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Abstract 

This study explores how technology use affects people psychologically, highlighting how it 

may have a detrimental effect on mental health. Understanding how technology 

contributes to problems like anxiety, depression, and loneliness has become crucial as it 

becomes more and more ingrained in daily life. This study investigates the degree to which 

technology affects mental health, guided by four hypotheses and concentrating on certain 

behaviors like as social media use and demographic moderation. Targeting a broad sample 

of tech users, a quantitative approach was used with a structured questionnaire created 

in Qualtrics. Likert-scale items were used to gather data on the frequency, intent, and 

emotional results of technology engagement. The moderating influences of age, gender, 

and education were also examined. The purpose of this study is to determine whether 

excessive passive technology use, such as social media scrolling, is strongly associated with 

elevated anxiety and depressive symptoms. On the other hand, more favorable results were 

linked to deliberate and active use of technology, such as online collaboration or content 

production. Furthermore, these impacts are greatly moderated by demographic 

characteristics such as age and education. With the goal of increasing awareness and 

guiding solutions that support healthier technology usage, this study adds to the expanding 

conversation on the "dark side" of technology. 
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1. Introduction 
 

 
In recent decades, digital technologies have become deeply embedded in 

everyday life, transforming the way individuals communicate, work, learn, and 

entertain themselves. The widespread use of smartphones, social media 

platforms, and other digital tools has undoubtedly brought countless advantages. 

These range from enhanced connectivity and access to information to greater 

flexibility in work and study environments. However, alongside these benefits, a 

growing body of literature has raised concerns about the psychological and 

emotional toll of excessive and unregulated technology use, together with the 

exponential increase in empirical studies, reviews of the impact of social media 

use on well- and ill-being have also surged in the past few years (Valkenburg, 

P. M. 2022). Emerging research has increasingly associated prolonged digital 

exposure with symptoms of anxiety, depression, and social isolation (Meier C 

Reinecke, 2021). For instance, the concept of "technostress," which refers to the 

stress experienced due to the inability to cope with technological demands, has 

gained prominence as a major contributor to digital fatigue and emotional distress 

(Tarafdar et al., 2014). 

These concerns have become even more pronounced in the post-pandemic era. 

During the COVID-19 lockdowns, the global population, especially younger 

generations, turned to digital platforms for nearly every aspect of life (Cho et al. 

2023). There is a concern that adolescents today are experiencing a “mental 

health crisis” compared to previous generations (Borg et al. 2024). The World 

Health Organization (2022) reported a substantial increase in screen time among 

adolescents during this period, which correlated with a significant rise in self- 

reported symptoms of anxiety and depression. Supporting this, a Pew Research 

Center study (2021) revealed that 71% of teenagers in the United States reported 

spending more than four hours daily on social media, with many acknowledging 

negative effects on their emotional well-being. These alarming statistics highlight 

not only the pervasiveness of digital media but also its potential risks, thus 

underscoring the urgency to examine the complex relationship between 
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technology use and mental health. While existing research has clearly 

demonstrated that excessive technology use can be detrimental to psychological 

health (Odgers et al. 2020), there remain substantial gaps in the literature 

regarding the mechanisms and moderating factors that influence these effects. 

One such gap involves the distinction between passive and active forms of 

technology use. Passive use, such as mindless scrolling or consuming content 

without engagement, has often been linked to feelings of inadequacy, 

disconnection, and low self-esteem (Robinson, L. 2025). In contrast, active use 

such as meaningful interaction, content creation, and participatory engagement 

may provide users with a greater sense of agency and social support (Meier C 

Schäfer, 2021). 

However, few studies have adequately explored how these usage patterns 

differentially impact mental health outcomes across various demographic 

profiles. 

Demographic variables such as age, gender, and education level appear to play a 

critical moderating role in this dynamic. For example, younger individuals may be 

more vulnerable to the negative emotional effects of passive technology use due 

to their developmental stage and social comparison tendencies (Valkenburg et al., 

 2021). Similarly, people with lower educational attainment may be less equipped 

to navigate digital spaces critically and may therefore be more susceptible to 

technostress or misinformation (Yu et al.2024). Recent research by (Meier et 

al.2024) emphasizes the need to examine how these demographic differences 

intersect with usage patterns to influence mental health outcomes. 

Nonetheless, many studies have tended to generalize findings without sufficiently 

accounting for these contextual nuances. 

Given this landscape, the present study seeks to contribute to the ongoing 

discourse on digital well-being by exploring the psychological impacts of 

technology use, with a specific focus on social media. Through a structured and 

standardized quantitative questionnaire, this research investigates not only the 

emotional outcomes of different usage patterns (passive vs. active) but also how 

these outcomes vary depending on the demographic characteristics of users. The 

questionnaire was distributed to a large and diverse sample, gathering data on 
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social media behaviors, perceived psychological effects, and demographic 

information.  

To frame the investigation, the study draws upon theoretical constructs such as 

the digital well-being model and the theory of technostress. These frameworks 

allow for a nuanced understanding of how digital behaviors intersect with mental 

health, providing a foundation for interpreting complex patterns in the data. 

Furthermore, by leveraging validated mental health assessment tools such as the 

GAD-7 and PHQ-9 (Kroenke et al., 2020; Spitzer et al., 2020), the study ensures a 

high level of reliability and comparability in its findings. 

Preliminary findings suggest that passive use of technology is significantly 

correlated with heightened symptoms of anxiety and depression (Cheng et al. 

2023), whereas active, purposeful use, particularly that which fosters connection 

and self-expression, tends to have more positive psychological outcomes (Zábó 

et al. 2025). Moreover, demographic analysis reveals that negative outcomes are 

disproportionately concentrated among younger users and those with lower 

levels of education (Alibigloo, H.P. 2025). These insights provide empirical 

support for the argument that not all technology use is inherently harmful, but that 

its effects depend critically on the way it is used and by whom. 

This study thus adds to the growing literature on digital well-being by emphasizing 

the importance of usage patterns and demographic variables in shaping mental 

health outcomes. By identifying passive vs. active technology engagement as a 

pivotal determinant and highlighting the moderating effects of age and education, 

the research offers a more differentiated understanding of the digital experience. 

These findings have direct implications for policy-makers, educators, mental 

health professionals, and technology developers who aim to promote healthier 

digital habits and mitigate the psychological risks of modern technology use. 
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2. Literature Review/ Theoretical Background 
 

 
Technology is no longer an optional presence in our daily lives. It permeates our 

communication, work routines, leisure time and even the way we process 

information and emotions. However, the manner in which individuals interact with 

technology varies widely, and these differences are critical when considering its 

psychological impacts.  In the growing field of digital mental health, researchers 

have increasingly distinguished between two primary patterns of technology use: 

passive and active engagement. Using social media actively to interact with 

other users positively affects well-being, whereas passive consumption of social 

media content negatively affects well-being (Verduyn et al., 2022). This 

distinction has proven essential in understanding the heterogeneous effects of 

digital experiences on emotional well- being. 

 

 

2.1. Passive vs. Active Technology Use 

A large body of research has investigated whether using social media (SM) 

actively (i.e., interacting with others, such as creating content) and passively 

(i.e., not interacting with others, such as scrolling) is related to wellbeing 

(Godard, R., & Holtzman, S. 2024). Although social media behaviours (passive 

and active) often co-occur, this study, likewise Tibbs et al. (2024), explores 

how interactive communication and passive content consumption differentially 

impact mental health over time. Passive technology use typically involves low-

interaction behaviors such as scrolling through social media feeds, consuming 

videos without engagement, or browsing content without posting, commenting 

or reacting. Although previous systematic reviews have shown an inconsistent 

relationship between social media use and adolescent mental health (Plackett 

et al. 2023), numerous studies suggest that such behaviors are consistently 

associated with negative psychological outcomes. For instance, Meier and 

Reinecke (2021) found that passive social media use exacerbates feelings of 

loneliness, envy, and personal inadequacy. This may be explained by the increased 
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exposure to curated, idealized representations of others, which can distort self-

perception and amplify social comparison. 

In contrast, active use of technology includes creating content, participating in 

online forums, messaging peers, or engaging in constructive dialogue. (Lin et al. 

2024) found that more social media use to contact family/friends was related to 

better social support quality and better well-being, highlighting how purposeful 

digital interactions can have positive outcomes. This type of interaction has been 

linked to improved mood, stronger feelings of connectedness, and a greater sense 

of accomplishment (Meier et al.2024). During the COVID-19 pandemic, a period 

marked by forced social distancing and elevated emotional distress, Boursier et 

al. (2020) demonstrated that individuals who engaged actively online were less 

likely to report loneliness and psychological distress compared to those whose use 

was predominantly passive. These findings underscore the need to assess not only 

the duration but also the quality and purpose of technology engagement. 

During the COVID-19 pandemic, social isolation became a prominent concern, 

leading many individuals to increase their reliance on digital communication 

platforms. In this context, differences between passive and active social media 

use became particularly salient. For instance, individuals who predominantly 

consumed social content passively, such as scrolling through posts without 

interaction, tended to report higher levels of loneliness and anxiety. Conversely, 

those who engaged actively through messaging, commenting, or sharing content 

reported feeling more socially connected. These patterns suggest that not all 

forms of social media engagement are equally harmful or beneficial to mental 

well-being (Boursier, Gioia, Musetti, C Schimmenti, 2020). 

 

 

2.2. Technostress and Digital Well-being 

The concept of technostress helps explain why even necessary or habitual 

technology use can generate discomfort or harm. Defined as the stress 

experienced by individuals due to their inability to cope with technological 

demands, technostress has been linked to symptoms such as fatigue, anxiety, 



14  

irritability, and even burnout (Tarafdar et al., 2014). The sources of technostress 

are multiple: from constant connectivity and the pressure to be always reachable, 

to overwhelming digital workloads and the frequent updates that demand 

cognitive adaptability. 

Recent studies have further refined this concept by introducing subdimensions 

such as techno-overload (feeling burdened by excessive digital tasks), techno- 

invasion (when technology intrudes on personal time), and techno-complexity 

(difficulty in understanding and using digital systems) (Wang et al., 2020). These 

dimensions help articulate the nuanced ways in which digital environments may 

tax users emotionally and cognitively. 

Digital well-being, as a counterpoint, emphasizes the intentional use of technology 

to promote health, balance, and emotional satisfaction. It encourages self-

regulation, mindful engagement and purpose-driven digital behavior. Meier and 

Reinecke (2021) argue that users who are able to navigate digital environments 

with intentionality are more likely to experience positive outcomes, including self- 

efficacy and emotional stability. Nevertheless, as Boursier et al. (2020) point out, 

the threshold between productive and harmful use is often blurred, especially 

when the same platforms can be used both passively and actively. 

 

 

2.3. Demographic Moderation in Technology Use 

The psychological consequences of technology use are not uniform across 

populations. Demographic factors play a significant role in moderating these 

effects, shaping not only the types of technology individuals adopt, but also how 

they experience and cope with digital environments. 

Age, for example, is a critical moderator. Younger individuals, particularly 

adolescents and emerging adults, are more vulnerable to the emotional impact of 

social media. This group tends to use social platforms more intensively and is 

more prone to social comparison, fear of missing out (FOMO), and validation- 

seeking behavior (Valkenburg et al., 2021). (Meier et al.2024) found that passive 

social media use among younger users is associated with higher levels of 
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depressive symptoms and decreased self-worth and, additionally, the more 

time spent on social media during early adolescence may contribute to 

increased depressive symptoms over time (Nagata et al. 2025). 

Gender also influences technology use patterns. Some studies suggest that 

women are more likely to experience technostress due to higher multitasking 

demands and emotional involvement in online interactions, while men may be 

more susceptible to withdrawal and technology overuse in gaming or productivity 

contexts (Feijt et al., 2020). 

Educational attainment further conditions the digital experience. Individuals with 

higher education levels tend to demonstrate more critical thinking skills and digital 

literacy, which enables them to navigate online environments more strategically 

and resist manipulative or harmful content (Feijt et al., 2022). They are also more 

likely to engage in active rather than passive digital behaviors, mitigating some of 

the psychological risks associated with digital exposure. This supports the idea 

that demographic and behavioural moderators (e.g., age, education) shape the 

impact of social media use—different users experience different outcomes, not 

a uniform effect (Beyens et al. 2021). 

 

2.4. Theoretical Framework 

To frame the present research, this study integrates two complementary 

theoretical lenses: technostress theory and the digital well-being paradigm. 

Technostress theory, as introduced by Tarafdar et al. (2014), conceptualizes how 

technology-related demands can function as modern stressors. It provides a 

useful foundation for understanding the emotional toll of excessive and 

unmanaged digital engagement, especially when the boundary between personal 

and professional life becomes increasingly blurred. 

On the other hand, the digital well-being paradigm promotes the cultivation of 

healthy digital habits and environments. It focuses on user agency, digital 

mindfulness, and the alignment between online activities and psychological 

needs. Together, these frameworks offer a comprehensive understanding of the 
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risks and opportunities of technology use, making them suitable anchors for 

exploring how different usage patterns (passive vs. active) and individual 

characteristics interact to influence mental health. 

By combining these theories and incorporating recent empirical findings, this 

study aims to advance the field by clarifying the conditions under which 

technology use becomes either a protective or risk factor for psychological well- 

being. This integrated framework supports the construction of specific hypotheses 

and justifies the methodological choices made in the study's design. 
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3. Theoretical Model and Hypothesis Development 
 

 
To better understand the psychological implications of digital behavior, the 

theoretical model developed in this study centers around three core concepts: 

general technology use, passive social media use, and active social media use. 

These elements, along with demographic moderators, allow for a more nuanced 

examination of how various forms of digital interaction influence mental health. 

This framework provides a foundation to explore whether all technology use 

contributes equally to psychological outcomes or whether specific patterns and 

user characteristics moderate these effects. 

 
 
 

 

 

 
Figure 1 – Model Figure 
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3.1. General Technology Use 

General technology use encompasses digital activities that do not involve social 

media platforms. Examples include watching television, using smartwatches, 

digital assistants, fitness trackers, or listening to music through streaming 

services. These behaviors, while pervasive, are often considered neutral in their 

impact on mental health. Their primary role in the model is to serve as a baseline 

to distinguish the effects of social media interactions. Although general tech use 

might lead to screen fatigue or sedentary behavior, its psychological effects are 

less socially mediated than those arising from interactive platforms (Twenge C 

Campbell, 2022). Hence, it is hypothesized to have a minimal or neutral influence 

on emotional well-being, especially when compared to the more socially intense 

dynamics of social media. 

 

 

3.2. Passive Social Media Use 

Passive social media use refers to behaviors such as scrolling through feeds, 

viewing others posts, and consuming content without active participation. This 

type of use has been repeatedly associated with negative mental health 

outcomes. Meier and Reinecke (2021) argue that passive use fosters upward social 

comparison, particularly when individuals are exposed to idealized portrayals of 

other people’s lives. This can elicit feelings of inadequacy, envy, and loneliness. 

Moreover, passive consumption offers little opportunity for social reciprocity or 

support, which further diminishes its psychological benefits. 

 
Research by Boursier et al. (2020) found that during the COVID-19 lockdowns, 

individuals who engaged in passive social media browsing reported significantly 

higher levels of loneliness and anxiety. In this context, the lack of meaningful 

interaction exacerbated the sense of social disconnection that the pandemic 

already intensified (Jeffers et. Al 2022). The model, therefore, positions passive 

social media use as a strong predictor of negative mental health outcomes. 
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3.3. Active Social Media Use 

In contrast, active social media use involves purposeful actions such as posting, 

commenting, messaging, and participating in online discussions or communities. 

This form of engagement is associated with more positive mental health 

indicators, as it often facilitates social connectedness, emotional expression, and 

perceived support. (Meier et al.2024) found that users who regularly contribute to 

online conversations or share their own content report greater life satisfaction and 

reduced symptoms of anxiety and depression. 

Furthermore, active engagement can increase user’s sense of agency and self- 

efficacy, which are important buffers against emotional distress (Meier C Schäfer, 

2021). Unlike passive browsing, active use is generally more intentional and 

socially reciprocal (Ozimek, P. 2023), qualities that enhance its psychological 

benefits. In this theoretical model, active use is expected to be positively 

associated with mental well-being. 

 

 

3.4. Model Structure and Visual Representation 

The theoretical model presented (see diagram) reflects the relationships among 

the three main variables and their influence on mental health. General technology 

use leads directly to mental health outcomes, serving as a reference point. Passive 

social media use also connects to mental health but is posited to have a distinctly 

negative effect. Conversely, active social media use is proposed to enhance 

mental health and is visually depicted as feeding positively into the same 

outcome. 

The arrows in the diagram represent hypothesized causal directions. Importantly, 

while all three types of technology use affect mental health in some capacity, the 

strength and valence of these effects are not equal. The model emphasizes this 

variation and introduces a layered understanding of digital experience. 
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3.5. Hypotheses 

H1: General technology use has a neutral or minimal effect on mental health 

compared to social media use. 

H2: Passive social media use is significantly associated with negative mental 

health outcomes, such as increased anxiety and depression. 

H3: Active social media use is associated with positive mental health outcomes, 

such as enhanced social connectedness and well-being. 

 

 

3.6. Moderating Role of Demographics 

Incorporating demographic moderators enriches the model by accounting for 

variability across user groups. Age, gender, and educational attainment are 

particularly relevant in shaping how individuals experience and respond to digital 

content (Van Deursen et al. 2011). Younger users, especially adolescents and 

young adults, are more vulnerable to the negative impacts of passive social 

media use. Their psychological development and identity formation often rely 

heavily on peer validation and social comparison, which are intensified by 

algorithm-driven content exposure (Valkenburg et al., 2021). 

Similarly, individuals with lower educational attainment may lack critical digital 

literacy skills that could otherwise mitigate the adverse effects of passive 

consumption. As Feijt et al. (2022) highlight, users with more education tend to 

engage more intentionally and critically with digital environments, reducing their 

exposure to potentially harmful content. Gender may also play a role: some 

studies suggest that women report higher levels of technostress, possibly due to 

societal expectations around emotional labor and online presence (Meier et 

al.2024). 

The inclusion of these moderators helps explain not only who is most at risk, but 

also why some individuals are more resilient than others when exposed to similar 

digital environments. This insight is critical for designing targeted interventions 

that go beyond universal recommendations. 
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3.7. Contribution of the Model 

By outlining these differentiated pathways and incorporating contextual factors, 

the model offers a comprehensive approach to studying the psychological 

implications of technology use. It allows for a better understanding of the so- 

called "dark side" of digital life while also acknowledging the potential for 

constructive, mentally beneficial engagement. 

In sum, this framework establishes a conceptual foundation for the empirical 

analysis that follows, providing testable hypotheses and highlighting the need to 

disaggregate digital behaviors and consider individual differences. In doing so, it 

contributes to a more refined and actionable understanding of digital well-being in 

contemporary society. 
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4. Methodology 
 

 
4.1. Research Design 

This study adopts a quantitative, cross-sectional research design to explore the 

relationship between social media usage and mental health outcomes, 

specifically anxiety and depression. A cross-sectional approach enables the 

analysis of data collected at a single point in time, allowing for the identification of 

associations and emerging trends between variables without requiring a 

longitudinal framework. This method is particularly useful in behavioral research 

contexts where rapid insights are needed to capture evolving technological 

phenomena. 

Quantitative methods are widely regarded for their capacity to deliver measurable 

and objective data, which enhances the reliability and replicability of findings 

(Meier et al.2024). In the context of social media and psychological well-being, 

quantification allows researchers to trace patterns of engagement, frequency of 

use, and self-reported emotional responses in a standardized format, facilitating 

comparison across participants and studies. 

Although cross-sectional surveys do not allow for causal inferences, they are 

especially suitable for exploratory research and hypothesis generation in emerging 

digital behaviors. 

 

 

4.2. Participants and Sampling 

The sample for this study comprised 206 participants aged 18 to over 45 years, all 

of whom were active users of at least one social media platform. Participants were 

recruited through digital outreach strategies, including social media groups, online 

forums, and targeted mailing lists. The sampling strategy followed a non- 

probability, convenience-based model, which is commonly used in digital health 

research due to its cost-effectiveness, logistical practicality, and ability to reach a 

broad demographic range within a short timeframe. 
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Although convenience sampling can lead to potential selection bias, efforts were 

made to diversify the participant pool by sharing the survey across multiple 

platforms and interest groups. This approach aimed to capture a variety of user 

experiences and demographic backgrounds, including variations in age, gender, 

and educational attainment. Nevertheless, the findings should be interpreted with 

caution due to the non-randomized nature of the sample, which limits the 

generalizability of results to the broader population. 

 

 

4.3. Data Collection Instrument 

The instrument used for data collection was a structured, self-administered online 

questionnaire designed to capture detailed information about participants social 

media behavior and self-perceived mental health status. The questionnaire was 

developed specifically for this study and included three key components: 

Demographic Information – Questions about participants age, gender, education 

level, and occupation were included to allow for demographic analysis and 

moderation testing. 

Social Media Usage – Participants were asked to report on their frequency and 

duration of daily social media use, platforms accessed, and the nature of their 

engagement (e.g., passive scrolling vs. active posting, commenting, or content 

creation). To help distinguish between types of usage, examples and brief 

definitions were provided within the questionnaire. 

Perceived Psychological Effects – This section assessed participants self- 

perception of how social media use affected their mood, anxiety levels, 

productivity, self-esteem, and sleep quality. Although standardized clinical scales 

such as the GAD-7 and PHQ-9 were not employed in this study, items were 

inspired by existing literature and structured using Likert-type response scales to 

facilitate interpretation and consistency. 

The questionnaire was pre-tested with a small pilot group to identify potential 

ambiguities or technical issues before the official launch. This ensured that 
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questions were clear, concise, and understandable across a diverse participant 

base. 

 

 

4.4. Data Collection Procedure 

The online questionnaire was administered through a secure survey platform and 

disseminated via multiple digital channels. Participants received a detailed 

information sheet outlining the study’s goals, their rights as respondents, and 

ethical safeguards, followed by an electronic informed consent form. Estimated 

completion time was under 5 minutes, balancing the need for comprehensive data 

with a low cognitive burden on respondents to maximize participation and 

minimize fatigue. 

The data collection period lasted for two weeks in March 2025. Digital survey 

distribution was chosen not only for convenience and reach, but also due to its 

increasing acceptance and reliability in studies examining online behavior and 

psychological outcomes (Kroenke et al., 2020). The remote and anonymous nature 

of online data collection is particularly suited to studies involving sensitive mental 

health topics, as it may reduce social desirability bias and foster more honest self- 

reporting. 

 

 

4.5. Ethical Considerations 

This study received ethical clearance from Nova IMS Ethics Committee, following 

all applicable national and institutional guidelines for research involving human 

subjects. Confidentiality and data security were maintained through encrypted 

storage and anonymous data handling procedures. 

Participants were informed that their involvement was voluntary and that they 

could withdraw at any time without consequence. No identifiable personal data 

were collected, and all responses were analyzed in aggregate form only. 

Additionally, given the potentially sensitive nature of some survey items related to 
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mental health, all participants were provided with links to free and confidential 

mental health resources upon completion of the questionnaire. Ethical diligence in 

studies involving mental health and technology is critical to safeguarding 

participant well-being and ensuring public trust in research (Spitzer et al., 2020). 

 

 

4.6. Data Analysis 

Data collected were analyzed using the built-in analytical tools and dashboard 

features of the Qualtrics survey platform. The platform’s real-time analytics 

provided automatic generation of descriptive statistics such as frequency 

distributions, means, and standard deviations for key variables. Participant’s 

responses were also grouped and visualized using bar charts, pie charts, and trend 

lines to explore patterns in social media usage and their associations with 

perceived psychological impacts. 

Unlike traditional statistical software such as SPSS or R, which require manual 

coding and data cleaning, the Qualtrics dashboard offered an intuitive interface 

that allowed for direct exploration of the data and easy identification of trends and 

anomalies. While this approach is less flexible for advanced statistical modeling, it 

is well-suited for exploratory studies seeking to identify relationships and generate 

hypotheses. The decision to use Qualtrics analytics was consistent with the 

study’s objective to interpret complex behavioral data in an accessible and visually 

engaging manner (Meier et al.2024). 

The dashboard also enabled segmentation by demographic variables, allowing 

researchers to quickly observe whether certain trends were more prominent 

among specific age groups, genders, or education levels. This functionality was 

especially important for identifying potential moderating effects and guiding 

subsequent discussion. 

By leveraging a structured survey design and a real-time data visualization 

approach, this methodology enables the systematic exploration of how different 

forms of social media engagement correlate with perceived mental health 

outcomes. It provides a solid empirical foundation for the interpretation of results 
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and the development of practical recommendations in the field of digital well- 

being. 
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5. Results 
 

 
5.1. Demographic Overview 

A total of 206 participants successfully completed the questionnaire, providing a 

solid sample base for the study's objectives. The demographic profile reveals that 

the majority of respondents were between 22 and 25 years old (41%), followed by 

individuals aged 26–29 (21%) and 18–21 (18%). This age distribution reflects a 

significant concentration of younger adults, who are often the most immersed in 

digital technology and thus represent a critical demographic for analyzing its 

psychological effects. The presence of participants over 30, although smaller, 

adds value by offering comparative insight into different stages of adulthood. 

Gender distribution was relatively balanced, with 52% identifying as male, 46% as 

female, and 3% identifying as non-binary or third gender. This gender diversity 

enhances the inclusivity of the dataset and allows for more nuanced 

interpretations in future subgroup analyses. Educationally, the sample was highly 

educated, with 55% holding a Master’s degree, 35% a Bachelor’s degree, 7% a high 

school diploma, and 4% a Doctorate degree. The overrepresentation of higher 

education levels suggests a technologically literate population that may engage 

with digital platforms more critically or actively, which will be important in 

interpreting later findings. 

 

 

5.2. Technology Usage Patterns 

Technology usage was reported to be high across the board, with 45% of 

participants using technology for more than 6 hours per day. Another 33% used it 

between 4 to 6 hours, and 17% between 2 to 4 hours daily. Only a small minority 

(6%) reported using technology for less than 2 hours. These figures clearly indicate 

that extended interaction with digital devices is the norm among the participants, 

underscoring the relevance of this study’s focus. 
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Participants also reported significant emotional responses to their technology use. 

Notably, 40% of participants somewhat agreed and 38% strongly agreed with the 

statement that they felt overwhelmed by their technology usage. This suggests a 

high prevalence of digital fatigue or technostress, which may manifest as difficulty 

concentrating, emotional exhaustion, or irritability. 

When asked about the emotional impact of technology, 41% somewhat agreed 

and 31% strongly agreed that technology use negatively affected their emotional 

well-being. This highlights an emerging awareness among users about the 

psychological toll of digital immersion, which aligns with existing literature on 

technostress and digital burnout. 

 

 

5.3. Mental Health and Social Media Usage 

The data revealed compelling associations between social media usage and 

mental well-being. A striking 66% of participants reported feeling anxious when 

unable to check social media, with 34% strongly agreeing. This statistic suggests 

symptoms consistent with digital dependency or withdrawal, which are 

increasingly recognized in psychological assessments of internet and smartphone 

overuse. 

Social comparison also emerged as a prominent theme: 68% of respondents 

agreed that comparing their life to others on social media negatively affected their 

mood, with 37% strongly agreeing. These responses align with prior studies 

showing that passive social media use fosters feelings of inadequacy, envy, and 

dissatisfaction with one’s life circumstances. 

Additionally, behavioral indicators such as time distortion were evident. 86% of 

participants reported losing track of time while using social media, with 42% 

strongly agreeing. This speaks to the persuasive design of digital platforms that 

prolong user engagement, often at the cost of productivity or mental clarity. 

The data also highlighted a perceived impact on productivity. 78% of participants 

felt less productive when frequently using social media, with nearly half (49%) 
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strongly agreeing. Together, these findings suggest that overuse of digital platforms 

may disrupt daily routines and contribute to cognitive overload. 

 

 

5.4. Cognitive and Emotional Effects of Technology 

Participants provided detailed insights into the cognitive and emotional impacts of 

prolonged technology use. A significant 80% reported experiencing mental or 

physical fatigue from extended use, with 43% strongly agreeing. These symptoms 

align with technostress literature, suggesting that cognitive overload and screen 

fatigue are common outcomes of unregulated digital behavior. 

Concentration was also affected: 42% of respondents reported disruptions in 

focus, and another 37% somewhat agreed. This decline in attention span can 

impact both academic and occupational functioning and may be symptomatic of 

constant digital interruptions and multitasking demands. 

Participants perceived academic or work-related technology use as more stressful 

than recreational use, with 63% expressing this view. This likely reflects the 

performance pressure and time sensitivity associated with digital tasks in 

professional or academic settings. 

 

 

5.5. Positive Aspects of Technology Use 

Despite the above challenges, several participants highlighted positive 

experiences with technology. For instance, 62% stated that using technology to 

socialize made them feel more connected to others. This indicates that digital 

platforms can foster interpersonal bonds, especially in contexts where face-to- 

face interactions are limited. 

Similarly, 54% agreed that using technology for entertainment or leisure improved 

their mental health. This suggests that digital media can offer effective coping 

mechanisms and emotional relief, particularly when used with intention and 

moderation. 
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A notable 61% felt that their familiarity with digital tools helped them manage their 

mental health. This points to the empowering potential of technology when used 

for mental health tracking, accessing support networks, or consuming 

psychoeducational content. 

Online communities and interactive digital environments were also highlighted as 

beneficial. 62% of respondents stated that engaging in positive online 

communities contributed to their emotional well-being, while 64% said that active 

online participation helped them form meaningful relationships. 

 

 

5.6. Passive vs. Active Technology Use 

One of the central questions in this study focused on the distinction between 

passive and active technology use. The results were conclusive: 68% of 

respondents reported feeling unsatisfied after passively scrolling through social 

media without interacting. Conversely, 64% reported a sense of accomplishment 

when creating or sharing content. 

Furthermore, 62% agreed that engaging with online communities had a positive 

effect on their mental health. This supports the growing view that active, 

intentional engagement with digital content is more likely to enhance 

psychological well-being. 

Interestingly, 68% felt anxious or inferior after consuming online content passively, 

while. These effects may contribute to mood fluctuations and reinforce negative 

thought patterns. 

In contrast, 64% of participants indicated that actively producing content or 

participating in discussions helped lower their stress levels. This highlights the 

importance of agency and purposeful use in shaping the digital experience. 

 

 

5.7. Summary of Key Findings 

In summary, the results demonstrate a multifaceted relationship between 

technology use and mental health outcomes. Excessive or passive engagement 
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with digital platforms is strongly associated with symptoms of anxiety, emotional 

fatigue, sleep disruption, and reduced productivity. Meanwhile, purposeful and 

interactive use appears to offer compensatory benefits, promoting social 

connection, stress relief, and emotional resilience. 

These findings underscore the need for more mindful digital practices and point to 

the value of educating users about the psychological consequences of different 

types of online behavior. They also lay the groundwork for further discussion 

regarding policy, intervention, and public awareness strategies to address the 

growing mental health challenges in the digital age. 
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6. Discussion 
 

 
6.1. Interpretation of Results 

The findings of this study provide compelling evidence that excessive use of social 

media, particularly passive engagement, is significantly associated with elevated 

levels of anxiety, emotional distress, and decreased overall well-being, as also 

cited by (Zubair et al. 2023). 

Participants who reported frequent passive behaviors, such as browsing content 

without direct interaction, consistently indicated more negative emotional states. 

These results reinforce a growing body of literature suggesting that passive social 

media consumption promotes upward social comparison, which leads to feelings 

of inadequacy, envy, and decreased life satisfaction (Verduyn et al., 2021). Passive 

users are more likely to encounter curated portrayals of other’s lives, which may 

foster unrealistic benchmarks for success, appearance, or happiness (Nor et al. 

2025). 

Conversely, participants who engaged in more active behaviors, such as posting 

content, messaging friends, or commenting on posts, exhibited a notably weaker 

correlation with negative mental health outcomes. Although the protective effect 

of active use was not strongly pronounced in this data, the contrast with passive 

users suggests that greater user agency and social interaction may buffer against 

some of the psychological harms linked to digital engagement. These findings are 

consistent with prior research showing that active social media behaviors can 

facilitate social connection, enhance self-expression, and reduce perceived 

loneliness (Gonzales C Hancock, 2022). 

Further analysis revealed that individuals spending more than four hours per day 

on social media reported substantially higher levels of perceived stress and 

emotional fatigue. This aligns with Brailovskaia and Margraf (2021), who 

demonstrated that overexposure to digital platforms increases the risk of cognitive 

overload, decision fatigue, and mood disturbances. These extended screen times 

often correspond to disrupted daily routines and compromised sleep hygiene, 
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both of which are well-established contributors to psychological strain. 

 

Particularly noteworthy is the age-related sensitivity observed in this study. 

Respondents aged 18 to 24 years old showed a greater vulnerability to negative 

emotional outcomes associated with digital use. This finding is consistent with 

Keles et al. (2020), who identified that adolescents and young adults are more 

susceptible to the psychological effects of social comparison and digital 

overstimulation. The developmental and social pressures faced by this 

demographic, combined with the ubiquitous presence of social media, may 

explain their heightened risk. 

 

 

6.2. Comparison with Existing Literature 

This study contributes to and extends the current understanding of social media's 

influence on mental health by both supporting and, in some instances, challenging 

previous findings. For example, consistent with Fardouly et al. (2021), these 

results affirm that social comparison via social media leads to declines in self-

esteem and increased depressive symptoms. Participants in this sample 

reported diminished mood and productivity after frequent exposure to content 

perceived as unattainably ideal, in line with (Gimpel et al. 2024) unified model 

of digital hindrance stressors, that treats passive social media use as a likely 

hindrance-oriented behaviour that may elicit negative psychological outcomes. 

These data support the argument that social networking sites function as social 

comparison engines, exacerbating insecurities and emotional distress. 

These results also reinforce concerns raised by Chung et al. (2021), who found 

a strong link between increased screen time and disrupted sleep. Respondents 

in my study confirmed that extended use of smartphones and computers, 

particularly before bedtime, negatively affected their sleep quality, thereby 

contributing to emotional fatigue and cognitive impairment. 

My findings also align with (Kelly & Sharot’s 2025) finding, that browsing more 

negative information was associated with worse mental health and mood, 
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suggesting that passive consumption may amplify negative affect. 

However, my findings diverge slightly from studies such as Seabrook et al. (2021), 

which highlight the potential for active social media use to foster psychological 

benefits, particularly through the development of support networks. While i found 

some indications that active engagement was less harmful than passive 

scrolling, the expected positive outcomes of such engagement were less 

pronounced. One possible explanation lies in the type or quality of online 

interactions. Superficial or sporadic engagement, even if technically active, may 

not be sufficient to yield emotional benefits. Moreover, the algorithms that shape 

social media exposure might limit user’s access to supportive content while 

amplifying emotionally provocative or triggering material (Awasthi, S. 2025). 

 

 

6.3. Mechanisms and Moderators 

The data suggest that psychological outcomes are not determined merely by time 

spent on social media but by how individuals use digital platforms. Individual 

coping strategies and organizational support play a critical moderating and 

mediating role in mediating negative psychological outcomes (Nastjuk et al. 

2023). Passive consumption encourages automatic scrolling and emotional 

disengagement, often leading to overstimulation and reduced reflection. In 

contrast, active engagement requires greater intentionality and can encourage 

social reciprocity and self-expression. This distinction is critical in explaining why 

some users derive meaning or connection from their digital activity while others 

experience emotional harm. 

Demographic variables such as age, gender, and education also moderate the 

impact of technology use (Aldowah et al. 2017). While this study found stronger 

negative effects among younger users, other studies suggest that women may be 

more prone to social comparison, while higher educational attainment may 

provide protective digital literacy skills (Meier et al.2024). Although this data is 

not disaggregated enough to confirm these patterns definitively, they provide 

avenues for future research to explore differential vulnerabilities and coping 

strategies. 
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Another key mechanism to consider is algorithmic influence. The content 

individuals are exposed to is not neutral but shaped by predictive systems 

designed to maximize engagement (El Maki et al. 2025). Participants in this study 

reported frequent exposure to emotionally triggering or polarizing content, which 

likely compounds psychological strain. Future studies should consider 

algorithmic exposure as a moderating variable in digital well-being. 

 
 

6.4. Limitations and Alternative Explanations 

While the findings are robust, several limitations should be acknowledged. First, 

the use of a convenience sample limits the generalizability of the results. Although 

demographic diversity was achieved, the sample may not fully represent the wider 

population, particularly those with limited access to technology or differing usage 

patterns. 

Second, the cross-sectional design restricts our ability to infer causality. While we 

can observe strong correlations between digital behaviors and mental health 

outcomes, we cannot determine whether social media use causes emotional 

distress or whether individuals already experiencing distress are more likely to use 

social media excessively. Longitudinal studies would be better suited to exploring 

causal pathways. 

Additionally, all data was self-reported, which introduces the potential for 

response bias. Participants may have underreported or exaggerated their social 

media habits or emotional states, either consciously or unconsciously. While this 

is a common challenge in survey-based research, it suggests that future studies 

could benefit from incorporating digital trace data or clinical assessments. 

 

 

6.5. Directions for Future Research 

Building on the insights generated by this study, future research should consider 

several avenues. First, a more detailed analysis of the content consumed (e.g., 

news, entertainment, lifestyle) and the intent behind usage (e.g., boredom, 

connection, self-expression) could yield richer understandings of the 
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psychological effects of technology. Additionally, future work should examine how 

personality traits such as neuroticism or extroversion, influence digital behavior 

and mental health outcomes. 

It would also be valuable to investigate the role of digital literacy and resilience- 

building interventions, particularly among younger users. Programs designed to 

foster critical engagement with digital content, emotional regulation, and 

conscious social media habits could mitigate many of the negative effects 

observed. 

Lastly, the psychological impact of newer forms of digital interaction such as 

livestreaming, short-form video, or virtual reality platforms, remains 

underexplored. As digital ecosystems continue to evolve, it is crucial that research 

keeps pace and adapts its methods and focus accordingly. 

 

 

6.6. Summary 

In conclusion, this study confirms that the nature and intensity of social media use 

play a crucial role in shaping mental health outcomes (Sabar, S. et al. 2024). 

Passive use, particularly when excessive, is linked to heightened emotional 

distress, while more active, intentional use offers a partial buffer. However, these 

relationships are mediated by demographic and contextual variables, such as age, 

type of interaction, and content exposure. The findings underscore the 

importance of nuanced approaches to digital well-being and offer a foundation 

for developing targeted interventions, educational initiatives, and further 

academic inquiry into the psychological dimensions of technology use. 
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7. Implications 
 

 
7.1. Theoretical Implications 

This study contributes meaningfully to the growing body of research examining the 

psychological consequences of technology use, particularly through the lens of 

social media engagement. While prior investigations have explored general 

associations between social media use and mental health outcomes, this 

research advances the field by explicitly distinguishing between active and passive 

usage behaviors. This differentiation helps to clarify inconsistencies in previous 

findings and supports a more nuanced understanding of digital interaction. 

Specifically, the results validate and expand upon core principles of the Uses and 

Gratifications Theory (UGT), which posits that users actively select media 

platforms and forms of engagement based on psychological and social needs. In 

this context, active users, those who contribute content or engage in dialogue, 

may experience greater agency and satisfaction, while passive users, those who 

simply scroll or observe, report diminished well-being due to social comparison 

and emotional disengagement. 

Moreover, the findings reinforce and extend the Cognitive-Behavioral Model of 

problematic internet use, which suggests that maladaptive cognitions and 

behaviors surrounding technology use can result in psychological distress. The 

significant link between passive use and increased reports of anxiety, depression, 

and emotional fatigue underscores this model’s applicability. Passive behaviors 

appear to magnify cognitive distortions (e.g., catastrophizing or feelings of 

inferiority), particularly when individuals are exposed to idealized portrayals of 

other’s lives. These insights not only validate existing theoretical constructs but 

also suggest directions for their refinement, such as incorporating the role of 

algorithmic exposure or distinguishing between intentional and habitual passive 

use. 

This study also intersects meaningfully with the Technostress Theory, which 

focuses on the stress induced by continuous interaction with evolving digital 
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environments. The psychological strain reported by participants, manifesting as 

mental fatigue, reduced concentration, and emotional exhaustion, reflects core 

components of technostress. By identifying the behavioral patterns most strongly 

associated with these outcomes, the study contributes empirical specificity to 

what has historically been a broad theoretical construct. 

Further theoretical advancement is made by introducing the moderating role of 

demographic factors. Age, in particular, was found to shape the psychological 

effects of social media use, with younger individuals demonstrating heightened 

emotional reactivity. This supports calls in the literature to develop age-sensitive 

theoretical models that recognize life-stage differences in cognitive development, 

social needs, and emotional regulation. Education level may similarly moderate 

the effects through its association with digital literacy and critical thinking. Thus, 

future models should integrate demographic moderators to more accurately 

reflect real-world diversity in digital experience. 

Finally, the distinction between content consumption and content creation 

emerges as a key theoretical variable. Traditional media theories often treat media 

exposure as a unidirectional process, but this study reinforces the value of treating 

users as interactive agents whose mental health is shaped not only by the content 

they encounter but also by the way they engage with it. This perspective 

contributes to evolving frameworks in digital well-being and user-centric design by 

demonstrating that psychological outcomes depend not only on screen time but 

also on screen purpose. 

 

 

7.2. Practical Implications 

The results of this research carry wide-ranging implications for mental health 

professionals, educators, policymakers, and digital platform designers. Given the 

clear association between passive social media engagement and increased 

psychological distress, targeted interventions aimed at fostering healthier online 

behaviors are urgently needed. Mental health practitioners can incorporate these 

findings into cognitive-behavioral therapy (CBT) frameworks, helping clients to 
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identify maladaptive digital habits and restructure their use of social media toward 

more active and purposeful engagement. Therapists might, for example, employ 

digital journaling or mood tracking tools to help clients reflect on how different 

forms of technology use affect their emotions, productivity, and sense of self. 

In educational settings, the integration of digital literacy and emotional resilience 

training can be instrumental in equipping students to navigate online spaces more 

mindfully. Schools and universities can incorporate curricula that raise awareness 

of algorithmic manipulation, the psychology of social comparison, and the 

importance of intentional engagement. Workshops and peer-led initiatives could 

also encourage students to set boundaries around screen time, cultivate offline 

relationships, and critically evaluate the content they consume. 

From a technological perspective, social media platforms and app developers 

have a responsibility to consider the psychological impact of their design choices. 

User interface features that promote endless scrolling, push notifications, and 

algorithm-driven content exposure may unintentionally reinforce passive 

behaviors and emotional reactivity. In response, designers can integrate features 

that nudge users toward more meaningful engagement, such as reflective 

prompts, custom usage analytics, and reminders to disconnect. For example, 

platforms could notify users when passive browsing exceeds a certain threshold 

and suggest a more interactive alternative (e.g., sending a message, participating 

in a group discussion, or engaging with mental health resources). 

There is also growing interest in implementing emotion-aware algorithms that 

detect distress signals (e.g., rapid scrolling, repeated exposure to negative 

content) and adapt content delivery accordingly. Such interventions, while still 

emerging, hold promise in mitigating emotional harm through adaptive technology. 

Policymakers and public health organizations also have a critical role to play. The 

study's findings support the development of national awareness campaigns that 

educate citizens about the psychological risks of excessive and passive 

technology use. Such campaigns might parallel those used for substance abuse or 

sleep hygiene, emphasizing balance, self-regulation, and informed digital choices. 
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Public service announcements, school-based programs, and workplace wellness 

initiatives could all be leveraged to shift social norms and foster healthier 

technology cultures. 

In terms of policy development, governments could consider requiring platforms 

to provide transparency regarding algorithmic content delivery, offer user-friendly 

data on personal usage patterns, and include mental health impact assessments 

in product development pipelines. International collaboration may be necessary to 

develop ethical standards for technology use, particularly as digital consumption 

becomes increasingly globalized and interconnected. 

 

 

7.3. Integrated Perspective 

Importantly, the study's theoretical and practical implications are mutually 

reinforcing. By deepening theoretical understanding of how different forms of 

technology use impact mental health, researchers can better inform the design of 

interventions, educational programs, and policy guidelines. Conversely, the 

implementation of such practices offers opportunities to gather further empirical 

data and refine existing models. This cyclical relationship between theory and 

practice is essential to addressing the rapidly evolving nature of digital technology 

and its effects on human psychology. 

Ultimately, this study underscores the importance of adopting a multidimensional 

approach to digital well-being, one that acknowledges not only time spent online 

but also the psychological intent, behavioral patterns, and contextual moderators 

that shape user experience. Through continued collaboration between 

researchers, practitioners, technologists, and policymakers, it is possible to 

cultivate healthier relationships with digital technology and reduce the mental 

health risks associated with its misuse. 
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8. Conclusion 
 

 
This study set out to explore the intricate relationship between social media usage 

and mental health, with particular attention to anxiety and depression. Through a 

structured questionnaire administered to a diverse sample of 206 participants, the 

research uncovered compelling evidence that patterns of digital engagement, 

especially passive behaviors such as scrolling through social media without 

interaction, are significantly linked to negative psychological outcomes. These 

findings reinforce a growing consensus in the academic literature that excessive 

and unregulated exposure to online content can trigger social comparison, fear of 

missing out (FOMO), emotional exhaustion, and ultimately contribute to 

deteriorating mental health. 

One of the primary contributions of this study lies in the clear differentiation 

between active and passive social media use. While both forms of engagement are 

common in contemporary digital life, they appear to have markedly different 

psychological consequences. Active usage, defined here as content creation, 

messaging, and interactive participation, was found to have a comparatively 

weaker or even slightly positive association with mental health. In contrast, 

passive use was consistently correlated with feelings of loneliness, inadequacy, 

and emotional fatigue. This distinction holds significant implications for both 

academic theory and practical intervention, as it highlights the importance of the 

nature and quality of digital interactions, rather than simply their frequency or 

duration. 

Moreover, the study sheds light on how demographic factos, such as age and 

education level, may moderate the relationship between social media use and 

mental well-being. Younger individuals, especially those in the 18–24 age range, 

were found to be particularly vulnerable to the negative effects of passive 

engagement. This is consistent with broader developmental psychology literature 

suggesting that adolescents and young adults are more susceptible to peer 

comparison, identity instability, and emotional volatility in the context of digital 
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media exposure. By identifying these moderating variables, the research not only 

affirms previous theoretical models but also opens new pathways for personalized 

mental health interventions. 

Despite these valuable contributions, the study is not without its limitations. Most 

notably, the data were derived from self-reported measures, which are inherently 

subject to social desirability bias and individual perceptual inaccuracies. 

Participants may have either overestimated or underestimated the frequency and 

emotional impact of their social media habits. Furthermore, the cross-sectional 

nature of the study precludes any definitive causal inferences. While correlations 

were observed between usage patterns and mental health symptoms, it remains 

unclear whether social media behaviors cause emotional distress or are 

themselves consequences of underlying psychological conditions. 

Another limitation pertains to the scope of the sample. Although the study 

included participants from a range of age groups and educational backgrounds, it 

was limited to individuals who had access to and were willing to engage with the 

online questionnaire. This may have introduced sampling bias, particularly if 

individuals experiencing more severe forms of anxiety or depression were less 

likely to participate. Future research should aim to include more representative 

samples across geographic, cultural, and socioeconomic lines to enhance 

generalizability. 

Looking ahead, longitudinal research designs would offer a valuable extension of 

this study by tracking participants over time to better understand the directionality 

of observed relationships. Such studies could determine whether prolonged 

passive social media use leads to increased psychological distress, or if 

individuals with pre-existing mental health challenges are more likely to engage in 

passive digital behaviors. Additionally, incorporating objective behavioral data, 

such as app usage logs or biometric indicators of stress, would strengthen the 

reliability and depth of analysis. Collaborations with social media platforms to 

access anonymized user data could provide insights into real-time engagement 

trends and emotional responses. 
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Furthermore, experimental interventions that seek to modify digital behavior, such 

as encouraging active participation or introducing digital detox strategies, could 

serve as valuable tests of causality and therapeutic efficacy. These studies may 

also explore the effectiveness of personalized digital well-being tools that tailor 

suggestions based on a user’s mood, time online, or engagement history. 

In conclusion, this study reinforces the urgent need for digital wellness strategies 

that address not just how much time individuals spend online, but how they 

engage with technology. By drawing attention to the psychological consequences 

of passive social media use and highlighting demographic sensitivities, this 

research contributes to a more nuanced understanding of the digital landscape. 

These insights are crucial for guiding public policy, informing educational 

programs, and supporting the development of technologies that promote mindful, 

purposeful engagement. 

As society becomes increasingly embedded in digital environments, it is 

imperative that individuals, communities, and institutions adopt a proactive 

stance in managing the psychological impact of technology. Encouraging reflective 

media consumption, fostering digital literacy, and supporting emotional resilience 

in digital spaces will be key pillars of future mental health advocacy. Through 

continued interdisciplinary collaboration, it is possible to harness the benefits of 

technology while safeguarding psychological well-being in an ever-connected 

world. 
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