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ABSTRACT

Marketing and business strategy have been globally target of several transformations and
improvements during the last century, from a business perspective product-centric, where the
demand was bigger than the offer, to a customer-centric perspective, where offer is bigger than the
demand. The client is now the focus of the company, the element generating revenues and spreading
the word or repurchasing when satisfied, consequently enhancing companies business sustainability
and growth.

This research intends to contribute to understand the relation between several customer metrics and
net promoter score in the insurance sector in Portugal. To achieve this objective, it will estimated a
Structural Equation Model using a data set with information collected by Nova Information
Management School in scope of the project ECSI covering the latent variables (1) Image (2)
Expectations (3) Perceived Quality (4) Perceived Value (5) Trust (6) Satisfaction (7) Loyalty and as target
latent variable Net Promoter Score based on the willingness to recommend the organization. It is
expected to find results suggesting a positive association between the customer metrics and NPS and
therefore by the end of the study we hope to be able to contribute for a growth on customer
satisfaction model’s evaluation as well as for implementing policies or strategies to increase the
insurance sector overall performance.

KEYWORDS

Net Promoter Score, Loyalty, Customer Satisfaction, Word of Mouth, Insurance, Structural Equation
Model
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1. INTRODUCTION

In a market disputed by several players, with plenty of substitute products and not many differences
in price politics, a customer-oriented business strategy arise as the solution to create profit
sustainability and competitive advantage in a long run (Kumar & Petersen, 2005). This reality is
increasingly affecting the business environment, particularly, companies that do business to
consumers (B2C), which is the case of organizations in banking or insurance sector.

The business environment is also being challenged by the connected community of clients, mostly due
to internet revolution and social networks, where the opinion about a certain product/service or the
global image of a company is being spread all over (Kumar et al., 2013). It has become commonplace
that every time a customer wants to satisfy a need he will get more information about where to do it
and about previous experiences of other customers, to assess whether they got or not satisfied.
Depending on the information received, organizations can either acquire a new customer or lose one
(Chevalier & Mayzlin, 2006). T

This is called Net Promoter Score (NPS), a business measure to evaluate customers and classifying them
in distinct categories based on their probability of recommendation. One of the categories are
Detractors, which are clients not satisfied and capable of reflect a bad opinion about the organization,
another one are Passives, clients which are satisfied clients but not totally loyal to the firm since they
can easily switch to a competitor and last, the Promoters, which are loyal and satisfied customers
capable of sharing positive word of mouth and customer experience. NPS provides important
guidelines to understand how organization’s services are being perceived in the client’s community. It
is also used as a measure of loyalty, since recommendation and loyalty are linked, and as one of the
important factors to evaluate future financial revenues and growth (Frederick F. Reichheld, 2003).

Organizations capable of delighting a customer tend to gain a larger market share. Rawson, Duncan,
and Jones (2013) reveal relevant results about it, indicating that insurance firms with a flexible process
in the customer journey are most profitable since their clients are more satisfied. This is call customer
experience and it can be considered a reflex of all the customer metrics under investigation with direct
impact on word of mouth (Sirapracha & Tocquer, 2012).

In this research, we are going to analyze distinct customer metrics in the insurance sector and the
influence they may have on the net promoter score of each of the insurance companies considered.
For that, we will test relations with variables such as image, that represents all the kind of associations
the clients have in mind for a specific organization; expectations, representing the past information on
products/services that the customer had about the firm and the expected capability the firm has to
offer product/services with quality in the future; perceived quality that is the evaluation of excellence
in the product compared to other competitors; perceived value that encompasses a ratio between the
price and the quality of the product/service; satisfaction as a comparison between product’s perceived
performance and previous expectations; trust as the confidence that the clients have on the company
and their services; loyalty as the intention to remain as a customer and finally; net promoter score that
represents the willingness to recommend the company to others. (ECSI Portugal, 2017a)

We will be using data collected by Nova Information Management School in the context of the project
European Customer Satisfaction Index (ECSI) Portugal — indice Nacional de Satisfacdo do Cliente. ECSI
measures the quality of goods and services provided in Portugal, evaluating several industries such as
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Water, Banking, Gas, and Electricity, among others. The final goal is to integrate customer loyalty as
main concern of the organizations, providing a panel of information to the companies involved, serving
as the voice of the customer and building a national platform that allows comparison across countries
and activities (ECSI Portugal, 2016a).

To test the research hypothesis, a Structural Equation Model will be put in place since it is described
in the literature as the most appropriate choice for problems that include variables that cannot be
directly measured.

With the results obtained in the investigation, we expect to prove the existence of a pattern between
customer metrics and net promoter score as a driver for business growth. We also expect to generate
more reliable and accurate decisions for players in the insurance sector composed by 75 companies,
according to Autoridade de Supervisdo e Fundos de Pensdes (ASF).

Regarding the structure of this paper, the content will be organized in the following way:

e Ljterature review that presents the problem theoretical background pointing to past research
done on customer metrics and how can they affect direct or indirectly net promoter score.
Once perceived and well understood, appropriate hypothesis are presented as well as the
study relevance for the community in general.

e Methodology is a step by step description on how the data was collected, in which format and
according to which rules, the process of data analysis from the measurement model to the
structural model and finally the model validation process.

e Results and discussion which is a section dedicated for comments on the results obtained and
on the quality criteria assessment of the model.

e Conclusions provides a validation, based on the results, of the research hypothesis defined on
the literature review as well as comments about the contribution of the results and
accomplishments achieved for the studies on the field of marketing customer metrics.

e Limitations and recommendations for future works is a discussion section including all types of
problems faced during the process and recommending different approaches for future
investigations.

The paper is finished with the bibliography containing all the references mentioned and it is
followed by the necessary appendices and annexes.



2. LITERATURE REVIEW

2.1. BACKGROUND AND HYPOTHESIS IDENTIFICATION

Without customers there is no revenues, no profit and without those, there is no growth or even
possibility of business survival.

Past companies have spent their time and resources in a strategy based on the product at a firm level.
By trying to make their own products as much exclusive as possible, they were ensuring large volume
of sales without investing time understanding whether this product was satisfying the client or not.
The fact is that, even in the past, literature was already emphasizing the relevance of a customer in a
organization and also the relation between customer satisfaction and firm performance (Day & Fahey,
1988; Hogan et al., 2002). Customer satisfaction along with service quality and loyalty have always
been metrics taken into consideration for several researchers in a marketing context, since it is familiar
term for the customers and an easy concept to transmit for the managers (S. Gupta & Zeithaml, 2006).

A satisfied and valued customer is not only the one who purchases and repeats it several times, but
also the one willing to recommend the company’s products or services and convince other individuals
to have the initial purchase (Mittal & Kamakura, 2001). Therefore, it seems obvious to consider that if
the client has this much weight, he is the most valuable component for the companies and thus, the
bigger the capability to work on their trust, satisfaction and loyalty, the bigger the probability for them
to share positive experiences with others or to repurchase in the same organization without checking
any other. Some authors try to evidence the real importance of considering the clients as a tangible
asset to the firm and considering those assets as a relevant peace for determine the overall firm value
(Sunil Gupta & Lehmann, 2003).

An organization values as much as their customer portfolio and the better the firm serves its clients
the better the clients will pay in return, either on monetary value or by spreading the word (Ittner &
Larcker, 1998). Positively or negatively spreading the word, is a storytelling about an experience and
has been found to be individually a more powerful metric to predict a firm’s capability to grow than
satisfaction and loyalty together.

Net promoter score is a probability measure of a negative or positive recommendation. By
recommending the service or product of a certain company, the customer assumes the delivery value
commitment and as consequence, assumes the compromise to remain as customer. He is risking his
credibility on behalf of the company by sharing and convincing others about that company capability
to satisfy a specific need (Frederick F. Reichheld, 2003).

Reichheld (2003), presents interesting data results on promoters and detractors, reporting direct
impact on organization business performance through the acquisition of new customers and marketing
financial efforts.

As pointed in Figure 1, a business cycle from a firm has several phases, starting by investing on
marketing campaigns to initially acquire new customers to feed the business survival and maintenance;
satisfy them, by providing the product or service that completely fulfill their needs; later on, ensure
those same clients will repurchase becoming loyal customers; and, to complete the cycle, the loyal



customers would act like promotors that would bring new clients and that would start once more the
cycle with the same process.

Trust Expectation

Loyalty Satisfaction

Figure 1 - Business Cycle for Net Promoter Score

There is an initial investment to transform customers into loyal customers and promoters, assuming
they will continue the chain, and this is the real benefit presented on the business review. On the
opposite side, the detractors are customers that the company initially invested, to get them as new
customers, but their needs were not fulfilled. The real loss in this case is that, not only the company
has invested money to get someone sharing bad experiences, as they will also have to invest it all over
again on acquiring new more customers and on cleaning their image and reputation on the market.

To confirm the relevance of measuring the recommendation probability to a third party, European
Customer Satisfaction Index (ECSI) have always considered this metric for the measurement of
customer loyalty (Gronholdt, Martensen, & Kristensen, 2000). The ECSI defines loyalty as the final goal
of the model using as observed indicators intention to remain as customer, price sensibility and
intention to recommend the company to family and friends and that choice is justified by the relevance
that those indicators together can have in a business.

Within this research, we are implementing a different model that, on one hand, assumes the
foundation of ECSI model since it is using the same indicators but, on the other hand, different on its
final purpose, since it organizes the structural model placing intention to recommend the company to
family and friends as the final goal, being explained by the latent variables satisfaction, loyalty and
trust. As suggested by Reichfield (2003), “net promoter score is the only number you need to grow”,
and the proposed model intends to be based on this approach, providing a different way to take
valuable insights from customer metrics by understanding which latent variables are more responsible
for explaining the net promoter score. Additionally, previous literature presents several articles where
recommending intentions has been seen a precedent variable of loyalty and satisfaction behaviors,
however, it lacks literature with exploratory research presenting it as a consequence of those
behaviors.

2.1.1. Image, Expectations, Perceived Quality and Perceived Value

Itis suggested by ECSI the importance of these four-latent variables that indirectly affects net promoter
score though trust, satisfaction and loyalty.

Concerning image, theory presents the idea that a favorable image is viewed as a critical aspect of a
company’s ability to maintain its market position. It is proposed that incoming information, as well as



customer evaluation of attributes of a service or product, will be judged in relation to an organization’s
image (Bloemer, de Ruyter, & Peeters, 1998). The society requires, among other things, that a
consumer can make judgments and comparisons between products, brands, and services. Such
judgments are conducted by a process, where some or all items of information associated with the
product, brand, or service are identified, evaluated, and integrated to form a composite judgment. In
several studies, results have revealed a major significance from image rather than even price as well
as a considerable influence on the quality perception of an organization (Szybillo & Jacoby, 1974).
Moreover, image of the organization can have a key role on positively or negatively influencing the
marketing activities. It can influence the customer perceptions of good and services offered. The
literature identifies several situations that reflects image on customer's mind, through advertising,
public relations, physical image and/or word of mouth (Kandampully & Suhartanto, 2000).

H1 - Image positively affects satisfaction, loyalty and trust

Besides image, customers create expectations prior to their encounter with the organization, they
develop perceptions during the service delivery process and subsequently they compare their
perceptions to their expectations in evaluating the outcome of the service provided. It is an emotional
reaction to the difference between what customers anticipate and what they received, regarding the
fulfillment of some needs, goals or desire (Angelova, 2011; Bloemer et al., 1998). To maintain or to add
value to a customer's portfolio of an organization, a common strategy from the top managers is to
delight the customer or in other words to exceed their expectations. This strategy is based on the
positive relation between expectations and perceived quality (Rust, Jeffrey, Jianmin, & Zahorik, 1999).

H2 - Expectations positively affects satisfaction, loyalty and trust

Perceived Quality is described as the first attribute evaluated by the client regarding his recent
consumption experience, justifying the direct impact on satisfaction.

H3 - Perceived Quality affects positively satisfaction, loyalty and trust

Perceived value is the second attribute evaluated, being a measure of quality relative to the price paid.
(Angelova & Zekiri, 2011). When a customer, after a purchase, perceives that its value was bigger than
the paid price, he can consider it a favorable ratio and feel equitably treated (Varki, 2001; Yang &
Peterson, 2004).

H4 - Perceived Value affects positively satisfaction, loyalty and trust

2.1.2. Trust and Net Promoter Score

Trust is responsible for reduce the perceived risk from the customer. This is a truth applied to
investments or purchases, but with special importance in the beginning of a certain commercial
relationship, because, it can make a substantial difference in the time of giving the first step. The digital
solutions and e-commerce are taking a large space in the market comparing to the traditional
commerce. Insurance firms are providing their solutions to clients mainly using electronic channels
which means that the customers are not directly dealing with the firm. Trust is then a vulnerability.
The capacity that the firm have to demonstrate confidence and intentions in line with the customers
pretensions, being able to generate long-term relationships (Ribbink, van Riel, Liljander, & Streukens,
2004).



Customers are also concerned about security, privacy and protection of their information against any
improper use (R. E. Anderson & Srinivasan, 2003). According to Singh and Sirdeshmukh (2000) “trust
is a crucial variable that determines outcomes at different points in the process and serves as a glue
that holds the relationship together.”

Previous research has pointed that trust is a feeling that is created based on a ratio between positive
and negative transactions between the client and the organization. When achieved, people tend to
recommend products and services to friends and family (Victor, Cock, & Cornelis, 2011).

H5 - Trust positively affects Net Promoter Score

2.1.3. Customer Satisfaction and Customer Loyalty

Several definitions appear in the literature diverging one from another (Szymanski & Henard, 2001).
From one perspective transaction-specific based to another more cumulative satisfaction based.

The transactional perspective describes satisfaction as an emotional response of the consumer to the
most recent transactional experience with an organization. The cumulative satisfaction perspective,
describes satisfaction as an overall satisfaction of all the interactions between the customer and the
firm (R. E. Anderson & Srinivasan, 2003).

Previous research have proved a positive relation between customer satisfaction and loyalty trough
repurchase intention, depending on several customer characteristics like gender, age or number of
children, pointing even females with higher ages and few kids as more loyal (Mittal & Kamakura, 2001).

Similar studies were also done using ECSI methodology proving that, a dissatisfied customer tend to
run away from long relationships and more likely to look for alternatives in order to reduce
dependence from a specific company, which evidences once more the importance of satisfaction on
customer loyalty. (R. E. Anderson & Srinivasan, 2003).

Monitor the level of satisfaction of the clients is a way of keeping them close to the organization,
reason why, the measurement of satisfaction and loyalty and very important in the insurance sector
(Joseph, Stone, & Anderson, 2003).

H6 - Satisfaction positively affects Loyalty

2.1.4. Customer Satisfaction and Net Promoter Score

Satisfaction turns people involved in whatever process they are integrated in and when achieving a
larger level of satisfaction, it makes them loyal to the organization. Consequently, this will generate a
chain of positive reactions affecting directly the firm in terms of growth but also in terms of reputation
through word of mouth and recommendations. Therefore, we can assume a relation between
customer satisfaction and net promoted score, through the direct impact on customer loyalty and
repurchase intention (Chi & Gursoy, 2009).

A satisfied customer has also higher chances to recommend the firm while also increases the bond
with the company (Daniel Schneider, Matt Berent, Randall Thomas, & Jon Krosnick, 2008). In other
hand, an unsatisfied and not engaged customer can turn into a lack of recommendation or worse, a
negative word of mouth (Serenko & Stach, 2009).



H7 - Satisfaction positively affects Net Promoter Score

2.1.5. Loyalty and Net Promoter Score

Recommendation behavior is seen in some cases as an asset for the customer, that when shared with
other people, pass the idea of satisfaction, happiness, value of the services/products obtained from a
specific organization. For example, in an automobile business it can assumes the willingness of share
and show the car to other people (F. F. Reichheld & Sasser, 1990).

Loyalty and recommendation behaviors are key factors when linked to customer retention, promotion,
and overall financial performance of service providers. While loyalty is measured in the literature
trough repurchase intention and/or repurchase behavior, NPS is measured by the intention of
recommend. Loyalty is the commitment from a satisfied customer to a brand or firm, when other
options for the same service are also available and accessible. This commitment stimulates repurchase
behaviors and recommendation willingness and therefore, it stimulates intention to recommend
(Serenko & Stach, 2009)

The existence of a causal relationship between loyalty and net promoter score is usually sustained by
the literature as simple to understand, since loyal customers report higher retention rates and
therefore commit to keep spending their money in the firm as well as keep recommending it to family
and friends (Keiningham, Cooil, Aksoy, Andreassen, & Weiner, 2007).

H8 - Loyalty positively affects Net Promoter Score

2.2.STUDY RELEVANCE

This research adds knowledge to literature investigating the relations between customer metrics and
net promoter score in the insurance sector. Previous researches had concluded that the impact of
satisfaction in the business performance can easily vary from sector to sector or even from company
to another, simply because of the customer perceptions and their idea about what is considered by
them as a given factor (Gursoy & Swanger, 2007)

The relation between the constructs under study can also depend on the business model from the
firms. A business to business relationship tend to have stronger and longer relationships, while
business to consumer relationship tend to have more independent transactions (Williams & Naumann,
2011).

Additionally, Portuguese economy is still under recovery from the financial crisis that has, during the
last 6 years, negatively impacted organization’s financial results and, as such, it can also be interesting
to verify the existence of this relation in this period. Finally, the financial sector has been targeted of
several corruption actions and restructuring solutions, which might have had global effect on the
customer confidence in the insurance sector. As such, conduct this investigation, with data from 2015,
can be a limitation but it can also be a challenge, since it might confirm all the hypothesis, even in a
serious economic and financial crisis.

To conclude, not only because there is a lack of literature in the analysis of this metrics for the
insurance sector but also because it is facing a changing market with a lot of new technologies and
more demanding customers - which present a big set of challenges for the industry - insurance



providers recognize the need of improvements on services quality and customer satisfaction since the
customer may readily change provider if not satisfied (Siddiqui & Sharma, 2010).



3. METHODOLOGY

3.1. SURVEY METHODOLOGY

3.1.1. Target Population

The data refers to 2015 and it was collected under the Project ECSI Portugal, that have a global
objective to serve as an annual index of consumer’s satisfaction and confidence in Portugal.

The target population were individuals living in Portugal territory with at least 18 years old, with
current experience in the acquisition of insurance services/products. In case of being client of more
than one company, it was considered the company with more frequent relationship.

3.1.2. Sample Plan

The sample selection was done using a random sampling plan extracted from the population living in
Portugal. This probabilistic method ensures that, each individual has the same probability of being
observed and can only be picked once, but also allows a quantification of the sampling error, a proper
size for the sample and, most of all, a reduction of bias coming from the subjectivity of the interviewer.

T,=— (i=1,..N)

N
The sampling plan contemplates a random selection of the phone numbers (correspondent to
households), and within each household is selected one individual, between all the residents using a
random plan such as the nearest birthday anniversary. Once selected, it was classified as company
client using qualification questions. The following step is to do the interview, except if the sample for
that specific company was already achieved (M. Vilares & Coelho, 2011)

To ensure that each variable can be statistically significant the following rules are applied (ECSI
Portugal, 2016a)

e There was not the possibility of selecting individual replacement. In case of absence it was
being done a follow up until 3 times to reach the individual, until be classified as a non-
response.

e In the case of mismatch between the phone number and a household (belonging for example
to a company) no interview was being done.

e |t was only considered valid the questionnaires with at least 80 percent of answered questions

e |t was collected 250 interviews for each insurance company

To maximize the power of the model and overcome the missing values problem, it was done a mean
imputation on the data. Theory indicates that it might be dangerous to replace values of the indicators
by its mean since, this attenuated variance can origin to an underestimate of the correlations between
variables, can distort the data distribution and generate bias and inaccurate results, however, those
are consequences for poor datasets where minimum data collections requirements for indicator are
not satisfied (Acock, 2005). Having less than 5% missing data per indicator enhances an effective mean
replacement for the proposed model. Additionally, respondents with suspicious response patterns
such as straight lining were removed from the dataset.



3.1.3. Data Collection

The quantitative research was done using a telephone (mobile and fixed phone) allowing to collect
datain all the geographic space. The main purpose of a quantitative research is to develop and employ
hypothesis and statistical models searching for correlations or causal effects between variables, since
the data is collected in the form of numbers.

Telephone interviews are a very well known method for data collection, providing advantages such as
decreased costs, a strong geographic reach, the ability to drive the respondents under complex
interviews and high response rates (Novick, 2008).

3.1.4. Questionnaire Structure

The major purpose of this research is to study the effect of several customer metrics in net promoter
score of the insurance sector, trying to understand the existence of causal relations between the latent
variables considered in the proposed model. This was done measuring the customer’s opinions about
image, expectations, perceived quality, perceived value, trust, satisfaction, loyalty and net promoter
score. Since these constructs cannot be directly observed or measured, for each latent variable, a set
of 3 to 6 questions were included in the questionnaire to serve as indicators to explore the real latent
behavior.

The questionnaire has 50 questions and it was composed by:

e Anintroduction aiming to present the study, the goals and main goal of the investigation and
to present the interviewer;

e 4 qualification questions to identify the eligibility of the individual to be part of the target
population;

e 7 questions linked to social and economic status;
e And the remaining ones related to the model estimation.

A ratio scale was used in all questions between 1 and 10. It was considered as a negative evaluation, a
response between 1 and 4, neutral responses between 4 and 6, positive answers between 6 and 8 and
very positive answers above 8.

3.2. SPECIFICATION AND STRUCTURE OF THE MODEL

3.2.1. Structural Equation Model

In Marketing Research, attitudes, opinions and personality are relevant drives of consumer’s behavior,
yet, as latent variables we cannot observed them directly, we can only make inferences about what
we can observe. Therefore, structural models applied to social sciences began to appear after 1970,
combining features from principal component analysis and multiple regression.

SEM was considered the right methodology for this research for many reasons, since allowing to
identify the importance of each determinants of net promoter score and other latent variables
included in the model, such as customer satisfaction or customer loyalty, when, on the other side,
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single equation models would only allow to understand the determinants of net promoter score. SEM
allows to estimate the relations between several latent variables and the relations between each latent
variable and its measurement indicators where, in other methods, this approach would have to be
done in a separated manner. SEM can also combine the indicator that are building the latent variables
in an objective way that can consider, not only the intra-dimensions correlations but also the global
coherency of the models. To conclude, it also generates latent variables that can be correlated
between them. In studies such as this one, where customer metrics are being analyzed, this is
particularly important since the latent variables can hardly be seen as independents (M. Vilares &
Coelho, 2011) .
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Figure 2 — Proposed Model: Customer metrics and Net Promoter Score

Figure 2 presents the relationships examined in the research: (1) The impact of company image on
customer expectations, perceived value, customer satisfaction and trust; (2) the impact of customer
expectations on customer perceived value and perceived quality; (3) the impact of customer perceived
value on customer satisfaction; (4) the impact of customer satisfaction on customer loyalty; and finally
(5) how customer loyalty, customer satisfaction and organization global trust affect net promoter
score.

3.2.1.1. Structural Model

The first component of SEM is the structural model also called inner model that refers to the paths
between the latent variables. In this context, we call exogenous to the latent variables that don’t have
any structural path pointing to them, which is the case of the variable image. On the other hand, we
call endogenous to the target latent variables that are explained by other latent variables, which is the
case of the remaining variables.

Each exogenous variable can influence one or more endogenous variables and the endogenous
variables can have influence on the others endogenous variables. The model presented on Figure 1
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should be read from the left to the right and each line represent a direct impact measuring the effect
of a unitary variation from an exogenous or endogenous variable on an endogenous variable.

The structural model can be written as:
nl=y11%&1+v1
n2=pB12n1+v2

n3=y12&1 + B11nl1 + 21 n2 + v3

n4d=vy14 &1+ +v4
N5 =y13&1 4+ B31n3 + B22n2+v5

n6 = f41n4 + 51 n5 + v5
n7 = B42n4 + B52 n5 + f61 n6 + V5

Or in a matrix as:

Mm1l] 10 0 0 0 0 0 1M1l 11 rv1T
n2| |p12 0 0 0 0 0 |[[n2 0 V2
n3| |p11 p21 0 0 O 0 ([n3| [y12 v3
n4l=1| 0 0 0 0 0 0 ||n4|+|y14|[E1] +|v4
ns 0 p22 p31 0 O 0 [[nS y13 v5
n6 0 0 0 B41 B51 0 ||n6 0 v6
77l Lo o0 0 p42 p52 péllln7] Lo | Ly7

Than can written in an agglomerated manner as:

n=pFfn+yé+v

Where T] is a vector of the endogenous variables, f is a vector of the exogenous variables, ﬁ and Y

are matrix of parameters assigned by impact coefficients and V is a vector of random residuals.

3.2.1.2. Measurement Model

The second component of SEM is the measurement model also called outer model that includes the
relationship between each latent variable and its observed indicators, obtained trough the
guestionnaire.

According to Fornell and Bookstein (1982, p.441) the decision on the type of the measurement model,
namely reflective, formative or mix, is based on the study objective, theory and empirical
contingencies.

Our measurement model is based on reflective relations, since the purpose of the study is to explain
the variation of the measurement indicators. It is assumed that these models are measuring the same
phenomena or the same latent variable. As for the theory, variables related to attitudes such as
satisfaction, loyalty or net promoter score are observed, like the indicators, which are reflexes of the
latent variables. Empirically, the measurement model coefficients are obtained through simple
regression, meaning they are not affected by multicollinearity problems, making the reflective models
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more advantageous and more frequently used.

|
Outer Model : : QOuter Model
| | (Here: Reflective Mode)

Figure 3 - Data Matrix for a PLS-SEM Example

3.2.2. Model Estimation

It has been proposed two types of methods for the estimation of structural models. One is based on
covariances, minimizing the difference between the covariance or correlation matrix of the sample
and the correspondent matrix of the theoretical model, the other one is based on minimize the
variance of the dependent variable’s residuals, being those latent or observed. The different methods
are distinguished by the matrix form (M. Vilares & Coelho, 2011; M. J. Vilares, Almeida, & Coelho,
2010).

3.2.2.1. Covariance Based Methods

According to Ridgon (1998), the different covariance-based methods are variations on the
minimization of a common general discrepancy function:

F=-)ITw(§s-x)

Where S is a vector of the unique (non-redundant) elements of the sample covariance or correlation
matrix, > is a parallel vector of elements from the model-implied matrix, and W is a matrix of weights.
Different estimation methods correspond to different matrices W. The two most used estimation
methods are the Generalized Least Squares (GLS) (with W as the variance and covariance of the
residuals) and the Maximum Likelihood Method (ML) (that uses the fitting function In || + trace (S /
>)—1In(]|S]) —p, with p being the number of indicators).

Among the several programs, able to minimize the different discrepancy functions, the most well-
known is LISREL LISREL (Linear Structural Relations), a ML implementation. ML methods produce
asymptotically unbiased, consistent and efficient estimators under the empirical conditions that the
indicators follow a multivariate normal distribution, the sample is large and independence of
observations exists (Clogg & Bollen, 1991).

When these assumptions are violated, these methods may produce, improper solutions such as
negative variance estimates. Moreover, these methods do not provide unique values for individual
case values of latent variables, since there is an infinite set of possible scores that are consistent with
the parameter estimates and finally all the indicators must be treated in a reflective manner because
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the model otherwise would create a situation where we are unable to explain the covariances of all
indicators, which is the rationale for this approach (Chin, 1998; Fornell & Bookstein, 1982a).

3.2.2.2. PLS Methods

PLS for structural equation modeling is a method where no assumptions are made about the
distribution of measurement variables or about the independence of observations. The PLS approach
has two stages: the first estimates the observations of the latent variables (case-values) with an
iterative scheme. The second estimates the parameters of the structural equations and measurement
model.

PLS is supported by an iterative process that iterates between two approximations to the latent
variables: the inner approximation and the outer approximation. In each iteration the outer
approximation produces an estimate for each latent variable as a weighted mean of their manifests.
The inner approximation produces another estimate for the latent variables. Here each variable is
obtained as a combination of the external approximation of the other latent variables directly
connected to it. Various weighting schemes have been used in this context, the best well-known being:
the centroid, the factor and the path weighting schemes. The two estimations are iterated until
convergence is reached (using a stopping rule based on relative change from previous iteration). From
this process each latent variable is determined both by the inner and outer structure, in such a way
that both the inner residual variances and the outer residual variances minimized. Finally, case values
for the latent variables are obtained, allowing using Ordinary Least Squares (OLS) to estimate, in a non-
iterative way, the structural model coefficients, the measurement model loadings, mean scores and
location parameters for all variables (M. J. Vilares et al., 2010).

PLS-SEM was the estimation method that become established in marketing and business research
(Fornell & Bookstein, 1982b; Henseler, Ringle, & Sinkovics, 2009). It has been increasingly applied in
marketing assuming a top position estimation method in published articles for several marketing
journals (Henseler et al., 2009). It avoids many of the restrictive assumptions imposed by maximum
likelihood (ML) techniques and ensures against improper solutions and factor indetermination.

When comparing SEM models and PLS and covariance-base methods, theory points several
differences, which were relevant in deciding which method to apply in this research. Covariance-based
methods are more appropriate when indicators follow a multivariate normal distribution, the sample
is large, and independence of observations exists (Clogg & Bollen, 1991). On the other side, PLS works
well with small samples sizes , when assumptions of multivariate normality and interval scaled data
cannot be made, and when the researcher is primarily concerned with prediction of the dependent
variable (Birkinshaw, Morrison, & Hulland, 1995).

Moreover, a research from Vilares and Coelho (2010), comparing the performance of the two kind of
methods, have reveal that globally, PLS estimates were generally better than ML estimates both in
terms of bias and precision and that the PLS approach was very robust both to the inclusion of
formative blocks and skewed data. On the other hand, the ML estimators were much more sensitive
to the various potential deficiencies in data and in the model specification. Finally, PLS has shown a
tendency for overestimation of the outer model and for underestimation of the inner model structure,
while ML method showed exactly the opposite tendency.
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3.2.3. Model Evaluation

The measurement model evaluation was done based on internal consistency, indicator reliability,

convergent validity and finally discriminant validity (F. Hair Jr, Sarstedt, Hopkins, & G. Kuppelwieser,
2014; Hair, Ringle, & Sarstedt, 2011):

1.

Cronbach’s Alpha is an index in reliability analysis and represents a strong tradition in the SEM
community as a measure of internal consistency. Describes the extent to which all the items in
a test measure the same construct and hence it is connected to the inter-relation of the items
within the test. Internal consistency should be determined before a test can be employed for
research, to ensure validity. If the items in a test are correlated to each other, the value of
alpha is increased. A block is considered homogenous if this index is larger than 0.7 for
confirmatory studies. Among several alternative and equivalent formulas, this index can be
expressed as:

> oty COT(X pg, X prg) 2

o= X
Pg+ 2 pip€Or(Xpg,Xprg) Pg—1

where Pq is the number of manifest variables in the g-th block.

Dillon-Goldstein’s better known as composite reliability, meaning that a block is considered
homogenous if this index is larger than 0.7 (Werts, Linn, & Jéreskog, 1974):

. (X,%1 Apg)?
o Pfl Pll ’
(X1 Apg)® + Xyl (1—-22,)

Indicator reliability measures the outer loadings of the indicators, which corresponds to the
contribution that the indicator has for its construct. In other words, measures the relevance
of the indicator when explaining the latent variable.

Convergent validity aims to verify if the latent variable can explain a substantial part of each
indicator’s variance, meaning also that, the variance shared between the construct and its
indicator shall be larger than the measurement error variance. It’s a measure that can
validated trough Average Variance Extracted (AVE) that according to Fornell and Lacker (1981)
is defined by:

¥ A

AVE =
Zﬂ.iz + E(-var(sf)

where /1 is coefficient of the measurement model equation and Si is the equation’s

residual.
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5. Discriminant validity implies that a construct is unique and therefore is capturing a

phenomenon not represented by other constructs in the model

The structural model evaluation was done based on the below steps:

1.

Collinearity assessment measured by tolerance and VIF values had the purpose of verify
possible correlation between the predictor variables.

Path coefficients examination and assessing the significance of the relationships using
bootstrapping, a non-parametric approach to estimate the precision of PLS estimators. It
is generated k samples that allow to calculate k estimations for each model parameter.
Each sample n is generated trough the extraction of similar sample from the original
sample and then it is calculated the significance of the variables.

Coefficient of determination (R?), that represents the amount of variance in the
endogenous constructs explained by all exogenous constructs linked to it.

. SSR _regression sum of squares

T 8sT total sum of squares

9 it |

Effect size (f?) that intends to evaluate a change in the R?value when a specific exogenous
construct is omitted from the model, allowing to understand the substantive impact of the
omitted construct in the endogenous construct.

2 2
fl = Rincluded B Rexclude:l

2
1- R'mdl.u]ud

Blindfolding that instead of directly using the scores of latent variables, it will predict the
construct based on an equation where the loadings are multiplied by antecedent
exogenous constructs. The blindfolding procedure will then compare the original values
with the previous predicted values from the PLS algorithm. The predictive relevance (Q?)
represent a measure of how well the path model can predict the originally observed
values.
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4. RESULTS AND DISCUSSION

Structural Equation Model (SEM) is a estimation method changing the nature of research in marketing
and management by distinguish between the measurement model and structural model, taking error
measurement into account as well (Henseler et al., 2009). Among the two families of SEM techniques,
covariance-based represented by LISREL and variance-based, commonly represented by PLS, the most
appropriated type for this research was variance-based.

PLS-SEM is focused on variance of the endogenous variables, without inference hypothesis neither on
the distribution nor on observation individuality. PLS popularity comes from, in first place, instead of
solely drawing on the common reflective mode, it allows the computation of cause-effect relationship
models for both reflective and formative measurement models (Diamantopoulos & Winklhofer, 2001).
Secondly, it can be used to estimate path models when sample sizes are small (Chin, Wynne, 1999).
Third, PLS path models can be very complex without leading to estimation problems and to conclude,
it can be used when distributions are highly skewed since there is no distributional requirements (Hair
etal., 2011).

Smart PLS 2.0 was the software used for estimating the research model. Initially, measurement model
is discussed and analyzed, and then structural model is tested, according to what was described on
methodologies section of this document.

4.1. MEASUREMENT MODEL

As described in Methodology section (section n2 3) of this document the measurement model was
assessed by internal consistency, indicator reliability, convergent validity and finally, discriminant
validity. As presented in the Table 1, all the constructs have Composite Reliability and Cronbach’s Alpha
index above 0.7 which suggests a correlation between the indicators that are measuring the same
construct (Straub, 1989).

The indicator reliability was assessed based on the criteria that loadings shall be greater than 0.7 and
that loadings below 0.4 should be removed (Hair et al., 2011). In all cases, loadings were above 0.70,
representing the high contribution from the indicators to the construct.

Convergent validity was assessed based on the criteria that average variance extracted (AVE) should
be higher than 0.5 (Hair et al., 2011; Henseler et al., 2009). All the constructs successfully achieved
values above this threshold meaning that, on average, the construct is explaining more than half of the
variance of its indicators. An AVE below 0.5, would contrarily mean that more error was remaining in
the items that the variance explained by the construct.
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Construct Item AVE Composite Reliability CronbachsAlpha Loading t-value
Expectations Q5 A 0.8985 23.7475
Qs_B 0.8136 0.9291 0.8854 0.9194 33.2353

Q5_C 0.8879 23.3024

Image Q4_A 0.8846 24.5907
as_c 0.7678 0.9297 0.8992 0.8575 188114

Q4_D 0.896 27.2862

Q4_E 0.8664 18.9545

Loyalty Q12 1.00 1.00 1.00 1.00 1.00
NPS Q17 1.00 1.00 1.00 1.00 1.00
P.Qua Q6 0.8784 23.0091
Q7_A 0.8962 30.9331

Q7.8 0.7433 0.9455 0.9308 0.8346 13.7883

Q7_D 0.8193 13.3273

Q7_F 0.8782 22.9206

Q7_L 0.8638 18.1994

P.val Q10 0.9097 22.811

0.8583 0.9237 0.8368

Q11 0.9429 60.6585
Satisfaction Q3 0.8828  22.656
Q9 0.7982 0.9223 0.8736 0.9084 30.7155

Q18 0.8888 29.6059

Trust Q19_A 0.966 78.4296
Q19_B 0.9185 0.9713 0.9556 0.9684 79.543

Q19_C 0.9405 38.1841

Table 1 - Quality criteria and factor loadings

Discriminant validity was assessed based on two criteria, Fornell-Larcker and Cross-loadings criteria.

Fornell-Larcker criteria points that the square root of each construct’s AVE should be greater than its

highest correlation with any other construct (Fornell & Larcker, 1981). Cross-loadings criteria points

that the indicator’s outer loading on the associated construct should be greater than all its loadings

on the other constructs (Hair et al., 2011).

According to Table 2, Fornell-Larcker criteria was pointing us relatively approximated values between
Perceived Quality and Satisfaction since AVE’s square root (0.8621) was relatively lower than the
correlation with Satisfaction (0.8640). Table 3, is presenting the correlation between indicators, and
has, however, confirmed the uniqueness of the phenomena, since all the cross-loadings of each

indicator for their construct was bigger than the highest correlation with other indicators.
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Constructs Expectations Image Loyalty NPS  P.Qua P.val Satisfaction Trust

Expectations 0.9020

Image 0.8100  0.8762
Loyalty 0.6487  0.6893 1.0000
NPS 0.6824  0.7255 0.8272 1.0000

P.Qua 0.8381 0.8696 0.7293 0.7634 0.8621
P.val 0.6243 0.6451 0.6805 0.6717 0.6797 0.9264
Satisfaction 0.7794 0.8517 0.7813 0.8287 0.8640 0.6982 0.8934
Trust 0.7512 0.8111 0.7665 0.8299 0.8437 0.6888  0.8715 0.9584

Table 2 - Fornell-Lacker Criterion: Matrix of correlation constructs and the square root of AVE (in
bold).

Expectations Image Loyalty NPS P.Qua P.val Satisfaction Trust

Q10 0.5087 0.5274 0.5608 0.5539 0.5536 0.9097 0.5708 0.5545
Qi1 0.6362 0.656 0.6883 0.6792 0.6927 0.9429 0.7101 0.7073
Q12 0.6487 0.6893 1.0000 0.8272 0.7293 0.6805 0.7813 0.7665
Q17 0.6824 0.7255 0.8272 1.0000 0.7634 0.6717 0.8287 0.8299
Q19_A 0.7201 0.7796 0.7419 0.8033 0.8026 0.6672 0.8477 0.966
Ql9_B 0.7336 0.7849 0.7504 0.8092 0.8184 0.6766  0.8443 0.9684
Q19 _C 0.7059 0.7675 0.7107 0.7732 0.8049 0.636 0.8134 0.9405
Q4_A 0.7314 0.8846 0.6268 0.6489 0.7911 0.5613 0.7849 0.7481
Q4_C 0.6778 0.8575 0.5415 0.5908 0.7277 0.5645 0.6905 0.6849
Q4_D 0.7529 0.8960 0.6656 0.6935 0.7947 0.5852 0.7962 0.7433
Q4_E 0.6724 0.8664 0.5751 0.6042 0.7305 0.5498 0.7068 0.6615
Q5_A 0.8985 0.7452 0.5932 0.6285 0.7495 0.5784 0.7153 0.6939
Q5_B 0.9194 0.7358 0.5881 0.6169 0.7672 0.5636  0.6998 0.6787
Q5_C 0.8879 0.7104 0.5738 0.601 0.7511 0.547 0.6938 0.6599
Q6 0.7882 0.8236 0.6804 0.7034 0.8784 0.6074  0.8377 0.7754
Q7_A 0.7766 0.7895 0.6477 0.6727 0.8962 0.6271 0.7777 0.7611
Q7_B 0.6468 0.6947 0.6146 0.6593 0.8346 0.5446  0.7094 0.7144
Q7_D 0.6893 0.7072 0.5433 0.5702 0.8193 0.5649 0.6518 0.6444
Q7_F 0.7056 0.7406 0.6434 0.6751 0.8782 0.5799 0.7524 0.7472
Q7_L 0.7164 0.7317 0.6348 0.6617 0.8638 0.587 0.7254 0.7136
Q9 0.7132 0.7575 0.6997 0.7297 0.7963 0.6263 0.9084 0.7799
Q3 0.6976 0.7882 0.6579 0.6818 0.773 0.5698  0.8828 0.7253
Q18 0.679 0.7391 0.7335 0.8047 0.7474 0.6714  0.8888 0.8267
MAX 0.7882 0.8236 0.8272 0.8272 0.8184 0.6805 0.8477 0.8299

Table 3 - Cross-loadings criterion

During the analysis, the items Q7_C, Q7_G, Q7_H, Q_J and Q7_K from the construct Perceived Quality
and the item Q4_B from the construct Image were removed, since they didn’t pass the quality criteria
for the measurement model. The removal of this items has greatly improved AVE and R-square and
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therefore, the results obtained. Being the measurement model validated we can move to validate the
latent variables of the structural model.

4.2. STRUCTURAL MODEL

The PLS estimation was done according to SmartPLS recommendations, using 300 as maximum
iterations and applying Mean Replacement Algorithm for missing values. The structural model was
assessed based on collinearity between constructs, the path coefficients and the statistical significance
of those paths, the coefficient of determination, effect size and blindfolding. Concerning collinearity
assessment on Table 4, the threshold varies in the literature between 5 and 10. For this research it was
assumed a VIF threshold of 10, misplacing the existence of correlation between predicting constructs
(O’Brien, 2007). Constructs Statistical Significance

Constructs VIF

Expectations 3,712974824
Image 5,184601142
Loyalty 1,056614264
P.Qua 6,509831363
P.val 2,015949099
Satisfaction 6,298048451
Trust 5,116019859

Table 4 - Multicollinearity — Variance Inflation Factor
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Figure 4 - Structural model results

The model presents, according to Figure 4, reduced coefficient of determination for the latent
variable perceived value, yet, presents a explanation power between 65% and 80% in variables trust,
customer satisfaction and customer loyalty.
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Expectations Trust P.Qua P.Val  Satisfaction Loyalty NPS

Image 0,81 0,81 0,68 0,83 0,40 0,46 0,12
Expectations 0,00 0,00 0,84 0,89 0,58 0,27 0,25
P.Qua 0,00 0,00 0,00 0,41 0,48 0,23 0,21
P.val 0,00 0,00 0,00 0,00 0,17 0,08 0,18
Trust 0,00 0,00 0,00 0,00 0,00 0,36 0,45
Satisfaction 0,00 0,00 0,00 0,00 0,00 0,47 0,44
Loyalty 0,00 0,00 0,00 0,00 0,00 0,00 0,39

Table 5 — Estimations of total effects on the latent variables index

Impact coefficients are measuring the effect on a latent variable due to a unitary variation on another
latent variable. They can assume the type of direct effect, where the effect is directly provided by the
coefficient, and total effect that are the sum of the direct and indirect effects. Table 5 presents the
total effect that each latent variable has on other ones, allowing us to identify the most relevant way
to improve the Net Promoter Score.

By measuring the effect size (f2) we are understanding the substantive impact a construct has
predicting Net Promoter Score. From its application we got a reduction on NPS Coefficient of
Determination to 73.5% removing Loyalty, 77.7% removing Satisfaction and 77% removing Trust,
assuming Loyalty the role of most important variable for Net Promoter Score prediction.

It was also applied blindfolding to assess the predictive relevance (Q?) of Net Promoter Score which
provide the result of 0.7858. Since Q2is above 0, we can then say that NPS have a larger predictive
relevance for the endogenous constructs.

Based on all levels of quality assessment, we can conclude the structural model can be validated.

Constructs T Statistics

Expectations -> P.Qua 14,7062 *==*
Expectations -> P.Val 2,6907 ***
Image -> Expectations 13,2009 ***
Image -> P.Val 6,0827 ===
Image -> Satisfaction 11,3526 ***
Image -> Trust 15,6779 **=*
Loyalty -> NPS 2,9679 ***
P.Qua ->P.Val 1,9701 **
P.Qua -> Satisfaction 3,7466 ***
P.Val -> Satisfaction 1,9753 ==

Satisfaction -> Loyalty 2,9051 ***

*¥¥540,01 Satisfaction -> NPS 2,841 ==
**5<0,05 Trust -> Loyalty 2,1433 **=
*p<0,10 Trust -> NPS 2,7872 #**

Table 6 - Constructs Statistical Significance
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Regarding the statistical significance on Table 6, we can conclude all the interactions have a strong
statistical significance (p<0.01) or (p<0.05) which indicates solid relations among the latent variables.

4.3. RESULTS
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Figure 5 - Average results per company

According to the Figure 5, where is presented the average values per insurance company, we can
identify which of the companies are performing better in each of the latent variables:

e Satisfaction:
o Seguradora C
o Seguradora A
o Seguradora G

o Seguradora C

o SeguradoraD

o Seguradora G
e Loyalty:

o Seguradora C

o Seguradora B

o Seguradora A
e Recommendation:

o SeguradoraF

o Seguradora C

o SeguradoraD

Based on average values for each variable, Seguradora C, Seguradora A and Seguradora D are the ones
with better results. In addition, when considering the remaining information on Figure 6, where is
presented the distribution of detractors, passives and promotors per insurance company and on Figure
7, where is presented the net promoter score (% Promoters - % Detractors) ordered from the best to
the worse insurance company we can obtain the same insights.
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Figure 6 - Distribution of Detractors, Passives and Promotors per company
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Figure 7 - Net Promoter Score per company
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5. CONCLUSIONS

Customer satisfaction and customer loyalty are nowadays one of the biggest concerns of all the players
inthe market and it is a relevant consideration when planning the organization strategy. This is justified
by the fact that, as already proved in theory, satisfied customers turn into loyal customers that turn
into promotors of the products/services and that ultimately generate a strong financial consolidation
and sustainability.

Previous research on the field of customer satisfaction did not fully linked a positive association
between satisfaction, loyalty and trust to net promoter score, especially in the insurance sector. To fill
this research gap, this study implements a distinct model, whose origin comes from the model applied
on ECSI project and that aims to confirm the following hypothesis:

H1 - Image positively affects satisfaction, loyalty and trust
H2 - Expectations positively affects satisfaction, loyalty and trust
H3 - Perceived Quality positively affects satisfaction, loyalty and trust
H4 - Perceived Value positively affects satisfaction, loyalty and trust

The model in Figure 4, explains 80.3% of variation on Satisfaction coming from direct and indirect
effects of Image, Expectations, Perceived Quality and Perceived Value, which we can assume as a very
positive index. According to Table 5, the most relevant construct predicting Satisfaction with a total
effect of 0.58 is expectations, which makes sense, since expectations is related to the prior
consumption experience with the firm’s offering and a forecast of the supplier’s ability to deliver
quality in the future. The role of expectations is important because of the ongoing relationship
between a firm and its clients, such that, expected future quality is critical to overall customer
satisfaction (Fornell, Johnson, Anderson, Cha, & Bryant, 1996). On Loyalty, the model explains 64.1%
of variation being Image the most important construct predicting it, with a total effect of 0.46, a
positive relation also suggested by Sirgy and Samli (1989). On the latent variable Trust, the model
shows an explanation of 65.8% of variation coming from the direct effect of Image of 0.81, also justified
on literature that suggests that the image perceived by the consumer helps to make tangible the
influential factors that are present at the moment of execution of a transaction, diminishing the risk
perceived by the individual and simultaneously increasing the probability of purchase (Lin & Ching Yuh,
2010). Thus, H1, H2, H3 and H4 are validated and confirmed.

H5 - Trust positively affects Net Promoter Score

This hypothesis is confirmed and validated. The variable Trust has a strong effect predicting Net
Promoter Score trough a direct impact of 0.308 and total effect 0.45 trough Loyalty. According to Table
6, trust also presents a strong statistical significance (p<0.01) when predicting NPS.

We can conclude that, in the field of trust, social relationships are no different from business
relationships since people tend to create solid relations and business with organizations they trust. As
a consequence, by assuming trust in the organization they’re more likely to recommend it to other
people (Hsiao, Lin, Wang, Lu, & Yu, 2010).
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H6 — Satisfaction positively affects Loyalty

With a direct impact of 0.47 and a strong statistical significance (p<0.01), we can confirm this
hypothesis saying that the bigger the level of satisfaction the bigger the level of loyalty. This relation
was already proposed in several researches such as Anderson and Fornell (1994); Gummesson (1993);
Heskett et al. (1990); Heskett et al. (1994); Reicheld and Sasser (1990); Rust, et al. (1995); Schneider
and Bowen (1995); Storbacka et al. (1994); and Zeithaml et al. (1990); Nelson et al. (1992) in industries
such as retail banking, health and insurance and in global models such as ACSI and ECSI.

H7 - Satisfaction positively affects Net Promoter Score

Satisfaction appears as one of the most important variables predicting Net Promoter Score with a total
effect of 0.44, confirming past research saying that satisfied customers are more likely to engage in
positive recommendation and therefore turn into promotors (E. W. Anderson, Fornell, & Lehmann,
1994; Athanassopoulos, Gounaris, & Stathakopoulos, 2001). We can also validate this hypothesis.

H8 - Loyalty positively affects Net Promoter Score

This hypothesis is validated and confirmed. Being loyalty a commitment from a person to remain as a
customer of a specific company, it makes sense to also assume that promoters are coming from this
bulk of customers. Before being able to recommend something to others, customers need, in first
place, to feel completely satisfied during the journey they are having with the organization, and only
then they can feel automatically comfortable to recommend it (Serenko & Stach, 2009). Loyalty has
then a determinant role predicting net promoter score with a total effect of 0.39.

Although mature studies such as ECSI or ACSI were already studying effects of customer satisfaction,
few studies have empirically examined the direct effect of satisfaction, loyalty and trust together on
predicting recommendation behavior, being this the most important theoretical contribution of this
research. Along with the remaining customer metrics, the model explains 79,10 per cent of the
variation on net promoter score, demonstrating that the latent variables used, are important
predictors, as already cited in the literature.

This research has also provided valuable insights into the field of studies on experience evaluation and
behavioral intentions. The finding suggests that being able to understand how the customer feels in
relation to an organization’s services or products can be an asset, since we’re able to identify how likely
these customers are to become promotors and of course how confident an organization can feel about
future financial performance in the market. From all the insurance companies included in the data
analysis process, it’s easy to identify that the greater the evaluation on satisfaction, loyalty and trust
the greater the probability of recommendation, which was the case of seguradora C, with a net
promoter score of 34%. This percentage means that, this company will have in the market 34 percent
more customers as promoters than as detractors, which can in first place pass a good image of the
company, increases the trust from the current and potential new customers and finally, facilitates the
acquisition of new customers. The last paragraph reinforces the belief that recommendation plays an
important role in the insurance environment, being an important step to achieve financial
consolidation.
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6. LIMITATIONS AND RECOMMENDATIONS FOR FUTURE WORKS

Despite the effort to provide a complete view and analysis of the variants that can influence net
promoter score, some limitations are recognized.

In first place, since a new theoretical model was being tested, there’s been some problems to identify
previous literature proving the relation between some latent variables, being the case for example of
the direct relation between trust and net promoter score. Our study was already, in this chapter, an
added value for future related works, since, proved this relation.

Secondly, when it turns to assess emotions and attitudes and validating all the hypothesis with
sustainable results, although the data collected was extensive, some other important metrics such as
customer effort score may also have a word to say when in comes to recommendations, especially
when talking about a sector, such as other ones, facing a digital transformation. A digital
transformation implies very demanding online solutions to feed the customers with constant and quick
ways of accessing services or resolving problems. Since customer effort score evaluates how easy it
was to handle a certain issue, it can have a strong impact on net promoter score and perhaps could
strongly increase the percentage of variation. Additionally, it is a variable constantly linked to analysis
in the field of customer satisfaction and net promoter score (Dixon, Freeman, & Toman, 2010).

Firms are also becoming more worried about the customer experience in online shopping but also
more worried about the customer’s journey and from that perspective, it would also be interesting to
study the same phenomena in the future.

Thirdly, the lack of collected data to assess the relation between NPS and financial performance would
clearly turn the study much more complete, because in the business world the goal of measuring all
this metrics is to verify how are they related with customer monetary value.

One last future research direction, which is becoming more and more important is data security. Being
such a complex issue, it goes beyond technology, trustworthiness, location of data stored, data
ownership, the prevalent regulatory and enforcement culture including privacy legislation. It might
have also a word to say and can be worth to pursue.
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8. APPENDIX

Questionnaire

ECs1)

QUESTIONARIO

ECSI Portugal

Instrumento de medida para o Sector dos Seguros
Versao Definitiva

Introducéo (Dados N&o Painel)

Muito Boa Tarde/Noite O meu nome & ... .. e estou a telefonar-lhe em nome do ISEGI (Instituto Superior de
Estatistica e Gestédo de Informacéo) da Universidade Nova de Lisboa que esta a fazer um estudo de Satisfacéo do
Cliente no sector dos Seguros. De modo a garantir a aleatoriedade do estudo, gostaria de falar com alguém no seu
domicilio que seja cliente do sector dos Seguros e tenha 18 anos ou mais. Caso, exista mais do que uma pessoa no
seu agregado familiar nesta situacéo, gostariamos enté&o de falar com a pessoa que tenha a data de aniversario
mais proxima do dia de hoje.

Caso ndo estejamos a falar com a pessoa pretendida, reler a infroducéo anterior.
Caso ja estejamos a falar com a pessoa pretendida, continuar.

O(a) Sr.(a) foi selecionado(a) de modo aleatério e as suas respostas séo totalmente anonimas. Podemos colocar-
Ihe algumas questdes enquanto cliente do sector dos Seguros?
Peco-lhe que concentre as suas respostas na sua propria experiéncia.

Para responder as questdes que lhe vou colocar devera utilizar a escala de 10 pontos. Note que as respostas de 1 a
5 correspondem a uma avaliac&o negativa e de 6 a 10 a uma avaliagdo positiva.

Se nao tiver qualquer expenéncia ou opinido acerca de uma questdo especifica, pode responder que n&éo tem
experiéncia ou que nédo sabe.

Introdugédo (Dados Painel)

Muito boa tarde/noite. O meu nome & ... e estou a telefonar-lhe em nome do ISEGI (Instituto Superior de Estatistica
e Gestdo de Informacéo) da Universidade Nova de Lisboa que esta a fazer um estudo de satisfacdo do cliente do
sector dos Seguros. Poderia falar com o Sr.(a) , por favor?

Caso ndo estejfamos a falar com a pessoa pretendida, ler texto A e sequir para o texto B.
Caso ja estejamos a falar com a pessoa pretendida, ir directamente para o texto B.

Texto A

Muito boa tarde/noite. O meu nome & ... .. e estou a telefonar-lhe em nome do ISEGI (Instituto Superior de
Estatistica e Gestéao de Informacéo) da Universidade Nova de Lisboa que esta a fazer um estudo de Satisfacdo do
Cliente no sector dos Seguros.

Texto B

O Sr.(a) participou ha um ano neste estudo e disponibilizou-se para voltar a ser contactado este ano a
fim de participar novamente.

As suas respostas séo totalmente anonimas. Podemos colocar-lhe algumas questfes enquanto cliente do sector
dos seguros?

Peco-lhe que concentre as suas respostas na sua propria experiéncia.
Para responder as questdes que Ihe vou colocar devera utilizar a escala de 10 pontos. Note que as respostas de 1 a
5 correspondem a uma avaliac&o negativa e de 6 a 10 a uma avaliagéo positiva.

Pdg. 1
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Se néo tiver qualquer experiéncia ou opinido acerca de uma questdo especifica, pode responder “nenhuma
experiéncia” ou “nédo sei”.

CRITERIOS DE QUALIFICACAQ:

Q0a O(a) Sr/Sra. é funcionario(a) de alguma instituicdo seguradora?’

1] Sim - Passar aos agradecimentos. Terminar a entrevista
2 [1 Nédo = Siga para a questéio Q1.

Q1 De que Companhia de seguros é cliente? (Para o entrevistador: néo leia a listagem a seguir)
25 [] Combined Insurance (ACE) 16 ] Medis

4 [0 Acoreana 24 ] Multicare
230 Alico/MetLife 8 [ Ocidental
5[] Allianz Portugal 10 [] OKI Teleseguros
9] Axa 6] Real
2 [ Fidelidade Mundial 11 [0 Seguro Directo/ Direct
17 0 Generali 3 [0 Tranquilidade/T-Vida
1[0 Império Bonanca 26 [0 Via Directa
14 ] Liberty 22 [] Victoria Seguros
130 Lusitania 7 Zurich
19 [] Mapfre Sequros Gerais 12 [] Outros. Quais?

Nota para o entrevistado: A partir de agora as questées que Ihe irdo ser colocadas dizem respeito apenas & “Companhia de
sequros”

Q2 Ha quantos anos é cliente da “Companhia de seguros”

O (meses)
0] (anos)
1] 99 N&o sabe/ndo responde

Q0b Que tipo(s) de seguro(s) possui na “Companhia de seguros”?°

1 Seguro Vida*

2 [] Seguro de Saude

3 [ Seguro Automavel

4[] Seguros Multirriscos Habitagéo
5[ Acidentes pessoais

9] Outros. Quais?

Se respondeu 1 na Q0b, responder @ Q0c. Caso contrano, siga para a QO0h.

Q0c O seu seguro de vida esta associado a que fins?”

1 [] Crédito Habitac&o

2 [ Capitalizac&o/Investimento

30 PPR

50 Crédito Pessoal

6 [] Proteccdo de vida (do proprio ou dos seus familiares)
4 [ Outros. Quais?

1 Nota para o entrevistador: Excluem-se os colaboradores das seguradoras, os colaboradores de instituigdes financeiras gue distribuem
seguros, assim como os mediadores/corretores de seguros.
2 Substituir a expressdo “Companhia de seguros” pela respetiva companhia de seguros a quem pertence o ficheiro de clientes de onde &
selecionado o potencial entrevistado caso assinalada na Q1. Caso contrario, a expressdo “Companhia de seguros™ é substituida pela
companhia de seguros escolhida aleatoriamente entre as opgles assinaladas na Q1.
3 Permite resposta multipla.
40 seguro vida inclui PPR, produtos financeiros e de risca.
5> Permite resposta miltipla.
Pig. 2
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Se respondeu Q0c=2 ou Q0c=3, responder 4 Q0f. Caso contrario, siga para a Q0d.
Se respondeu 2 na Q0b, responder & Q0h. Caso contrario, siga para a Qla

QO0h Como utiliza, mais frequentemente, o seu seguro de saude?

1] Através de rede convencionada
2 [] Como seguro de reembolso
30 Misto

QO0i Quem é responsavel pelo pagamento do prémio?®

1[0 O proprio
2 [] Entidade patronal

QO0j A cobertura do seu seguro inclui?
1] Apenas o proprio
2 [] Outros elementos do agregado familiar (incluindo o proprio)

QOk Da red? de prestadores e dos servigos disponibilizados pelo seu seguro de salde quais os servigos utilizados no
ulimo ano?

1 [ Consultas médicas

2 [ Servicos de urgéncia

3 [ Centros e meios complementares de diagnéstico
4 [] Centros de fisioterapia

5 [ Lojas de optica

7 O Internamento

8 [] Estomatologia

6 ] Nenhum dos anteriores

QO0I Quantas vezes contactou a linha de atendimento a clientes no ultimo ano?

0[] Nenhuma
10 1vez
2[1] 2vezes
30 3a5vezes
4[] mais de 5 vezes
99 [] (N&o Sabe/ N&o Responde)

Caso tenha respondido na Q0I pele menos 1 vez, responder a Q0m. Caso contrario, passar paraa Qla.

QOm Para que fins contactou a linha de atendimento a clientes no ultimo ano?

1] Informacéo sobre rede de prestadores convencionados
2 [] Pedidos de reembolso /plafonds

3 [] Solicitar pré-autorizactes

4 [ Aconselhamento médico ou pedido médico ao domicilio
5[ Qutras. Quais

& Permite resposta multipla.
7 Permite resposta maltipla.
Pag. 3
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Q1a Acionou algum dos seus seguros na “Companhia de seguros” no ultimo ano, isto &, participou algum sinistro|
lou solicitou o reembolso de alguma despesa, ao abrigo da(s) apdlice(s) que possui?

1 [0 Sim (siga para a Q1d)
2 [] Néo (siga para a Q2)

[Q1d A participagio referia-se a que tipo de seguro(s)?®

Habitacédo

Automovel (inclui camo e mota)

Internamento

Ambulatorio .

Coberturas adicionais (por exemplo: Prateses, Orteses, Estomatologia)
Seguro Vida (Invalidez/Morte)

Resgate de PPR ou outro produto financeiro de Vida

Qutra. Qual?

P~ BN =
([ [ o

Responder a Qle, se respondeu 2 na Q1d. Caso contrario, passar para a Q2b.

Q1e A participagao de sinistro foi efectuada ao abrigo da cobertura de danos proprios?
1] Sim
2] Nao

Responder a Q1f, se respondeu 2 na Qle. Caso contrario, passar para a Q2b.
Q1f O sinistro foi tratado pela sua “Companhia de seguros”?

10 Sim
2] Nao

Qzb O contacto com a “Companhia de seguros™, na maioria dos casos é estabelecido por:

1 [ Telefone (incluindo Call Center)
2 [ Pessoalmente

30 Fax

4[] Correio eletrénico/ Internet

5 Correio

6 [J Outro. Qual?

Q2a O contacto com a “Companhia de seguros”, na maioria dos casos é estabelecido com:

1 [] a Companhia de seguros
3 [ o Mediador/Corretor

4[] o Balcao de um Banco
5[] Nunca contactou

Q3 SATISFAGAO GLOBAL
Considerando toda a experiéncia com a “Companhia de Seguros”, qual & o seu grau de satisfacfo? Use a escala de 10
pontos onde 1 significa “muito insatisfeito” e 10 “muito satisfeito”.

| | o | o o | O O a (|
1 2 3 4 5 6 7 8 9

¥ Permite resposta miltipla.
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Q4 IMAGEM *
Vou passar a ler um conjunto de afirmaces sobre a “Companhia de seguros”. Para cada uma, indique por favor em que medida
concorda ou discorda, usando a escala de 1 a 10 onde 1 significa “discordo totalmente” e 10 “concordo plenamente”.

a) E uma companhia de seguros de confianca [ [} | [} 1 | | | [ |
relativamente ao que diz e faz 1 2 3 4 5 §] T 8 9 10 99

b) E estavel e esta perfeitamente implantado O O O O O O O O O a O
no mercado. 1 2 3 4 5 6 7 8 9 10 99

c) Contribui positivamente para a Sociedade O O O o o O o O O 0O O
1 2 3 4 5 6 T 8 9 10 99

d) Preocupa-se com os seus clientes O O o oo o 0O o 0O oo o O
1 2 3 4 5 6 7 8 9 10 99

e) E inovador e virado para o futuro O 0o o o o o o o o g a
1 2 3 4 5 6 T 8 9 10 99

Qs EXPECTATIVAS SOBRE A QUALIDADE GLOBAL DA SUA COMPANHIA DE SEGUROS

Qb5a) Agora peco-lhe que pense nas expectativas que tinha sobre a "Companhia de seguros” ha seis meses atras ou
quando se tornou cliente. Usando a escala onde 1 significa "muito baixas” e 10 significa "muito altas”, como dassifica as
suas expectativas relativamente a qualidade global da "Companhia de seguros™

O a ([l (Il ([l (Il O O a O (Il
1 2 3 4 5 6 7 8 9 10 99
Q5b) Continuando a usar a escala de 1 a 10, onde 1 significa "muito baixas" e 10 significa "muito altas", qual era a sua
expectativa, ha seis meses, relativamente a capacidade da "Companhia de seguros” em oferecer os produtos e servigos
que satisfizessem as suas necessidades pessoais?

O O O O O O O O O O O
1 2 3 4 5 6 7 8 9 10 99
Q5c) Continuando a usar a escala onde 1 significa "muito baixas™ e 10 significa "muito altas”, qual era a sua expectativa
hé seis meses atras relativamente & capacidade da “Companhia de seguros” em evitar falhas ou erros?

O O | | | | a O O O |
1 2 3 4 5 6 7 8 9 10 99

Q6 QUALIDADE GLOBAL APERCEBIDA
Considere toda a sua experiéncia recente com a “Companhia de seguros”. Utilizando a escala de 1 a 10, onde 1 significa
"muito ma" e 10 significa "muito boa”, como classificaria a qualidade global da “Companhia de seguros™?

a | | | o (| a g d | g
1 2 3 4 5 6 7 8 9 10 99

® Nota para o entrevistador. proceder a rotacio dos items.
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Q7 QUALIDADE APERCEBIDA DOS PRODUTOS E SERVICOS™
Utilizando, novamente, a escala onde 1 significa "muito ma" e 10 significa "muito boa”, vou colocar-lhe algumas questies
sobre a sua experiéncia atual com os produtos e servicos da “Companhia de seguros™
Como classificana a....

a) Qualidade dos produtos e servicos o 0o o o o o o o o d O
oferecidos, isto &, dos produtos que possui 1 2 3 4 5 3] T 8 9 10 99
na “companhia de seguros” e servicos
associados aos mesmos.

b) Atendimento e capacidade de o o o o o ad o 0O o 0O O
aconselhamento (ex' competéndia, 1 2 3 4 5 3] T 8 9 10 99
profissionalismo, disponibilidade de fungdes
de apoio, etc.)

¢) Acessibilidade por via das novas o o o o o ad o 0O o 0O O
tecnologias (ex” servico telefonico, 1 2 3 4 5 3] T 8 9 10 99
Internet, etc.)

d) Diversidade de produtos e servigos (ex: O O O O O O O O O d O
capacidade da companhia de seguros em 1 2 3 4 5 5] T 8 9 10 99
oferecer servigos e produtos gue
correspondem as necessidades do cliente)

1) Fiabilidade dos produtos e servigos O d O O O O O O O d O
oferecidos (ex: as suas instrucdes 1 2 3 4 5 5] T 8 9 10 99
permanentes séo correctamente
processadas, auséncia de erros por parte
da agéncia, etc.)

f) Clareza e transparéncia na informagéao ] ] [l ] ] [l | ] o 0 |
prestada 1 2 3 4 5 3] T 8 9 10 99

g) Disponibilidade das
agéncias/sucursais/balcoes (ex tempo de
espera, horario de atendimento, O O O O O O O O O O O
acessibilidade das agénaias, etc.) 1 2 3 4 5 6 7 8 9 10 99

h) Qualidade das o o o o o ad o 0O o 0O O
agéncias/sucursais/balcoes (ex 1 2 3 4 5 3] T 8 9 10 99
organizacéo do espaco, boas instalaces,
etc)

j) Qualidade do atendimentotelefonico(por [1 [ O O O O O O 0O O O
exemplo, horario de atendimento e tempo 1 2 3 4 5 3] T 8 9 10 99
de espera para ser atendido.)

k) Qualidade do site da “Companhia de o o o o o d o O o 0O O
seguros” (por exemplo, faclidade de 1 2 3 4 5 5] T 8 9 10 99
navegacéo e boa organizacéo da
informacéo)

19 Nota para o entrevistador: proceder a ratacio dos items
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Responda a Q7m se a pontuagdo da Q1a for igual a 1, caso contrario siga para a questdo Q7n.

Q7m

PARTICIPAGAO NA COMPANHIA DE SEGUROS
Como avalia a forma como a sua mais recente participacéo de sinistro/ pedido de reembolso ou comparticipacéo na
“Companhia de seguros” foi resolvida. Use a escala onde 1 significa "muito mal resolvida” e 10 significa "muito bem
resolvida".
O O g O | O O | | O O

1 2 3 4 5 6 7 8 9 10 99

Responda a Q7n se a pontuagao da Q1a for diferente de 1, caso contrario va para a questdo Q9.

Q7n PARTICIPAGAO NA COMPANHIA DE SEGUROS
Imagine que tem neste momento uma participacéo de sinistro/ pedido de reembolso ou comparticipacéo a fazer junto &
“Companhia de seguros”. Em que medida pensa que a sua participacéo de sinistro seria resolvida? Use a escala onde 1
significa "muito mal resolvida” e 10 significa "muito bem resolvida”
([l (| U (| L ([l L ([l ([l (| U
1 2 3 4 5 6 7 8 9 10 99
Q9 REALIZAGAO DAS EXPECTATIVAS
Tendo em conta as expectativas referidas anteriormente e a experiéncia recente com a “Companhia de seguros”, até que
ponto considera que este realizou as suas expectativas? Utilize a escala onde 1 significa "muito menos que o esperado”
e 10 significa "muito mais do que o esperado”.
(Il O (Il | O (Il (| ([l ([l (| O
1 2 3 4 5 6 7 8 9 10 99
Q10 VALOR APERCEBIDO
Dada a qualidade dos produtos e servigos oferecidos pela “Companhia de seguros”, como cdlassifica os precos que tem
de pagar por eles? Utilize a escala onde 1 significa "precos muito elevados dada a qualidade” e 10 significa "precos
muito baixos dada a qualidade”.
(Il O (Il (| O O O ([l O (| a
1 2 3 4 5 6 7 8 9 10 99
Qn VALOR APERCEBIDO
Dado o preco que paga, como classificaria a qualidade dos produtos e servigos oferecidos pela “Companhia de
seguros™? Utilize a escala onde 1 significa "qualidade muito ma tendo em conta os precos " e 10 significa "qualidade
muito boa tendo em conta os precos”.
([l (| U (| L ([l L ([l ([l (| U
1 2 3 4 5 6 7 8 9 10 99
Q12 LEALDADE

Se tivesse de adquirir um novo seguro, qual a probabilidade de voltar a escolher a “Companhia de seguros” atual? Utilize
a escala onde 1 significa "muito improvavel” e 10 significa "muito provavel”

O O O O O O O O | O O
1 2 3 4 5 6 7 8 9 10 99
Pag. 7
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Q13  SENSIBILIDADE AQO PREGO"!

precos de forma a que o Sr(a) decidisse mudar de Companhia de seguros?
(por exemplo: se paga 2500 euros/ano de sequro e passar a pagar 400 euros/ano diminuiu o prego em 20%)

000 %
222 = N&o interessa, ficarei sempre com a Companhia de seguros
999 = N&o sei

Suponha que outras Companhias de seguros decidem baixar os seus precos, mas a “Companhia de seguros”
permanece com o nivel atual. Em que percentagem as Companhias de seguros concorrentes teriam de baixar os seus

Q13a No caso de decidir abandonar a “Companhia de seguros”, por que Companhia de seguros a substituiria?

250 Combined Insurance (ACE) 16 0 Médis

4[] Acoreana 24 [ Multicare
23 [ Alico/MetLife 8] Ocidental

5[0 Allianz Portugal 10 ] OKlteleseguros

9] Axa 6] Real

2 [0 Fidelidade Mundial 11O Seguro Directo/ Direct
17 [0 Generali 3 [0 Tranguilidade/T-Vida
1 Império Bonanca 22 [] Victoria Seguros
14 ] Liberty 26 ] Via Directa
130 Lusitania 70 Zurich
19 [0 Mapfre Seguros Gerais 120 Outros. Quais?
88 [0 Nenhum 99[] N&o sabe/N&o responde

Q13c PRODUTOS ADICIONAIS
Pretende, nos proximos seis meses, adquinir outros seguros diferentes dos que possui atualmente?

107 ...Sim = Q13c_Qual Qual/quais?
2[] .. .Nao
991 .. N&o sabe/ Nao responde.

Se respondeu 1 na Q13c, responder 4 Q13d. Caso contrario, siga para a Q14.

Q13d PRODUTOS ADICIONAIS
Pretende adquirr outros seguros:

1 [ ...Na Companhia de seguros atual
2 [ ...Noutra Companhia de seguros.
3 [O..Ambos.

! Entrevistador - exemplos de percentagens - 1 ou 2%, 5%, 10%, 15%, 20%, 25%, 30%, 35%, 40%, 45%, 50% . +50%
Pig. 8
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Q14  RECLAMAGOES
Apresentou alguma reclamacao verbal ou por escrito relativamente aos seguros que tem na “Companhia de seguros” no

ultimo ano?
1 [ Sim
2 [ Nio

Se respondeu 1 na Q14, responder a Q14a. Caso confrano, siga para a Q16.
Q14a Sob que forma apresentou a sua reclamagéo?

1 [ Telefone (incluindo Call Center)
2 [ Pessoalmente

30 Fax

4 [ Correio eletrénico/Internet

5[ Correio

6 [] Outra forma . Qual?___

Q14b Qual (ais) o(s) motivo(s) pelo(s) qual(ais) apresentou a reclamagao? ** (resposta espontanea)
1] Exclusé&o de sinistro que o cliente considerava coberto pelo contrato

2[] Valor da indemnizac&o inferior ao desejado

3 [0 Demora na regularizacéo de sinistro/no pagamento do pedido de resgate

4[] Atendimento deficiente da companhia de seguros

5[] Complexidade processual na regularizac&o do sinistro

6 ] Elevado valor do prémio de seguro

7 [ Indisponibilidade do veiculo de subsfituicdo na categonia contratada

8 [] Dificuldade em contactar a companhia de seguros para esclarecimentos
10 Informacéo deficiente por parte da companhia de seguros

9 Outros. Quais?

Responda 4 Q15 se a pontuagdo da Q14 for igual a 1, caso contrario va para a questéo 16.

Q15 RECLAMAGOES
Como avalia a forma como a sua mais recente reclamacéo foi resolvida? Use a escala onde 1 significa "muito mal
resolvida™ e 10 significa "muito bem resolvida”.

[ | (| [ U | | | | (| (Il
1 2 3 4 5 6 7 8 9 10 99

[] &8 (reclamag 3o no resolvida)

Responda a Q16 se a pontuacéo da Q14 for igual a 2, caso contrario va para a questdo 17.

Q16 RECLAMAGCOES
Imagine que apresenta uma reclamacéo & “Companhia de seguros” devido & qualidade dos seus produtos ou servicos.
Em que medida pensa que a sua reclamacéo sena resolvida? Use a escala onde 1 significa "muito mal resolvida" e 10
significa "muito bem resolvida”.
[l O O O [l [l [l O O O O
1 2 3 4 5 6 7 8 9 10 99

Q17 RECOMENDAGAQ
Se um amigo ou colega Ihe pedisse um conselho, qual a probabilidade de recomendar a “Companhia de seguros” Utilize
a escala onde 1 significa "muito improvavel” e 10 significa "muito provavel”

| U U U | | | | | U U
1 2 3 4 5 6 7 8 9 10 99

12 permite resposta mulfipla.
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Q18

A COMPANHIA DE SEGUROS IDEAL

Peco-lhe agora que imagine uma companhia de seguros ideal. Em que medida a “Companhia de seguros” se aproxima
deste ideal? Ulilize a escala onde 1 significa "muito longe do ideal" e 10 significa "muito perto do ideal”.

a O O d | | | | g O O
1 2 3 4 5 6 7 8 9 10 99
Q19 CONFIANGA

Para cada uma das afirmacdes seguintes, indigue por favor em que medida concorda ou discorda usando a escala de 1
a 10, onde 1 significa “discordo totalmente” e 10 “concordo totalmente”

a) Emtermos globaistenhoplenaconfianca [ [ O O O 0O O 0O O O
na “Companhia de seguros”. 1 2 3 4 5 6 7 8 9 10 99

b) Tenho plena confianca na capacidade da O O o o o O O O O O O
“Companhia de seguros” fornecer um 1 2 3 4 5 6 7 8 9 10 99
servico de qualidade e adaptado as minhas
necessidades.

c) A“Companhia de seguros” trata-me O O o o o odg o 0O 0O O
sempre de uma forma honesta. 1 2 3 4 5] [ 7 8 9 10 99

Pdg. 10
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CARACTERISTICAS DO ENTREVISTADO

B1 Género do entrevistado (Nao perguntar)

1 [ Feminino
2 [ Masculino

(em caso de revelagéo recusada, usar codigo 9)

B2 Por favor indigue o ano do seu nascimento
(55 significa que nasceu no ano de 1955, efc )

Ano de nascimento: 1901

(em caso de revelacéo recusada, usar codigo 99)

B4 Por favor indique o distrito e concelho onde habita

Distrito:
Concelho:

B5 Qual das seguintes descricoes se adequa a sua situagao atual?
Empregado.... R
Desempregado .

)
Estudante ... _..[] 3 (saltar para B8)
Doméstico . ... 4 (saltar para B8)
Reformado. ... 5 (saltar para B7)
Outra ... ..ade

B6 Tendo em conta a sua situagdo &:

Patrdio. .1
Trabalhador por conta propna ... g2
Trabalhador por conta de outrem 43
Outra .. L4

Pig. 11
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B7a Qual a sua profissdo? "
(indicar o grupo profissional de acordo com a tabela de profissdes e grupos profissionais)

Membro dos corpos legislativos, diretor/ quadro dmgente de empresasfda fungao publlca O
Profisséo intelectual ou cientifica .. s ...D
Profissdo técnica intermédia |
Empregado administrativo . O
Empregado de servigos de pmlegao ou seguranga de semgos pessoals ou domeéstico ou simil

Trabalhador da agricultura ou da pesca
Trabalhador da industria ou artes&o.
Operador de instalacGes industriais ou maqumas fixas, condutor ou montador..
Trabalhador nfo qualificado da agncultura, industna, comércio ou servicos ..
Forcas armadas
NS/NR

B7 Qual a sua profissédo? _
(indicar a profissdo de acordo com a resposta do entrevistado)

B8 Qual o seu nivel de instrugéo escolar? *

Néo sabe Ler e Escrever .. e
Sabe Ler e escrever sem possmr grau de ensmo

Ensino Basico 1° Ciclo (4 anos)
Ensino Basico 2° Ciclo (2 anos) ...
Ensino Basico 3° Ciclo (3 anos) .
Ensino Secundario ...
Ensino Pos-Secundano
Licenciatura.............................
Pos-Graduacéo, Mestrado ou Doutoramento.
NS/NR

0000000000
LBoovooswn=

B9 Deseja fazer algum comentario ou deixar alguma sugestao?

Obrigado pelas suas respostas!

B10

Este estudo é realizado anualmente. Podemos voltar a contacta-lo{a) daqui a cerca de um ano?
1 [OSim Pode entdo dizer-me o seu nome?
2 [ Néo

Muito obrigado.

Termine a entrevista.

Y3 Nota para o entrevistador: esta pergunta ndo deve ser lida.
Y Deve ser assinalado o dltimo grau completo do entrevistado
Pdg. 12
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