Bn 

(2017-2021), in Spain € 1.140 Bn (2019-2022) and in Italy € 0.973 Bn (2018-2021), all of these 

in per season values. With a saturation point in sight, the study also stresses out two possible 

outcomes: either the supply of money by broadcasters will slow down (a situation currently 

being witnessed due to the pandemic) or a continuosly increasing cost, which is being passed 

on to consumers, will severely hit demand. It is also important to consider that giant tech 
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companies are entering (and disrupting) the broadcasting industry, delivering sport content in 

new and innovative ways. Traditional broadcasters will have to rethink their strategies in order 

to remain competitive.  

 

Pooling of Broadcasting Income or Individual System? 

Currently, almost all European leagues have a collective (or pooling) system in place when it 

comes to the distribution of broadcasting revenues. These models, applied by the leagues, differ 

from country to country, and practically all of them have a component of the distribution that 

is linked to sport performance or capacity to generate revenue. There has been some debate 

around this topic in previous literature. Andreff & Bourg (2006) compared individual club 

ownership of TV rights and pooling by the league, in European football, arriving at the 

conclusion that there should even be a minimum enforcement of redistribution, without which 

the leagues will not be sustainable in the long run. Salaga et al (2014) also defend this position, 

stressing out the importance of a diversified revenue base. Cave & Crandall (2009) point out 

the importance of the impact of league-wide broadcasting right contracts on providing support 

to smaller clubs, but also warn that there are still huge imbalances in stadium gate and other 

forms of revenue. Szymanski (2001) goes one step further by saying that “performance based 

redistribution of broadcasting rights” would be a powerful tool to enhance competitiveness. 

This is currently the case in the majority of the leagues analyzed in this research paper. As an 

example, in Spain, 25% of the broadcasting revenue is allocated based on merit (clubs league 

position). This means that the final league standing can make a huge difference on clubs budgets 

for the next season: in 2018/19, Valencia (4th place) received around € 33M in merit fees, whilst 

Sevilla (6th place) € 21M.  

However, there are also opposing views to the idea of collective selling. Peeters (2009) states 

that the choice for either individual or collective approach has no significant impact on the 
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league’s competitive balance, whereas Noll (2007) believes that a few competition policies 

need to be in place in order for the sports broadcasting market to function properly.  

Eventhough one might question if a more equal distribution of broadcasting revenues does 

make a league more competitive (and that is precisely the topic of this research paper), it is 

unquestionable that the collective approach has helped, at least to a certain point, to level the 

playing field in monetary terms. Some of the leagues analyzed have as distribution criteria, 

among others, game or season attendance. This is an example of a mechanism with the right 

incentives in place, as it encourages clubs to lower their ticket prices, hopefully stimulating 

demand on game days.  

Higher governing bodies have recognized the importance of the collective system approach, 

with the European Commision’s White Paper on Sports (2007) stating that it can be “important 

for the distribution of income and can be a tool to achieve greater solidarity within sports”. 

A closer look at the different distribution mechanisms, in each league, will be given further 

ahead in this paper. 

 

Research Hypothesis 

The main hypothesis of this research paper is that a more equal distribution of broadcasting 

money will lead to a more balanced and, hence, more competitive league. The methodology 

employed followed some important steps, which are interconnected in the end through the 

regression analysis. Firstly, a competitiveness indicator was created for each league, with the 

objective of understanding the trend throughout the sample period. The next step was to use the 

Gini index as an indicator of income inequality in terms of broadcasting revenue. Each league 

was analyzed separately for this purpose. Lastly, the main focus of this research paper: 

alongisde other chosen independent variables, to establish a relation between the Gini and the 

competitiviness of each league.  
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Competitiveness 

It is a quite a challenging task to find one particular metric that defines competitiveness of a 

league.  What exactly is competitiveness? One might argue that it is related to the intensity of 

the title race each season. Should that be the case, then Ligue 1 would be considered a quite 

predictable league, since PSG has won 8 of the last 9 championships. However, before Tamim 

bin Hamad Al Thani, ruler of Qatar, took over the club in 2011, the league had four different 

winners in the span of four years (Bordeaux, Marseille, Lille and Montpellier). The Swedish 

league is also an interesting case: over the studied period, Allvenskan had seven different 

champions (Kalmar, AIK, Malmo, Helsinborgs IF, IF Elfsborg, IFK Norrköpping and 

Djurgardens). Nevertheless, it is consensual that the teams in this country have almost nothing 

to say when it comes to European competitions. This brings the discussion to an important 

aspect of this research paper: the analysis seeks to understand the internal competitiveness of 

each league, and how the redistribution mechanisms of broadcasting revenue affect that same 

competitiveness. Therefore, six widely used indicators of competitive balance in previous 

research (as described in the literature review) were employed in the analysis in order to find 

some patterns in each one of the 16 leagues. Those indicators are described below: 

 

Inter-Quartile Range (IQR): this is a measure of variability, achieved by dividing the data into 

quartiles. The idea is to find the difference between the third and first quartile, applied to each 

teams’ final point score. The higher the IQR, the greater the dispersion between the clubs’ 

overall relative performances, which means a lower competitive balance. 

 

Herfindahl Index of Competitive Balance (HICB): The Herfindahl-Hirschman Index (HHI) is 

a measure of inequality among all firms in an industry. When applied to football, it looks at the 

inequalities (in points) among all the clubs in that same league. It is calculated as the sum of 
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the squared weight of each team´s points. Since the HHI is sensitive to the number of teams in 

the league, it is normalized to the HICB by adjusting to the number of clubs in each season. 

The higher the HICB, the greater the concentration and the lower the competitive balance. 

 

Coefficient of Variance (CV): Another measure of statistical dispersion, calculated as the ratio 

between the standard deviation to the mean of a data set, the league points. The CV allows us 

to compare the degree of variation across data sets (e.g. season by season). The lower the CV, 

the closer the values are gathered around the mean and the higher the competitive balance.  

 

Top Bottom Quartile Gap (TBQG): difference between cumulative points of clubs in top 

quartile and the ones in the bottom quartile. The lower the gap, the greater the competitiveness. 

 

Top 25% Concentration Ratio (C25%): Represents the proportion of the output that the top 

25% of firms represent. In the context of this research, it represents the proportion of total points 

that the top 25% of the teams in the league achieved. Naturally, the higher the value, the less 

competitive the league. 

 

Top 50% Concentration Ratio (C50%): Similar to the previous variable, but it includes the top 

half of th final table. Just like the C25%, the higher the ratio, the greater the concentration and 

the less competitive the league. 

 

The six indicators, also used by Ramchandani (2012), were carefully chosen in order to 

encapsulate the natural differences in quality and size among the leagues in the sample. 

Nevertheless, it is important to stress out, once again, that there are many other indicators that 

could be added to these six.  
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The next step was to calculate the indicators for all 16 leagues, throughout the 11 seasons. Using 

the Premier League as an example, the methodology employed was the following: for each 

indicator, a value from 1 to 11 was given depending on the score it obtained each season. As it 

was seen for all six indicators, the lower the value, the more competitive the league on that 

attribute. Hence, the year with the lower IQR would receive 11. The same process was repeated 

for each variable. In the end, a value would be obtained for that season. The higher this so called 

competitiveness index, the more competitive the league. This exercise was repeated for each 

one of the 16 leagues. The below table summarizes the results. 

 

The table should be analyzed column by column, as it gives a simple overview of the 

competitiveness evolution, league by league, during the 11 seasons. All of the six variables 

chosen have the same weight in this competitiveness index. In order to establish a possible trend 

for each league, a correlation analysis between the index and the season was conducted. The 

2008/09 season received the value ‘1’ and then on a progressive basis until the value ’11’. 

 

Below we can find the correlation results: 
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As it can be observed, in 10 of the 16 leagues (including the Big Five) competitiveness, as 

defined in this paper through the six variables, has been decreasing. The results are merely 

indicative but given that the chosen variables are mainly focused on concentration and 

dispersion of points, this table does ring a few bells in terms of the gap that is present in 

European top leagues.  

 

Gini Index – how well is Broadcasting income distributed?  

The Gini Index is a widely used metric to measure inequality. Usually, it is used to analyze the 

distribution of wealth in a country, with its values ranging from 0 to 1. The closer the value is 

to 0, the greater the equality in the distribution. Conversely, the closer the value is to 1, the 

greater the inequality. In the context of this research, the Gini was used to measure the 

distribution of broadcasting money within each league. The advantage of using such a measure 

is that it not only allows to compare the distribution across all leagues, it also permits to look 

at the evolution of the broadcasting income within each league, across each season.  

The results should be analyzed in parallel with distribution criteria of each league (Figure 2 & 

3) in order to understand the possible inequalities that may arise.  

Practically all leagues have a different mechanism to allocate the income, which makes the 

analysis more interesting. However, a component that is common to almost every league is the 

‘Equal’ part, with its weight going from 65%, in Germany (this before the four-pillar system 

came into force, in 2017/18), to 30%, in Greece and Austria. ‘Performance’ or ‘Merit’ are the 

second most common components, which range from 18%, in Poland, to 70% in Germany’s 

current system. This is a quite important component, working as a motivation booster for the 

clubs, as sporting performance and consistency will be highly rewarded. Lastly, some other 

forms of distribution are also included, which diverge from league to league. In England, like 

in France, some proportion is allocated based on the club’s media profile, and how many times 
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the games are transmitted on TV. In Spain, the revenue generating capacity of clubs is taken 

into account, such as match day income. Germany takes into account the playing time German 

U21s. The same happens in Austria, with Austrian upcoming talents. Turkey rewards clubs that 

make it into the top six, as the league is usually dominated by a few, more powerful clubs 

(Galatasaray, Fenerbahçe, Besiktas, Trabzonspor and Istanbul Başakşehir). In Greece, a high 

proportion (around 40%) is allocated based on the commercial value of each club. Regarding 

the Dutch and Scottish leagues, the criterias are purely based on league position, meaning that 

the Gini will always be the same. As for the Norwegian league, the research conducted by 

Fløtnes (2011) provided the broadcasting values, by club, for the 2012/13 season. Due to lack 

of data on this league, those same proportions were assumed for the remaining years. The results 

are summarized in the table below: 

 

There are some interesting aspects to be found when looking at the table. Firstly, and as 

expected, the Premier League has the more equal distribution of broadcasting money. In the 

2018/19 season, champions Manchester City earned only 1.56x more the TV money than 

relegated side Huddersfield Town. La Liga is also an interesting case. Until 2015/16, the 

individual selling system was in place in Spain, but the Royal Decree-Law 5/2015 marked the 

end of this system, as now the “amounts to which each participating club is entitled and the 

amounts they have paid” needed to be in line with the “obligations set out in Article 6.1” of the 

Royal Decree. In 2014/15, champions FC Barcelona earned around 10x more than relegated 
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side Cordoba. By 2016/17, that difference was reduced to 3x, between Real Madrid and 

Granada. As a consequence, the Gini Index fell sharply from around 0.5 to 0.2.  

The 2017/18 season marked a change in the distribution criteria in the Bundesliga, with the 

four-pillar system coming into place. As a result, the Gini has risen. Another country that stands 

out in the table is Portugal. As it is stated in UEFA’s 2017 report, “Portugal is now the only 

major league where clubs sell their rights individually”, a factor that helps to explain the huge 

gap between the top three sides (SL Benfica, FC Porto and Sporting) and the other teams in 

terms of broadcasting revenue. Together, the three clubs represent around 75% of all the 

broadcasting income the league generates, mainly due to their profitable deals with large TV 

operators.  

 

Regression Analysis 

In order to test the main hypothesis of this research, six regressions were conducted in order to 

assess the relation between the distribution of broadcasting money and the competitiveness 

within each league. The six before mentioned indicators of competitiveness that were chosen 

for this research were used as dependent variables. Regarding the independent variables, along 

with the Gini Index (X1) of each league, three other variables were chosen: 

 

Percentage of Broadcasting Rights (X2): as previously explained, the weight of the 

Broadcasting revenue stream differs substantially from league to league. This is an important 

fact to take into account because a more equal distribution, characterized by a lower Gini, will 

have greater impact in leagues that earn a signifcant amount of money from this source (e.g. 

50% in Italy vs 8% in Austria).  
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Interaction Gini and BroPerc (X3): this variable reflects the interaction between the 

distribution of broadcasting rights and each leagues’ income from this revenue stream. It is an 

important variable to take into account, as it allocates the changes in the Gini proportionally to 

the leagues’ weights. As an example, the Swedish league Gini jumped from 0.179, in 2016/17, 

to 0.258 in 2017/18. However, the league only derives approximately 12% of its revenue from 

Broadcasting, meaning that this significant jump in terms of inequality needs to be properly 

weighted. 

 

Logarithm of GDP (X4): The inclusion of this variable in the model is important for two 

reasons: firstly, it is a precise indicator of the size of a country. Secondly, previous research, 

such as the one conducted by Klobucník et al (2019), has showed that sports performance (at 

the league level) is positively correlated with the annual GDP value. 

 

Together with the previously mentioned variables, the six regressions used in this paper are the 

following:  

 

Regression 1:       IQR =  + 1X1 + 2X2 + 3X3 +4X4 + 

Regression 2:      HICB =  + 1X1 + 2X2 + 3X3 +4X4 + 

Regression 3:      CV =  + 1X1 + 2X2 + 3X3 +4X4 + 

Regression 4:      TBQG =  + 1X1 + 2X2 + 3X3 +4X4 + 

Regression 5:      C25 =  + 1X1 + 2X2 + 3X3 +4X4 + 

Regression 6:      C50 =  + 1X1 + 2X2 + 3X3 +4X4 + 
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The regressions need to be analyzed separately, although some common points will be drawn 

out. Eventhough not all regressions have the expected significance values, they offer important 

insights to the discussion about the distribution of Broadcasting revenue.  

 

 

 

 

 

 

 

 

Regression 2 offers some interesting insights. By looking at the results, one can see that three 

variables are highly significant (displaying p-values below 0.05) to reflect the movements in 

the HICB index. The p-value of the Interaction variable lies at 0.053. Focusing the attention on 

the Gini Index (as it will be done in the other regressions), a coefficient of 12.528 reinforces 

the positive correlation between the Gini index and the HICB: as an example, a 0.1 increase in 

the Gini will lead to a 1.2258 increase in the HICB, in other words, a rise in the league’s 

concentration. The X2 variable also has a positive correlation with the HICB, meaning that the 

greater the Broadcasting component in leagues’ revenues, the more probable an increase in 

bigger clubs taking a lion share of the points. This is an important results, as is stresses out the 

still rather unbalanced revenue distribution mechanisms in the bigger leagues.  
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In Regression 3, and since the analysis is conducted using a 95% confidence interval, only the 

Gini is highly significant. Moreover, Gini and Broadcast, maintain the positive correlation, this 

time with the Coefficient of Variance (CV). The more unequal the distribution of TV money, 

the greater the dispersion of points. In other words, the balance in terms of competitiveness is 

lower.  

 

 

 

 

 

 

 

 

Regression 4 seeks to understand some of the drivers of the Top Bottom Quartile gap. Is there 

a relationship to be established with the point difference of the teams competing for the title 

and the ones fighting not to be relegated? Once again, the Gini index proves to be highly 

significant (p = 0.005). This is an interesting, although expected result: there is still a great 
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discrepancy to be felt in the distribution of broadcasting money, and that translates into a wider 

gap between the top and bottom clubs.  

 

 

 

 

 

 

 

 

Regression 6, the last of the four significant ones, establishes the relation with the Top 50% 

Concentration Ratio (C50%), the proportion of points won by the clubs in the top half of the 

table. This ratio tends to grow as the distribution of broadcasting income is more unequal.  

 

The majority of the chosen variables will be significantly impacted by the way that brodcasting 

revenue is distributed. By looking at the regression results, there are some common trends that 

need to be explained. Firstly, the coefficient for the X1 variable is always positive. This means 

that an increase in the Gini Index will always translate in a decrease in competitiveness (the 

dependent variables will increase). The same can be said about the X2 variable, which also has 

a positive coefficient in all regressions. All else being equal, the more a league depends on 

broadcasting revenue, the lower the competitiveness of that league. From a theoretical 

perspective, this actually makes sense because Broadcasting is the only revenue component  

upon which football clubs have practically no control, especially given the fact that the majority 

of the leagues have a collective system in place. Furthermore, the weight of the broadcasting 

component in a league’s revenue usually does not change due to a larger (or smaller) amount 
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of TV revenue, but rather from a deterioration (or increase) in the share from other revenue 

streams, such as Matchday or Commercial. The broadcasting contracts usually span 3 to 5 years, 

meaning that the absolute value that a league receives each year does not change from season 

to season. A greater weight of the broadcasting component may be a sympthom of the league’s 

bad performance, either through lower commercial revenue or less fans going to the stadium, 

hence the positive correlation with the dependent variables. The potential for inequality in this 

metric is greater. However, the interaction variable (X3) is very important to clarify this point.  

The coefficient is always negative, and the variable is only significant in Regression 5, although 

in Regression 2 it is practically significant at the 5% level. Even though this result may seem 

counter intuitive, a scenario analysis was conducted (using Regression 2 as an example) to 

clarify why the negative sign might be important. This analysis also might help the football 

associations of each country to assess the potential impact of a change in the distribution 

mechanism of broadcasting income (and, hence, result in a lower or higher Gini) on the league´s 

competitiveness. The below table summarizes the projected values for the HICB indicator for 

season 2019/20, accounting for all available scenarios: 

 

 

 

 

 

 

 

The HICB projections were made using estimates for the potential future value of X1 and X2, 

which had to be calibrated to the reality of each league. It would not make sense to assume that, 

from 2018/19 to 2019/20, the Gini would rise by 0.05 in all leagues. The table in Figure 4 
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summarizes the increases or decreases in both X1 and X2, for each league. The values are based 

on the growth rates for both captions over the last 4 years. Nine possible scenarios can arise 

from season to season. The values in green represent the “correct” values, at least from a 

conceptual point of view, when compared to the 2018/19 HICB values (Figure 5). As an 

example, if the Gini rises, but X2 remains the same, it makes sense for HICB to increase, as the 

league becomes potentially more unequal. If both the Gini and X2 rise, then HICB will also 

rise, as now there is a more unequal distribution of broadcasting revenue and the broadcasting 

revenue share is becoming larger in that league. The same thought process was applied to the 

other scenarios. The values in white represent the “incorrect” values, although the scenario 

where the Gini remains the same and X2 does not change is the current one. However, some of 

these values can be justified: if the Gini increases and X2 decreases, although the expected 

result would be for the HICB to fall, it can be argued that the impact of the increase in the Gini 

is greater then the decrease in X2. The overall net effect is an increase in HICB. 

 

Regression 1 and 5 are the two cases in which the results are not statistically significant, 

particularly the Gini Index, the most important variable of the model in the context of this 

research. The results, shown in Figure 6 and 7, show that inequality in the broadcasting revenue 

distribution does not play a key role explaining the Inter Quartile Range and the 25% 

Concentration Ratio. These results also display the difficulty of arriving at a consensual 

definition of competitiveness: although highly significant in four of the six regressions, the Gini 

Index is just a water drop in an ocean of possible variables that influence a football league’s 

competitiveness. However, if there is one thing that can be extracted from this research is that 

a more equitative distribution mechanism of broadcasting income will help, at least to some 

extent, to mitigate too much concentration of points in a smaller number of teams within a 

league. 
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Conclusions 

This research sought, in a innovative way, to provide some statistical evidence of the relation 

between broadcasting distribution and the internal competitiveness of 16 European top leagues. 

In the context of modern football, the large media deals will continue to play a key role on 

leagues’ profitability, and the centralized method is proven here to be the most effective one in 

terms of competitive balance. There is a natural (and inevitable) financial disparity between the 

big clubs in each league and the rest of the table, a gap that is accentuated by commercial 

contracts and match day revenue. Therefore, sharing of broadcasting revenue should not be a 

possibility: it is an indispensable form to keep the leagues competitive. It is also worthwhile 

mentioning the different distribution mechanisms in each league, which only emphasizes the 

idea that there is no right (or fixed) way to solve this issue. The leagues’ governing bodies need 

to take a hollistic approach to this topic, and try to understand which model will adapt best to 

its own league. A more equal distribution may also work as an effective driver for other 

revenues streams, such as Matchday. Although football leagues’ may tend to look at their 

internal competitiveness directly in comparison to other countries, the first step must be a “self-

reflection”, and understanding if everything is being done, from a distributional perspective, to 

make the league more competitive and balanced. If even after this the league remains very 

predictable, the games quite “boring” and the concentration of points on top clubs persist, then 

some other measures might be studied. However, this research has shown that a more equal 

distribution of broadcasting revenue will have a direct (and positive) impact on the leagues’ 

competitiveness.  
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Limitations and Future Research 

This research gave some initial evidence on the measurement of Broadcasting revenue, through 

the Gini index, and its true impact on the leagues competitiveness. It is, perhaps, a mechanism 

that can be implemented by the leagues in order to monitor the decisions it makes around this 

topic. This last section will focus on two important points: the limitations of this research paper 

and some suggestions for future research.  

The first (and obvious) limitation is the sample size: 16 leagues were used but, more critically, 

the research focused on a time-frame of 11 seasons, from 2008/09 to 2018/19. Ideally, it should 

include data since the start of the Broadcasting contracts (around 1990). Secondly, and as stated 

previously, only six measures of competitiveness were included. This value should be extended, 

hopefully capturing a wider number of measures from the competititveness spectrum. Two 

good examples are the more dynamic measures suggested by Eckard (2003), who sought to 

decompose the variance of the winning percentages into time varying and cumulative parts. 

Another interesting approach, which was also considered to be included in the context of this 

research, was the study conducted by Buzzacchi, Szymanski and Valletti (2003), who 

developed a measure with the objective of estimating the number of teams entering the top X 

ranks of a league over T seasons. Not only would it be interesting to see the number of teams, 

but also if there is a pattern around which teams achieve the ranks (the greater the number of 

different teams, the more unpredictable the league). Lastly, the inclusion of the so called Fixed 

Effects would also be important. Certain variables could bias the outcome variable, meaning 

that, by removing these effects, the true effect of the explanatory variables on the independent 

variables could be assessed. For the purpose of this research, this analysis was also conducted, 

fixing both the seasons and the countries variable. However, the results were not significant 

due to two reasons: 1) the data set was too short and 2) there were not many significant changes 
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of broadcasting distribution mechanisms within each league. Nevertheless, two examples of 

this analysis are attached in the Annex (Figures 8 & 9).  

 

The majority of the analyzed leagues have a centralized distribution mechanism in place, 

meaning that the league itself has a last word on the allocation of the broadcasting money. 

However, it was quite challenging to find the Broadcasting figures for some championships, 

not only in smaller leagues, but even in larger ones, such as Serie A. This means that some 

projections had to be made, and eventhough they are rooted on reasonable assumptions, the true 

values might diverge. In order to achieve a more robust analysis, transparency in the reporting 

process to external stakeholders is vital. It shouldn’t be that difficult for someone to find data 

on this topic. Future research on this topic will also need to incorporate the Covid situation, 

since it has fundamentally, and in the words of Jaume Roures (co-founder of Mediapro), 

“changed the equation”. 
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Figure 2: Distribution criteria of TV revenue, by league 

 

Figure 3 
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Figure 4: Increase/Decrease in X1 and X2, from 2018/19 to 2019/20 

 

 

 

 

 

 

 

 

Figure 5: HICB values, season 2018/19 

 

 

 

 

 

 

 

 

Figure 6: Regression 1 
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Figure 7: Regression 5 

 

 

Figure 8 
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Figure 9 

 

 

 


