
A Work Project, presented as part of the requirements for the Award of a Master’s degree in 

Finance from the Nova School of Business and Economics 

 

 

 

 

 

ESG Ratings Disagreement and Stock Returns:  

The Iberian Case 

 

 

 

 

Tiago Cerqueira Pedroso 

29342 

 

 

 

Work project carried out under the supervision of: 

Antonino Emanuele Rizzo 

 

 

 

 

21/05/2021 



1 
 

Abstract: This paper studies the impact of ESG rating disagreement on the Iberian stock 

market, by studying its relationship with stock returns, trading volume and volatility. It uses 

ratings from four different providers for 68 Iberian companies, from 01/2007 until 07/2020. 

The disagreement in the Iberian market was measured and is like other studied geographies. 

Pooled panel regressions are used to estimate said impact. ESG rating disagreement has a 

negative relationship with volatility and trading volume while the relationship with stock 

returns is insignificant. 
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1. Introduction 

 

While the term ESG (Environmental, Social and Governance) is considered to have 

been coined in a report published by the United Nations Global Compact Initiative (UN Global 

Compact 2004), its origins can be traced to the eighteenth century, with different forms of 

Socially Responsible Investing, Sustainable Investing and many other designations existing 

since then. 

However, recently, it has been evolving from a niche investment practice to a 

mainstream concern with an increase in interest and popularity. This rise created a need for 

ESG data and ratings, which lead to the creation of several companies whose job is not only to 

provide the aforementioned data to investment professionals and academics but also to compile 

this data into ratings, much like the very popular credit ratings, which compile all the ESG data 

of a company into an easily digestible score for the overall ESG and for each of the three pillars 

(E, S and G), from which is easy to infer what is the company’s ESG performance.  

The problem is that, unlike credit ratings, the necessary information to create them is 

not standardized and easily available. While for financial information governments and stock 

exchanges require companies to disclose it through their quarterly and annual reports and 

accounting standards have been developed for this information to be easily comparable, for 

ESG information, often called non-financial information, there is no requirement and no 

standards, so with its disclosure being purely voluntary, companies decide on what information 

they disclose and how they disclose it if they choose to disclose it at all.  

There are attempts at standardizing the reporting of this type of information, like UN’s 

PRI (Principles for Responsible Investing) and SASB (Sustainability Accounting Standards 

Board), but not all companies adhere and follow their practices and standards, which is expected 

to be this way until governments or stock exchanges start requiring companies to use them. 
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This creates a dependency for ratings’ providers on what information companies decide 

to self-report. To try and combat this dependency, ratings’ providers have developed in-house 

data creation methods, which can include company questionnaires, interviews and/or 

independent research done by analysts, which lets ratings’ providers create their own data. But 

these solutions, although solving a problem for the ratings’ providers, create a new one for the 

consumers of the ratings: differences in the input data.  

This difference in the input data coupled with differences in methodology for the 

creation of the ratings is why the ratings end up having the disagreement that they have. 

However, it is important to note that the differences in methodology are assumed, as ratings’ 

provider treat their methodology, as well as their data sources, as proprietary intellectual 

property, so not very much information on them is published and when it is, is mostly vague. 

This leads to the ratings’ consumers not knowing what is being evaluated in the ratings and its 

weight on the final rating.  

The first problem, differences in data inputs, can be solved, as previously mentioned, 

by creating the obligation for companies to disclose and report on ESG topics and a standard 

for them to follow when performing the above-mentioned disclosure and reporting.  

The second problem, differences in methodology, may not even be a problem. 

According to researchers like Hawley (2017) or Berg, Koelbel, and Rigobon (2020), differences 

in methodology are acceptable and maybe even desirable, as different stakeholders have 

different interpretations of corporate sustainability, due to their difference in values and 

opinions. The real problem is in the lack of transparency about the methodologies. With the 

differences in values and opinions in place, both on what is good or bad ESG performance and 

the relative weight of ESG topics, the process of choosing a ratings’ provider should be one of 

identifying which provider is the most similar with that consumer’s opinion. However, if the 

methodology is not publicly available, consumers are not able to know to which values and 
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opinions they are adhering to and how similar, or not, they are to their own. This problem can 

be solved by increased transparency by the ratings’ providers on their process.  

Adding to this problem is the lack of coverage, as there is no obligation or standard on 

what companies do the ratings’ providers have to cover. This means that consumers, even if 

they are able to find a ratings’ provider that is aligned with their views, might have to also use 

another ratings’ provider, which views might be more misaligned because a certain company 

or group of companies is not covered by their preferred ratings’ provider. 

To tackle these problems, some investment management companies have started to 

develop their own in-house ratings, making use of raw data being provided by ESG data 

providers, some of them which are also ESG ratings’ providers. However, not all consumers of 

the ratings, with them being other investment professionals, academic researchers, journalists, 

policymakers, etc., have the capabilities and/or resources to develop their own ratings, so there 

will always be a need for ESG ratings’ providers and with this need present, these problems 

will need to be addressed for a better consumer experience. 

While these problems are not solved, and there is no timeline for it happening, ESG 

rating disagreement is going to be a constant presence in the investment and academic world, 

so it is interesting to study it.  

Consequently, this paper will study the impact of ESG rating disagreement on the 

Iberian stock market. The study focuses on one region, as ESG has been proven to have different 

practices and effects in different regions (Liang and Renneboog 2016; Hawley 2017). The 

Iberian market was chosen, as it is the one that I am a part of, and because it is an 

underrepresented market in the literature, as this paper is, to the best of my knowledge, the first 

paper to study overall ESG in the Iberian market, as the only paper that was found during 

research studied only corporate governance (Cancela et al. 2020). Also of note is that, during 

the research for this paper, only two other papers studying the relationship between ESG rating 
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disagreement and stock returns were found, both focusing on the US market, which means this 

is still a relatively new research topic that is largely unstudied.  

In this paper, a review of the current literature on ESG rating disagreement is presented 

and followed by a description of the data used and of the methodology employed and then by a 

discussion of the results obtained. Finally, the main conclusions of the study are presented, as 

well as some limitations of the study. 

 

2. Literature Review 

 

The majority of early studies on ESG focused on the relationship between ESG 

performance and financial performance. In their meta-analysis, which combines the findings of 

over 2200 research papers, Friede, Busch, and Bassen (2015) show that the most popular view 

is that there is a positive relationship between ESG performance and financial performance, 

either through an increase in stock returns or a decrease in risk or both. This confirmed the 

views of earlier studies like Gompers, Ishii, and Metrick (2003), Derwall et al. (2005) or 

Edmans (2011). However, it also showed that there are studies that have shown that ESG 

performance has no impact on financial performance or even a negative relationship. These 

views can be seen on papers like Renneboog, Ter Horst, and Zhang (2008), Auer and 

Schuhmacher (2016) or Landi and Sciarelli (2019). 

More recently, research has been focusing on studying the nature of ESG ratings, the 

reasons for their disagreement and the impact of the disagreement on stocks. 

In their 2020 study, Li and Polychronopoulos identified seventy different ESG data and 

ratings’ providers, which they categorized into three types: Fundamental, which gather and 

aggregate publicly available data and distribute it to its users; Comprehensive, which utilize a 

combination of objective and subjective data, both publicly available and produced in-house, 
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covering all ESG market segments; and Specialist, which focus on a single, specific ESG issue, 

like carbon scores (Carbon Disclosure Project) or gender diversity (Equileap).  

Unfortunately, unlike credit ratings, ESG ratings are very polarized, with the same 

company having very different ratings from different ratings’ providers, both on the overall 

rating and the E, S and G pillars. This disagreement can have several impacts on the financial 

world. Academic studies can have different results depending on which ratings’ provider is 

used by the researchers. In the South Korean market, the majority of studies showed mixed 

results in the connection between CSR (Corporate Social Responsibility) and CFP (Corporate 

Financial Performance) but the first study that used MSCI data showed a conclusive positive 

relationship (Kim, Chung, and Park 2013), showing that past results of academic research could 

be biased, depending on which ESG ratings’ provider was used and how well does it capture 

the true ESG performance of companies. Passive and active managers can also be affected by 

the disagreement as research has shown that both index funds and active portfolios will have 

their construction impacted by the manager’s choice of ratings’ provider (Billio et al. 2020; Li 

and Polychronopoulos 2020). Companies face the problem of how to improve their ESG 

performance, as the rating divergence gives them mixed signals on their current performance 

and what actions are expected and valued by the market (Berg, Koelbel, and Rigobon 2020). 

Several studies have quantified this disagreement. While the actual values vary due to 

differences in the sample (timespan, number of ratings’ providers compared, what ratings’ 

providers are compared and in the companies used in the sample, both in geography and 

number), they all reach the same conclusion: correlations between ratings’ providers are low 

and do not converge (Berg, Koelbel, and Rigobon 2020; Gibson et al. 2020; Billio et al. 2020; 

Widyawati 2020; Dorfleitner, Halbritter, and Nguyen 2015). Gibson et al. (2020) also found 

that the disagreement tends to higher for bigger companies, companies that disclose more 
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information, and for companies that do not have a credit rating, while more profitable 

companies tend to have a lower disagreement. 

 Due to this lack of agreement, researchers have tried to identify the problems 

responsible for it. In 2011, Windolph defined a list of problems that lead to ESG rating 

disagreement: lack of standardization, lack of transparency, which include biases like 

geographical, factor and selection, trade-off problems, lack of credible information, and lack of 

independence. Another paper added to the list delays in reporting and lack of auditing of self-

reported data (Hawley 2017). Other researchers have done the same, identifying different 

problematic areas. Chatterji et al. (2016) found problems in five areas: theorization, 

commensurability, data, data gathering methods, and transparency. Kumar and Weiner (2019) 

named three points of difference: materiality, data acquisition and estimation, and aggregation 

and weighting, while Widyawati (2020) identifies three main concerns: dimensionality, 

reliability, and validity.  

 With these various problematic areas identified, Berg, Koelbel, and Rigobon (2020) 

decided to quantify the impacts of these sources of divergence. Their findings were that the key 

driver of rating divergence is measurement divergence, closely followed by scope divergence 

and with weights divergence having a less significant effect. While the existence of scope and 

weight divergence is reasonable, as the different raters may have different views on what is 

relevant and on their relative importance, measurement divergence is more problematic, as it 

implies that, even if two raters agree on the scope, the scores are not based on objective 

observations, which they should. 

 Gibson et al. (2020) decided to study the impact of these divergences, at the pillar level. 

Their findings show us that for the environmental ratings, disagreement has a positive 

relationship with stock returns, due to what they call the risk-based hypothesis, which posits 

that companies with higher rating disagreement are riskier, so investors need to be compensated 
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with higher returns. For the social and governance, they divided their analysis into the legal 

origin of the rating provider’s country, following Liang and Renneboog (2016), and concluded 

that disagreement on the social pillar negatively predicts stock returns on civil law countries, 

while the governance pillar also negatively predicts stock returns, but on common law 

countries. This negative relationship confirmed their optimism-based hypothesis, which states 

that investors are too optimistic, believing that the highest of the ratings is the one that best 

captures the true performance of the company, which leads to overvaluations and lower future 

returns. They also found that in bull states, when the S&P 500 has high returns, the risk-based 

hypothesis trumps the optimism-based hypothesis, so disagreement in all three pillars has a 

positive relationship with future stock returns.  

 In a similar vein, Avramov et al. (2020) did a similar analysis regarding the 

disagreement in the overall ESG score. Their findings are in line with Gibson's et al. (2020) 

risk-based hypothesis, as they found that low disagreement leads to negative return 

predictability. In aggregate terms, they also found that high disagreement leads to a higher 

market premium and lower investor demand for stocks. They concluded that disagreement 

makes socially responsible investments riskier, which explains the reduced investor 

participation, while “green” companies with high ESG rating disagreement are less probable to 

benefit from a lower cost of capital. 

 

2.1 Testable Hypothesis 

 

 Following what has been presented in the above review about what is published in the 

current literature on the impact of ESG rating disagreement on the stock market, three 

hypotheses were created.  
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The first hypothesis is that ESG rating disagreement has a positive relationship with 

volatility. Higher ESG rating disagreement means that the true ESG performance of a company 

is more uncertain. This uncertainty should mean that stocks with higher ESG rating 

disagreement are more volatile.  

This brings us to the second hypothesis. Hypothesizing that high ESG disagreement 

stocks are more volatile is the same as saying they are riskier. As the risk-return trade-off tells 

us, more risk should be compensated with higher returns. So, it is hypothesized that ESG rating 

disagreement will have a positive relationship with stock returns. 

 Lastly, the relationship between ESG rating disagreement and trading volume is 

hypothesized. Due to them being riskier, more risk-averse investors will not want to include 

them in their portfolios. With a reduced number of investors willing to trade these stocks, it is 

hypothesized that ESG rating disagreement will have a negative relationship with trading 

volume. 

 

3. Data 

 

To test the hypothesis, the necessary data was collected from the Bloomberg Terminal 

and from a corporate partner who is active in the Iberian market. Our sample starts in January 

of 2007 and ends in July of 2020, which was the period where there were at least two ratings’ 

providers with data available, and includes sixty-eight Iberian companies (seventeen 

Portuguese companies and fifty-one Spanish companies) which were chosen by the availability 

of ESG ratings, which is limited, as ratings’ providers do not have a standardized coverage. 

This difference in coverage makes our panel unbalanced, as not every company is covered in 

the same period by at least two ratings’ providers. There is another source of imbalance, as 
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there are companies that went public or were unlisted during the sample.  The data is collected 

in monthly periods. 

In terms of ESG ratings, we collected data from four ESG ratings’ providers: the 

corporate partner, which has data starting in 2007, Sustainalytics, which has data starting in 

2014, RobecoSAM, which has data starting in 2016, and Bloomberg ESG, which has data 

starting in 2005. Due to these differences in ESG ratings data availability, two subsamples were 

created: one starting in February of 2014 when Sustainalytics data starts being available, and 

the other starting in September of 2016 when RobecoSAM starts being available. The results 

from these two subsamples will not be as reliable, due to the shortened sample size, but they 

are still interesting to study, as they might point to a need for further research when samples 

starting in this period can be as reliable as our full sample. 

Although, unlike the other three, Bloomberg ESG only measures the disclosure of ESG 

information, due to the disclosure being voluntary and not standardized, it is positively 

associated with good ESG performance, so ESG disclosure ratings can be used as an ESG 

quality rating, like the other three ratings. (Eccles, Ioannou, and Serafeim 2014; Lopez-de-

Silanes, McCahery, and Pudschedl 2020).  

To ensure compatibility between the data of the four ratings’ providers, the ratings were 

adjusted to their percentile rank within which period, which gives a score between zero and one 

for each period (Gibson et al. 2020; Avramov et al. 2020).  

Finally, two disagreement variables were created: one based on the range of the scores 

(difference between the best and worst score) and one based on the standard deviation of the 

scores (Gibson et al. 2020). 

In terms of the dependent variables that will be studied, it was collected price data, 

which was used to compute monthly returns, monthly trading volume, and thirty-day volatility. 
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It was also collected data for several control variables that have been found to explain 

stock returns. These variables are size (Banz 1981), represented by the market capitalization of 

each firm; value, through book-to-market (Fama and French 1995), which was collected as 

market-to-book and then inverted; momentum (Jegadeesh and Titman 1993), which was 

computed as the cumulative returns of the previous twelve months excluding the latest one; the 

company’s beta (Frazzini and Pedersen 2014); and volatility (Ang et al. 2006), in the form of 

thirty-day volatility. 

 

4. Methodology 

 

For the testing of the hypothesis, the relationship between our study variables, stock 

returns, trading volume and volatility, and the ESG rating disagreement must be analysed. We 

use a methodology similar to the one used in Gibson et al. (2020). It consists of pooled panel 

regressions with clustered standard errors and with fixed effects included. In total, six different 

models were used, as we have three dependent variables (stock returns, trading volume and 

volatility) and two different variables measuring ESG rating disagreement (range and standard 

deviation). To better measure the impact, the independent variables are in period t while the 

dependent variables are one month forward, in period t+1.  All six models can be summarized 

in one equation, for a company i in period t: 

𝑌𝑖,𝑡+1 = 𝛼 + 𝛽1𝐸𝑆𝐺 𝐷𝑖𝑠𝑎𝑔𝑟𝑒𝑒𝑚𝑒𝑛𝑡𝑖,𝑡 + 𝛽2𝑆𝑖𝑧𝑒𝑖,𝑡 + 𝛽3𝐵𝑜𝑜𝑘𝑡𝑜𝑀𝑎𝑟𝑘𝑒𝑡𝑖,𝑡

+ 𝛽4𝑃𝑟𝑜𝑓𝑖𝑡𝑎𝑏𝑖𝑙𝑖𝑡𝑦𝑖,𝑡 + 𝛽5𝑀𝑜𝑚𝑒𝑛𝑡𝑢𝑚𝑖,𝑡 + 𝛽6𝐵𝑒𝑡𝑎𝑖,𝑡

+ 𝛽7𝑉𝑜𝑙𝑎𝑡𝑖𝑙𝑖𝑡𝑦𝑖,𝑡 + 𝜀𝑖,𝑡 

 

where Y is one of the three dependent variables and volatility is not included as a control 

variable when it is the dependent variable. The coefficient of interest is β1, as it is through it 
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that we will be able to understand if ESG rating disagreement has an impact on the dependent 

variable and if that impact is positive or negative. 

 

5. Results 

 

5.1 ESG Rating Disagreement 

 

 Before testing the hypotheses, an analysis of the ESG rating disagreements was done, 

in order to check that there is ESG rating disagreement in the Iberian market and if it was in 

line with studies done in other geographies. 

Firstly, the correlations between the four ESG ratings’ providers was done, as it is the 

common method in the literature to assess ESG rating disagreement. The results can be seen in 

table 1. 

Table 1: Correlations between the four ESG ratings’ providers 

Ratings 

Providers 

Corporate 

Partner 

Bloomberg 

ESG 
RobecoSAM 

Corporate 

Partner       

Bloomberg 

ESG 0.445289926   
RobecoSAM 0.563001657 0.541051439  
Sustainalytics 0.545453129 0.423876078 0.52846222 

 

The correlations range from, approximately, 0.42 and 0.56, with the lowest being from 

Sustainalytics and Bloomberg ESG and highest from RobecoSAM and the corporate partner. 

The average is, approximately, 0.51. These results are similar to what is found in the literature, 

as they are centred around, approximately, the same values, having a very similar average, but 

our results are less spread out. As an example, Berg, Koelbel, and Rigobon (2020), in their 

sample, had a range from 0.38 to 0.71, with an average of 0.54.  
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Secondly, the previously mentioned variables that measure ESG rating disagreement 

were created. In figure 1, we can see the average value for ESG rating disagreement for each 

company in the sample.  

 

Figure 1: Average ESG rating disagreement for each company 

 

 

As presented in figure 1, ESG rating disagreement affects all companies in our sample, 

albeit in different quantities, with the Spanish bank Bankinter being the most affected while the 

Portuguese paper and pulp company Altri is the least affected. In fact, in the total of 6686 

company-month with, at least, two raters providing coverage, in only 11 of them, the value of 

ESG rating disagreement variables was zero, meaning that all ESG ratings’ providers gave the 

same rating to that company (after normalization). This means that in 99.84% of the company-

month pairs there is ESG rating disagreement, so it is a persisting factor in the Iberian market. 

 In figure 2, we can see the evolution in time of the average value of ESG rating 

disagreement of all covered companies. 
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Figure 2: Evolution of average ESG rating disagreement 

 

While the big single period shifts can be explained by the introduction of an ESG 

ratings’ provider, as the biggest single period shift is the uptick from January 2014 to February 

2014, which corresponds to when Sustainalytics data starts having available data, or by changes 

in coverage, either by companies starting or stopping getting covered by, at least, two providers. 

Nonetheless, the overall trend is positive, which supports the persistence of ESG rating 

disagreement.  

 

5.2 Hypotheses testing 

 

The three hypotheses are now going to be tested by studying the relationship between 

stock returns, trading volume and volatility and ESG rating disagreement through pooled panel 

regressions.  

First, the hypotheses are going to be tested in the full sample. The results for the relevant 

variable, the ESG rating disagreement coefficient, as mentioned in section 4, can be seen in 
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table 2, with the values in bold being statistically significant. The full results of the regressions 

can be consulted in the appendix. 

 

Table 2: ESG rating disagreement coefficient for the full sample 

 

 For the full sample, the regression results confirm one of the hypotheses and do not 

confirm the other two. The most surprising result is regarding volatility. While the literature 

suggests a positive relationship between ESG rating disagreement and volatility, with higher 

disagreement stocks being riskier, our results directly contradict this stance as they show a 

negative relationship between these two variables.  

 Also surprising is the fact that the hypothesis about trading volume was confirmed, 

given the result of the volatility relationship. While literature suggests that there is, in fact, a 

negative relationship between ESG rating disagreement and investor demand, which we proxy 

through trading volume, it theorizes that this relationship is due to the higher risk of high ESG 

rating disagreement stocks. As stocks are more volatile, they will fit the risk profile of fewer 

investors, so there are fewer investors trading them. In actuality, the results may suggest an 

inverse relationship. Instead of the higher risk leading to a decrease in investor demand, it could 

be that a lower trading volume, caused by a “fear of the unknown”, as responsible investors are 

not certain of the ESG performance of high ESG disagreement companies and prefer trading 

low ESG rating disagreement stocks, as they can be more certain of their true performance, 

leads to lower volatility because the lower trading volume means that there will be fewer price 

shifts (Brailsford 1996). The Iberian market is a small market with a relatively low trading 
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volume, so if there is even less demand for this type of stocks, the trading activity may not be 

enough to make significant price changes, which will translate into lower volatility. The 

extreme example is Olimpo Real Estate (not included in our sample due to having no ESG 

ratings available), a company with a trading activity so low that its price has not moved since 

its IPO on the 24th of June of 2020, almost a year ago, which, in practice, means that the 

company has no volatility. 

 As the hypothesis for a positive relationship between the stock returns and ESG rating 

disagreement was a risk-based one, with ESG rating disagreement having a negative 

relationship with volatility, it would be reasonable to expect that the relationship would in fact 

be negative. Actually, what we observe is that the coefficient is not statistically significant, so 

it is not possible to confirm any form of relationship, positive or negative, between ESG rating 

disagreement and stock returns. This is a reasonable result, because, due to its smaller market 

nature, it may be more difficult for less relevant variables, which ESG rating disagreement was 

for a long time, especially at the beginning of our sample, to get priced in, as there is less overall 

information and activity on the topic. 

 

5.3 Limitations and Further Testing 

 

 As previously mentioned, types of Socially Responsible Investment have been 

mentioned since the eighteenth century and it has been an established practice, although niche, 

since, at least, the 1920s. However, in the twenty-first century, it has seen a rise in relevancy 

and mainstream popularity. This means that the majority of investors have only started to pay 

attention and including ESG issues in their analysis, valuations, and models in the more recent 

times, so it is expected that the real relationships between ESG rating disagreement and the 

stock market, for which we are evaluating stock returns, trading volume and volatility, are only 
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now being observable, as before they were not a part of the decision-making process of most 

investors, so they would not get priced in. This means that in the full sample, it is possible that 

the earlier years when ESG was not a consideration can bias the results, because at the 

beginning of the sample, while it existed, ESG rating disagreement was a non-factor. Adding 

to this is the fact that at the beginning of the sample, only a eleven companies had, at least, two 

ESG ratings, while, by the end of the sample, sixty-three companies have enough coverage to 

compute ESG rating disagreement.  

Another reason to believe that this dilution of the impact is possible is the fact that as 

ESG is still in an early adoption stage, its effects may take longer to be priced in. To put it into 

perspective, the first Portuguese signatory of the PRI with investments in listed equity signed 

in 2018, while in Spain, adoption started earlier. Also relevant to note is that, up until recently, 

the majority of investment managers were reliant on only one ESG ratings’ provider being their 

only source of ESG data and ratings to include in their decision-making process and ESG 

product creation (Huber and Cornstock 2017). This indicates that even though ESG issues 

started being considered, investors may have not been aware that ESG rating disagreement was 

something to take into consideration. 

For this reason, coupled with the introduction of additional ESG ratings’ providers, the 

hypotheses are also going to be tested in the two subsamples that were created. However, as 

previously mentioned, the results will not be as reliable, due to the shortened sample size, as 

the time-period in the first subsample is less than half of the main one and the second subsample 

is even shorter.  

The results for the relevant variables in the first (02/2014 – 07/2020) and second 

subsample, the ESG rating disagreement, as mentioned in section 4, can be seen in tables 3 and 

4, with the values in bold being statistically significant.  
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Table 3: ESG rating disagreement coefficient for the first subsample  

 

Table 4: ESG rating disagreement coefficient and its p-value for the second subsample 

 

 Unfortunately, as predicted, the sample sizes were too short for any meaningful 

conclusions, as most coefficients were statistically insignificant, even for the control variables, 

which have been extensively researched and do have an impact. The only exceptions are the 

regressions on volatility, in which all the control variables are statistically significant, so it is 

possible to infer insights out of these results. In these regressions, it is possible to observe that, 

while ESG rating disagreement still has a negative relationship with volatility, that is 

statistically significant, after controls, in the first subsample, the relationship loses its 

significance in the second subsample. This may indicate that the negative relationship obtained 

in the full sample may be biased because of the aforementioned problems that the full sample 

might have.  

 Another interesting change is the fact that the sign of the coefficients from the 

regressions on stock returns changed from negative to positive. While they are not statistically 

significant, so it is not possible to infer that the relationship exists and is positive or negative, 

the fact that the sign changes is an indicator that, in a further study, with a bigger sample in a 

period where ESG is mainstream, different results could be observed.   
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6. Conclusion 

 

This paper proposed to study the impact of ESG rating disagreement, a new topic with 

increasing research interest, on the Iberian stock market, through the relationships of ESG rating 

disagreement with stock returns, trading volume and volatility. These relationships are mostly 

unstudied, so this paper tried to create a steppingstone that helps both academics and investment 

professionals better understand them. 

ESG ratings’ data from four different ESG ratings’ providers for a sample of 68 Iberian 

companies ranging from 01/2007 and 07/2020 was used (two additional subsamples were 

created due to two providers only having available data mid sample). 

Firstly, we verified that the Iberian market falls in line with other more studied markets 

in terms of overall ESG rating disagreement, with the ESG ratings’ providers correlations 

ranging from 0.42 and 0.56, with an average of 0.51. 

The formulated hypotheses of ESG rating disagreement having a positive relationship 

with stock returns and volatility and a negative relationship with trading volume were then 

tested.  

In the results, we observe that ESG rating disagreement shows a negative relationship 

with both trading volume and volatility, while the relationship with stock returns is not 

statistically significant. It was theorized that the negative relationship with trading volume is 

due to socially responsible investors preferring to trade low ESG disagreement stocks, as they 

can be sure of those companies ESG performance. Consequently, the lower trading volume 

implies that there will be fewer price shifts on the high ESG rating disagreement stocks, which 

explains the lower volatility.  

This study is also not without its limitations. The impact of ESG rating disagreement 

may be diluted in these larger samples, as at the beginning of the twenty-first century, ESG was 
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still relatively niche with no mainstream popularity, and when ESG starts being integrated into 

the decision-making process, investors started by only using one ESG ratings’ provider, so even 

if they were including ESG issues in their analysis, valuations, and models, they may have not 

been aware of ESG rating disagreement. 

It is important to note that the explanations for the relationships have been based on the 

current literature and experience in the Iberian market, so further research is needed to better 

understand what is causing these relationships, especially as this is still a relatively new research 

topic and new papers are constantly being published, improving the academic community’s 

understanding of these topics. 

While this study included ratings from four of the most popular ESG ratings’ providers, 

there are still other popular providers, like Refinitiv ESG, Vigeo Eiris, RepRisk and Inrate. 

Unfortunately, there was no availability for these ratings in the databases that I could access. If 

possible, further studies should include these providers for a more precise measure of ESG 

rating disagreement. This study also showed that the impact of ESG rating disagreement has 

changed throughout time, with investors becoming more aware and sophisticated in ESG issues. 

A few years down the line, when there is data available to form a longer sample in periods that 

this newfound awareness and sophistication is present. 

It is also of note that the results of this study are unique to the Iberian market, so, while 

they can be a starting point for hypothesizing the impact of ESG rating disagreement in other 

geographies, similar studies should be made for those geographies, as ESG behaves differently 

from region to region. 

Finally, this study has shown that ESG rating disagreement is present in the Iberian 

market and it does have impacts on the stock market, so the recommendation for practitioners, 

both academics and investment professionals is to consider the disagreement and include data 

from different providers in their studies or analysis. For government policymakers, regulators 
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and for the stock exchanges, the recommendation is for them to push for standardized 

mandatory ESG reporting, as it is the only way for ESG data and ratings to be uniform. For 

ESG ratings’ providers, it is recommended that they be more transparent regarding their 

methodologies and data sources. While I understand that these are proprietary, I believe that 

more transparency is possible without them revealing trade secrets and losing their perceived 

competitive advantage. I also want to encourage for more widespread coverage, as ESG topics, 

and sustainability as a whole, are increasingly more relevant and with more companies covered, 

it is possible for academics to better research these topics and for investment professionals to 

make better, more informed decisions. 
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Appendix 

Table A1: Regression of ESG disagreement range on stock returns (Full Sample – No Controls) 

 

Table A2: Regression of ESG disagreement range on stock returns (Full Sample – Controls) 

 

Table A3: Regression of ESG disagreement range on trading volume (Full Sample – No 

Controls) 

 

Table A4: Regression of ESG disagreement range on trading volume (Full Sample – Controls) 
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Table A5: Regression of ESG disagreement range on volatility (Full Sample – No Controls) 

 

Table A6: Regression of ESG disagreement range on volatility (Full Sample – With Controls) 

 

Table A7: Regression of ESG disagreement standard deviation on stock returns (Full Sample 

– No Controls) 

 

Table A8: Regression of ESG disagreement standard deviation on stock returns (Full Sample 

– With Controls) 
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Table A9: Regression of ESG disagreement standard deviation on trading volume (Full Sample 

– No Controls) 

 

Table A10: Regression of ESG disagreement standard deviation on trading volume (Full 

Sample – With Controls) 

 

Table A11: Regression of ESG disagreement standard deviation on volatility (Full Sample – 

No Controls) 
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Table A12: Regression of ESG disagreement standard deviation on volatility (Full Sample – 

With Controls) 

 

Table A13: Regression of ESG disagreement range on stock returns (First Subsample – No 

Controls) 

 

Table A14: Regression of ESG disagreement range on stock returns (First Subsample – 

Controls) 
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Table A15: Regression of ESG disagreement range on trading volume (First Subsample – No 

Controls) 

 

Table A16: Regression of ESG disagreement range on trading volume (First Subsample – 

Controls) 

 

Table A17: Regression of ESG disagreement range on volatility (First Subsample – No 

Controls) 
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Table A18: Regression of ESG disagreement range on volatility (First Subsample – With 

Controls) 

 

Table A19: Regression of ESG disagreement standard deviation on stock returns (First 

Subsample – No Controls) 

 

Table A20: Regression of ESG disagreement standard deviation on stock returns (First 

Subsample – With Controls) 
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Table A21: Regression of ESG disagreement standard deviation on trading volume (First 

Subsample – No Controls) 

 

Table A22: Regression of ESG disagreement standard deviation on trading volume (First 

Subsample – With Controls) 

 

Table A23: Regression of ESG disagreement standard deviation on volatility (First Subsample 

– No Controls) 
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Table A24: Regression of ESG disagreement standard deviation on volatility (First Subsample 

– With Controls) 

 

Table A25: Regression of ESG disagreement range on stock returns (Second Subsample – No 

Controls) 

 

Table A26: Regression of ESG disagreement range on stock returns (Second Subsample – 

Controls) 
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Table A27: Regression of ESG disagreement range on trading volume (Second Subsample – 

No Controls) 

 

Table A28: Regression of ESG disagreement range on trading volume (Second Subsample – 

Controls) 

 

Table A29: Regression of ESG disagreement range on volatility (Second Subsample – No 

Controls) 
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Table A30: Regression of ESG disagreement range on volatility (Second Subsample – With 

Controls) 

 

Table A31: Regression of ESG disagreement standard deviation on stock returns (Second 

Subsample – No Controls) 

 

Table A32: Regression of ESG disagreement standard deviation on stock returns (Second 

Subsample – With Controls) 
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Table A33: Regression of ESG disagreement standard deviation on trading volume (Second 

Subsample – No Controls) 

 

Table A34: Regression of ESG disagreement standard deviation on trading volume (Second 

Subsample – With Controls) 

 

Table A35: Regression of ESG disagreement standard deviation on volatility (Second 

Subsample – No Controls) 

 

 

 

 

 

 



37 
 

Table A36: Regression of ESG disagreement standard deviation on volatility (Second 

Subsample – With Controls) 

 

 

 

 

 

 

 

 

 


