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ABSTRACT 

This thesis explores the area of behavioral finance and examines the relationship between social 

metrics and a reduced disposition effect (DE) on the social trading platform Wikifolio. The study 

leverages datasets of trading activity from 2023 and uses linear regression to analyze how 

realized profits interact with social metrics. The results show that more followers and better 

rankings, as forms of active attention and social validation, play a crucial role in mitigating DE. 

In contrast, higher AUM and page visits appear to be influenced by external factors unrelated 

to dispositional tendencies. Moreover, the study confirms the crucial role of transparency in 

rational decision-making, as increased visibility across different wikifolio phases gradually 

reduces DE. These findings contribute to understanding how social trading dynamics and the 

phenomenon of ‘wisdom of crowds’ affect behavioural biases in financial markets. 

Keywords: Behavioral Finance, Social Metrics, Disposition Effect, Social Trading Platforms, 

Wikifolio, Wisdom of the Crowd 
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I. INTRODUCTION 

The disposition effect (DE) is a behavioral bias, describing the irrational tendency of traders to 

sell profitable investments too early while holding on to loss-making ones (Shefrin and Statman 

1987). With the emergence of financial innovations like social trading, the study of DE has 

gained renewed importance (Gemayel and Preda 2018). Social Trading Platforms (STPs) com-

bine financial trading and social media features, creating a transparent and interactive trading 

environment. In this setting, traders operate under constant real-time scrutiny, where poor per-

formance can immediately harm their reputation as credible traders on the platform. Under-

standing how these social factors induced by the nature of STPs interact with DE is critical to 

identifying the behavioral drivers of traders. 

Despite significant research on STPs, findings on the relationship between transparency and 

DE are inconsistent. On platforms like Zulutrade, eToro and MyForexBook, transparency ap-

pears to increase dispositional behavior, possibly due to heightened self-consciousness or pres-

sure to conform (Glaser and Risius 2018; Heimer 2016; Hofman and Pelster 2018). In contrast, 

the opposite effect appears to apply on the Wikifolio platform, where greater public scrutiny 

correlates with a reduction in DE (Lukas and Eshraghi 2017). This discrepancy makes it clear 

that further research is needed to investigate the underlying mechanisms and analyze platform-

specific factors in more detail. 

This thesis uses data from Wikifolio, a leading STP characterized by its unique transparency 

features. The aim is to investigate whether social metrics, a term used to describe the specific 

social aspects of Wikfolio chosen for this work, can act as corrective mechanisms by encourag-

ing more rational trading behaviour and ultimately reducing DE. This study specifically focus-

ses on page visits, follower counts, rankings, and AUM to reflect different states of attention 

and social validation. While prior studies often relied on a single metric, such as followers or 
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AUM, this thesis tries to adopt a more comprehensive approach by incorporating multiple plat-

form-specific factors.  

By examining the relationship between transparency attention, social validation, and DE, this 

research contributes to the field of behavioral finance, offering new insights into how crowd 

dynamics alter trading decisions in digital financial environments. This study also addresses a 

critical gap in the literature by providing a detailed analysis of Wikifolio’s specific mechanisms, 

advancing the understanding of STPs and their influence on trader behavior. 

II. THE DISPOSITION EFFECT 

The DE is a behavioral bias characterised by the tendency of investors to sell winning invest-

ments prematurely while holding on to loss-making investments for too long. The DE was first 

identified by Shefrin and Statman (1985) and can be derived from aspects of Prospect Theory, 

which explains that individuals give more weight to losses than gains, leading them to avoid 

realising losses and sell gains early (Kahneman and Tversky 1979).  

Several theories attempt to explain the psychological and situational factors behind the DE, 

including mental accounting (Thaler 1999), realization preference (Barberis and Xiong 2012) 

and cognitive dissonance (Barber and Odean 2001) and overconfidence (Deaves, Lüders and 

Luo 2009). Extensive research has confirmed the presence of DE in various asset classes, in-

cluding equities (Odean 1998), commodities (Locke and Mann 2005) and foreign exchange 

(Glaser and Weber 2007). These studies also highlight demographic and situational factors that 

alter DE, such as gender, age and market conditions, with increased volatility often increasing 

loss aversion (Breitmayer, Hasso and Pelster 2019; Brown, Dacin, Pratt and Whetten 2006; 

Coval and Shumway 2005; Da costa et al. 2012; Dhar and Zhu 2006). Understanding the impact 

of the DE is critical as this type of behavioral bias delays necessary price adjustments to new 
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information (Frazzini 2006), affects returns and ultimately impacts investor wealth (Seru, 

Shumway and Stoffman 2009).  

III. SOCIAL TRADING PLATFORMS  

STPs represent a significant innovation in the financial sector by combining traditional trading 

mechanisms with the interactive features of social media (Liêu and Pelster 2020). Prominent 

examples of STPs include eToro—the first to launch in 2007—along with Zulutrade and Wiki-

folio.  

On these platforms, two primary types of users exist: traders, often referred to as leader traders, 

who publish their strategies and share their investment insights, and users who can fully observe 

the traders' activities and, when interested, become followers and replicate a trader’s activity 

(Gemayel and Preda 2018). This replication process, often referred as to copy trading, is central 

to many STPs. In copy trading, the trader’s activity is automatically mirrored in the followers' 

accounts in proportion to the amount they choose to invest (Gemayel and Preda 2018). The 

exact manner, how followers follow the investment decisions of leader traders, however, 

strongly depends on the individual STP. Similar to social media platforms, social trading works 

on the principle of full transparency, meaning that trading decisions are made public and fol-

lowers can continuously observe their trading activities, and performance, allowing for real-

time observation and engagement (Liu, Yang, and Tan 2022).  

Specifically, STPs create an interactive environment through social networking features such 

as followers, transparent user profiles, public activity and sharing of trading strategies with the 

platform, direct messaging, comments and likes. Although there is no direct transfer of capital 

between traders and followers, the trader’s decisions influences the investment outcomes of 

their followers, drawing parallels to the role of a portfolio manager (Doering and Paul 2015).  
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Figure 1 presents the general architecture of an STP, illustrating how the platform integrates 

trading activity with social interaction and investor engagement (Glaser and Risius 2018). 

While the link between followers and leader traders and the concept of full transparency applies 

to nearly all STPs, they differ significantly in their key characteristics, including trading 

approaches, social interaction, performance transparency, performance tracking tools, product 

offerings, fee structures, user diversity, geographic reach, and compensation models.  

IV. SOCIAL TRADING PLATFORM USED IN ANALYSIS 

The platform analyzed in this study is Wikifolio, a Vienna-based STP that enables private and 

professional investors, as well as media companies, to create and manage up to eight portfolios, 

termed "wikifolio”. The investment universe spans over 520,000 stocks, Exchange-Traded 

Products, funds, investment certificates and leveraged products. The number of investable 

wikifolios has reached circa 10,000 on the platform. A wikifolio is a virtual portfolio in which 

traders simulate real trading strategies by managing virtual assets, i.e. assets are not actually 

bought or owned (Wikifolio 2024).  

Upon successful completion of three key phases, the wikifolio can be converted into an invest-

able index certificate. In the first phase, the so-called test phase, the trader creates a model 

portfolio based on a specific trading idea that is only visible to them. Once the trader decides 

to transition to the published phase, they will share the wikifolio publicly with platform users. 

However, it will not yet be a financial product to invest in. If the wikifolio has a term of at least 

21 days, receives capital commitment of €2,500 and is bookmarked by at least 10 traders, it can 

become tradable. After a verification process of the trader, the portfolio becomes an index cer-

tificate, receives an ISIN and can be traded similar to an ETF on Stuttgart Stock Exchange, with 

prices provided by Lang & Schwarz. The index certificate is  a financial product issued by Lang 

& Schwarz and tracks the performance of the assets in the wikifolio. Figure 2 displays the entire 
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creation of an open-index certificate, illustrating the interplay between traders, followers, Wik-

ifolio, the Stuttgart Stock Exchange, and Lang & Schwarz. 

As far as commitment in a wikifolio is concerned, the followers do not copy the trades directly 

in real time, but invest in the certificates that reflect the overall performance of the entire wik-

ifolio. Moreover, followers have the option of buying and selling a wikifolio certificate via their 

bank or online broker. Additionally, platform users might range from casual spectators inter-

ested in watching a trader's strategy and learning from their actions to actual investors. When a 

user decides to become a follower of a specific wikifolio, it does not always imply that they 

would make financial contributions to it. It indicates that users are interested in or support the 

trader's performance or strategy. Following a wikifolio, like following someone on social me-

dia, allows to track the trader's performance and updates without having to invest money di-

rectly. Investing in a wikifolio necessitates additional steps, including the acquisition of a wik-

ifolio certificate, which is issued as an exchange-traded instrument (Wikifolio 2024).  

The performance of a wikifolio is determined by the proportional performance of the underlying 

securities held in the wikifolio, net of any applicable fees. Consequently, the performance of 

the wikifolio certificate is aligned with that of the wikifolio itself. Traders profit as soon as at 

least 10,000 euros are invested in a corresponding wikifolio certificate. Traders earn money 

through a performance bonus, which is linked to a performance fee (between 5 and 30 %) that 

they set themselves when creating their portfolio. The performance bonus is paid when the 

portfolio reaches a new high (Wikifolio 2024). This approach was chosen because, rewarding 

traders with a share of the profits generated for their followers can incentivize excessive risk-

taking, as traders benefit from the profits but are not liable for the losses. To mitigate this, 

Wikifolio uses High-Water Marks (HWM), whereby performance fees are only collected when 

traders exceed their previous profit peaks. This structure discourages excessive risk-taking and 
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prioritizes consistent, long-term performance over short-term gains (Pangeas and Westerfield 

2009).  

Similar to other STPs, Wikifolio is characterized by social aspects. Every user has the oppor-

tunity to view the overall performance of a wikifolio since its creation as well as the perfor-

mance over various time periods and the average annual performance. In addition, key risk 

figures such as the maximum possible loss and the liquidity of the certificates are displayed. 

Performance indicators such as the HWM and the Sharpe Ratio are also available. Figure 3 

provides insight into the trader overview that users can access upon clicking on a specific trader. 

In addition, traders are scored with “Wikifolio Points”, which are calculated daily based on 13 

criteria such as trading activity, community engagement, media reputation and performance. A 

higher Wikifolio score means a higher ranking of a wikifolio on the Wikifolio leaderboard. High-

performing wikifolios receive more visibility and tend to attract more followers (Wikifolio 

2024). The way the ranking is displayed on the platform is shown in Figure 4 and the detailed 

ranking criteria are shown in Table 1. In addition, Wikifolio allows traders to comment on their 

own trading activities or general market observations. Unlike other STPs, this communication 

is unidirectional, i.e. followers cannot comment on traders' activities. 

V. DISPOSITION EFFECT ON SOCIAL TRADING PLATFORMS 

A.  Enhancement and reduction of the disposition effect on social trading platforms  

Studies on platforms such as eToro, Zulutrade and MyForexBook show that transparency and 

public scrutiny can increase DE. Pelster and Hofmann (2018) found that traders with a high 

number of followers on eToro were less likely to realize losses, which can be attributed to 

maintaining a positive public image. Similarly, Glaser and Risius (2018) observed that Zulu-

trade traders became more loss averse under scrutiny, and Jabr and Rai (2022) reported that DE 
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increased with higher follower count, suggesting that reputational pressure may drive traders to 

avoid losses in order to appear successful. 

In contrast, other studies suggest that transparency reduces DE by increasing accountability and 

fostering rational behavior. Lukas and Eshraghi (2017) found that DE significantly decreased 

on Wikifolio as portfolios transitioned to investable status, i.e. are more transparent phase.  

B. Explanatory approaches for contradicting findings 

Firstly, the financial incentives on these platforms can be an explanation for increased DE. On 

eToro and Zulutrade, for example, traders are rewarded based on the number of followers, 

which can incentivise short-term gains to attract more followers. However, Gemayel and Preda 

(2018) point out that these results may be context-specific and argue that DE is actually 

strengthened when there is no monetary incentive. Unlike eToro and Zulutrade, Wikifolio uses 

a HWM system, which rewards traders only when they exceed previous performance peaks, 

aligning incentives with long-term rationality rather than short-term gains. 

STPs also differ in how following a trader translates to financial engagement. On Zulutrade and 

eToro, following a trader typically involves copy trading, where the follower's account auto-

matically replicates the trader's transactions, leading to direct financial involvement (Glaser and 

Risius 2018; Hofman and Pelster 2018). In contrast, Wikifolio allows users to follow traders 

without automatic investment; followers can observe trading strategies without committing 

funds unless they choose to invest separately (Wikifolio 2024). This distinction affects trader 

behavior and platform dynamics, as the direct financial linkage on Zulutrade and eToro may 

create performance pressures not present on Wikifolio. 

Beyond monetary incentives and different layers of commitment, platform design and the 

presentation of performance metrics also shape DE. Liêu and Pelster (2020) reported lower DE 

when realized and unrealized positions were displayed together, as opposed to focusing only 

on realized transactions, as seen on eToro. Visual aids, such as the color-coded performance  
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metrics on Wikifolio, have also been linked to reduced DE (Lukas and Eshraghi 2017). Moreo-

ver, asset class differences play a role; Pelster and Hofmann (2018) found that forex traders on 

eToro tend to close positions quickly when facing paper losses, unlike equity traders (O'Connell 

and Teo 2005). 

C. Wisdom of the Crowd as a corrective mechanism 

The "wisdom of the crowd" effect provides a potential corrective mechanism for reducing DE 

on STPs. This concept suggests that collective social validation can incentivize traders to adopt 

more rational behaviors by aligning their strategies with long-term goals. 

Platforms like Wikifolio show how crowd-driven mechanisms can potentially reduce DE. Lukas 

and Eshraghi (2017) found that traders exposed to more attention, expressed through higher 

invested capital (AUM), exhibit lower DE. This suggests, that Wikifolio balances transparency 

with rational trading incentives, such as Wikifolio’s HWM system. Pelster and Hofmann (2018) 

further demonstrated that public recognition enhances traders’ confidence, reducing suscepti-

bility to emotional biases like DE. This highlights the fact that traders who are selected by the 

crowd for their perceived skill are more likely to adjust their behavior to maintain their reputa-

tion. 

However, the effectiveness of crowd-driven mechanisms depends on platform-specific dynam-

ics. On platforms like eToro and Zulutrade, crowd validation may incentivize short-term be-

haviors that amplify DE. For example, traders may prioritize quick profits to attract followers, 

as the financial rewards tied to follower counts overshadow the rationalizing effects of public 

scrutiny. 

These findings suggest that the relationship between transparency, social validation, and plat-

form incentives shapes DE in complex ways. Platforms with monetization schemes tied to so-

cial metrics may amplify DE, while those emphasizing rationality and long-term performance 

can leverage the "wisdom of the crowd" to reduce it. 
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VI. HYPOTHESES DEVELOPMENT 

Building on the existing body of research on the DE on STPs and with a particular focus on 

Wikifolio, this theis formulates a combination of hypotheses to analyze the DE in greater depth. 

Following the approach of Jabr and Rai (2022), the analysis is expanded beyond a single social 

factor by breaking it down into multiple variables, specifically emphasizing followers and page 

visits as core social interaction metrics, as they may have opposing effect on the same platform. 

This research also builds on the work of Lukas and Eshraghi (2017), who used AUM as a proxy 

for followers and included it as an indicator of a particular form of user attention, namely mon-

etary engagement. Additionally, a novel aspect of this study is the inclusion of ranking as a 

variable in examining the DE on Wikifolio, which adds an additional layer of complexity and 

depth to the analysis. 

The goal is to analyze different layers of attention on Wikifolio, ranging from passive interest 

to more engaged forms of interaction. At the most basic level, page visits represent passive 

interest, as they reflect curiosity about a trader’s profile without implying any form of commit-

ment (Jabr and Rai 2022). Moving beyond passive interest, followers indicate a higher level of 

engagement, as following a trader shows endorsement or intent to observe their decisions more 

closely (Jabr and Rai 2022).  However, this does not necessarily involve financial involvement. 

AUM captures financial engagement, reflecting the capital invested by users in a trader's port-

folio, thus representing a significant level of commitment (Lukas and Eshraghi 2017). Finally, 

ranking aggregates various performance metrics, providing a comparative measure of a trader's 

success and making them and their performance more visible and easily comparable to others. 

This layered analysis offers a comprehensive understanding of how different forms of attention 

influence trader behavior and outcomes. 

  



 
 

11 

 

A. Page visits  

Page visits represent a form of passive crowd scrutiny where users show peer interest without 

directly following or investing (Jabr and Rai 2022). Such passive attention is distinct from fol-

lower commitment but still exerts a social influence by creating an awareness of being observed 

(Jabr and Rai 2022). Research on STPs like Zulutrade suggests that views can moderate DE by 

encouraging more cautious and deliberate trading, as traders feel pressured to maintain sound 

performance in the presence of broad public visibility (Jabr and Rai 2022). As heightened at-

tention on Wikifolio generally leads to a decrease in DE, similar results are expected as for 

Zulutrade. It is therefore suggested that an higher number of page visits will result in a marginal 

increase in holding times of gains compared to losses, indicative of a decrease in dispositional 

behavior. 

H1: Increased page visits are hypothesized to reduce DE, as passive social scrutiny encourages 

traders to make cautious and rational decisions. 

B. Followers  

Followers on STPs represent a stronger commitment to the trader, resulting from confidence in 

the trading strategy of the trader (Jabr and Rai 2022). Followers are a key social aspect, as they 

reflect not only the possible investments made by others but also the attention and observation 

that traders get from their audience. This double nature of followers—acting as both financial 

supporter and social validators—makes them an important factor in understanding how traders 

manage their portfolios (Jabr and Rai 2022). However, it must be noted that other than for 

Zulutrade, on Wikifolio a follower can but does not necessarily mean she is an investor. It 

therefore remains a crucial factor, but cannot be regarded as a monetary commitment per se. 

Higher follower counts suggest that traders are recognized by the crowd for perceived skill or 

disciplined behavior, a dynamic shown to influence trading actions (Pelster and Hofman 2018). 

Social validation from a large follower base can act as a moderating force on DE by encouraging 
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traders to maintain rational strategies that protect their reputation (Pelster and Hofmann 2018). 

Other than Jabr and Rai 2022, stating that increased follower count leads to overconfidence, I 

propose that more followers is a sign of more interest and more committal attention. As shown 

in previous studies on Wikifolio this is correlated with an attenuated DE. 

H2: Traders with a higher number of followers are expected to exhibit reduced DE, as crowd 

validation reinforces rational trading behavior. 

C. AUM  

AUM adds a further layer of commitment, which in the case of Wikifolio is fully monetary. 

Lukas and Eshraghi (2017) already used AUM as a metrics, however as a proxy for the number 

of followers standing for the amount of attention and in different levels of transparency. They 

found a substantial interaction between the gain coefficient and AUM, suggesting that wik-

ifolios with high capital investments are strongly influenced by transparency. Based on the sig-

nificant results in Lukas and Eshraghi’s (2017) study, it is expected that an increasing amount 

of AUM in a wikifolio is be associated with a decreased DE. It should be noted that, in this 

thesis, the focus is instead to examine whether AUM is generally associated with a decrease in 

the DE, regardless of transparency levels. 

H3: A higher AUM is associated with a reduced DE among traders. This can be attributed to a 

signal of greater credibility through financial commitment, promoting rational behavior. 

D.  Ranking 

On Wikifolio, 13 ranking metrics combine performance indicators with measures of social 

engagement, giving traders with high ranks increased visibility and potentially acting as a 

deterrent against DE. Wikifolio’s ranking system seems to be primarily based on long-term 

performance rather than short-term gains, suggesting to see a reduced DE among high-ranking 

traders. This is suggested as it adds a further layer of increased attention and observation by 

peers of their strategies, fostering a commitment to consistent, rational trading behaviors 
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(Scheckenbach, Wimmer and Dorfleitner 2021; Liêu and Pelster 2020). Similarly, 

Scheckenbach et al. (2021) found that traders on Wikifolio reduce their risk exposure when they 

attract more attention after improving their ranking, likely due to the increased scrutiny from 

followers.  

On Wikifolio, the ranking system incorporates both short-term performance metrics (e.g., 

realized gains) and long-term performance metrics (e.g., total portfolio value), as well as social 

engagement factors (e.g., media reputation). While the short-term metrics could create some 

pressure to realize profits quickly, the visibility generated by the ranking system should offset 

this effect. The accountability that comes with high visibility likely encourages traders to avoid 

rash decisions, leading to more rational, long-term behavior that reduces DE. 

H4: Higher-ranking traders are expected to demonstrate lower DE due to the need to maintain 

consistent, rational strategies under the increased public scrutiny associated with high visibility. 

VII. EMPIRICAL APPROACH  

This section outlines the empirical strategy used to investigate whether traders on Wikifolio with 

higher social metrics have a reduced DE. This approach uses linear regression to analyze the 

moderating effects of these metrics on DE, guided by the “wisdom in the crowd” hypothesis. 

A. Research Question 

The core research question (RQ) is: Do higher social metrics (page visits, followers, AUM and, 

rank) on STPs reduce the DE by incentivizing crowd-validated, rational trading behavior? This 

RQ is the guide to find out if and how these metrics serve as indicators of crowd approval and 

reduce DE by encouraging traders to avoid irrational trading decisions. 
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B. Model Selection 

Given the continuous nature of DE and the aim to analyze its relationship with social metrics, 

a linear regression model is applied. The base linear model tests the main DE effect by regress-

ing the holding duration of trades on gains and losses, which is then extended with interactions 

for page visits, followers, AUM and rank.  

C. Model Specification 

The base model assesses the DE by regressing holding duration on the realized gains and losses. 

To measure the DE, the realized profit or loss of each position is first adjusted so that it is 

represented as an average daily profit or loss. The average daily profit or loss is calculated to 

evenly distribute the total profit over the holding period, creating a consistent metric that can 

be interpreted regardless of the holding period.  

A linear regression is then performed to test whether there is a significant correlation between 

the holding period and the average daily profit/loss. A DE would be characterised by a signifi-

cant negative relationship, which would mean that traders tend to sell winning positions (posi-

tive daily profit) faster, while holding losing positions (negative daily profit) longer.  

This model is: 

                                                               𝐷𝑢𝑟𝑎𝑡𝑖𝑜𝑛 =  𝛽0 + 𝛽1𝑔𝑎𝑖𝑛𝑠 +  𝜀                                                      (1) 

Where:  

• 𝛽0 is the intercept, which is the expected value of duration when gains is zero. 

• 𝛽1 is the slope coefficient for gains, indicating the change in duration for a one-unit change 

in gains. 

• 𝜀 represents the error term, capturing the difference between the observed and predicted 

values of duration. 

Note: The terms “gains” and “realized gains” will be used interchangeably in the following. 
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For further analysis, interaction terms are added for each social metric (page visits, followers, 

AUM, rank) to evaluate their moderating effects on DE. The general form of the extended 

model is: 

        𝐷𝐸𝑖𝑗 = 𝛽0 + 𝛽1𝐺𝑎𝑖𝑛𝑠/𝐿𝑜𝑠𝑠𝑒𝑠 + 𝛽2𝑆𝑜𝑐𝑖𝑎𝑙 𝑀𝑒𝑡𝑟𝑖𝑐𝑖𝑗 + 𝛽3(𝐺𝑎𝑖𝑛𝑠/𝐿𝑜𝑠𝑠𝑒𝑠𝑖𝑗 ∗ 𝑆𝑜𝑐𝑖𝑎𝑙 𝑀𝑒𝑡𝑟𝑖𝑐𝑖𝑗) + 𝜀𝑖𝑗     (2) 

Where: 

• 𝛽1 captures the main effect of gains/losses on DE. 

• 𝛽2 represents the main effect of each social metric 

• 𝛽3 measures the interaction effect, indicating whether social validation through crowd 

metrics affects DE tendencies in trading behavior. 

Finally, a robustness check is performed by including the status of the as a control variable to 

capture how different stages of public engagement affect DE.  

D. Key Variables 

The key variables used are presented in tabular form below. 

Variable Definition 

Dependent Variable 

Holding 

Time (T) 

Measured by trade holding duration, indicating whether gains/losses impact the length of 

time a position is held before being sold. 

Independent Variables 

Views 

(VW) 

Reflects passive interest and scrutiny from platform users, representing a subtler form of 

crowd validation. 

Followers 

(FL)  

Reflects active interest and counts the number of individuals who follow a specific wiki-

folio.  

AUM Represents mometary interest and is the total amount of capital invested by followers in a 

trader’s wikifolio. 

Rank (RK) Represents a metric based on 14 criteria, including performance and engagement. 

Control Variables 

Wikifolio 

Phase 

The phase of a wikifolio’s lifecycle (test, published and investable) as a control variable 

to test the relevance of different transparency levels on the platform. 

 

E. Estimation Method 

The programming tool selected for the analysis was R.  

The models are estimated using Ordinary Least Squares (OLS) with robust standard errors to 

address any heteroskedasticity in the data. For robustness, a Huber-White/Sandwich estimator 
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is used to ensure reliable inference even if standard OLS assumptions (e.g., homoscedasticity) 

are violated. A control model incorporates the status of the wikifolio as an additional robustness 

check to capture potential DE variations based.  

Additionally, fixed effects at trader level were considered for robustness reasons, as they could 

control for unobservable characteristics such as experience or risk tolerance. However, in the 

absence of trader-level data, they could not be included, so possible biases due to unobserved 

heterogeneity were not addressed. Instead, the analysis focusses on aggregated social metrics 

and their influence on DE. 

VIII. DATA 

A. Dataset description  

Six datasets covering the year 2023 were gathered from Wikifolio. They provide insights into 

both social metrics and transaction data, with daily and weekly data, focusing on private inves-

tors and equity trading.  

A brief description of the individual datasets and their key variables can be found in Table 2. 

B. Data preparation and preprocessing  

To create one dataset from the six data sources that is appropriate for analysis, data prepro-

cessing was performed. This included data formatting, handling of missing data, variable ag-

gregation, merging and outlier handling. Social engagement metrics, including the number of 

followers, page visits and ranking, were aggregated at both the trader and the wikfolio level. 

For each trader, the mean value of a social metric is calculated and then applied at the wikifolio 

level. Consequently, all wikifolios of a given trader exhibit identical values for these metrics, 

as they represent the average social influence of that particular trader. 

The calculation of trading duration was an additional element in the measurement of DE. In 

order to get the duration of each asset's holding period, the time interval between each purchase 

and the following sale or order was calculated. The data was initially organised according to 
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the following parameters: WikifolioId, ISIN, ExecutionDate and OrderDirection. This allowed 

for the creation of a chronological order. The initial purchase date was designated as the refer-

ence point for each transaction, and the duration was determined by subtracting the sell date 

from this reference. Only sales transactions were considered in this calculation, as they repre-

sent completed transactions. The missing performance data in gains were omitted, representing 

1266 values. Furthermore, transactions initiated prior to 1 January 2023 were excluded to en-

sure the completeness and accuracy of the data on the commencement and completion of trans-

actions. 

Additionally, before testing the hypotheses 1-4, adjustments to account for potential biases due 

to differing durations of asset holdings were performed. Specifically, the gain for each position 

was adjusted by its holding duration to calculate an average daily gain/loss. This adjustment 

was crucial because without it, longer-held positions might disproportionately influence the 

disposition effect measurement. This adjustment was achieved by applying a transformation 

that standardized gains over time, excluding extreme outliers (with values beyond -0.5 and 0.5) 

to ensure a robust analysis. 

Following the cleaning of the data and aggregation of the variables, the datasets were merged 

to create a comprehensive dataset for analysis. The merging was conducted using common 

identifiers, such as WikifolioId and ISIN, thereby ensuring that each portfolio's performance 

data, social engagement metrics and transaction details were closely aligned. 

An overview of the parametric measures can be found in Table 3, while the corresponding 

boxplots are presented in Figure 5. The boxplots reveal a substantial number of outliers across 

several variables, necessitating an outlier adjustment. For instance, followers and page visits 

both show significant right skew due to a few extremely high values, which distort the mean 

and exaggerate the typical engagement levels. Similarly, AUM are heavily influenced by a 

handful of portfolios with exceptionally high values, leading to a misleadingly large average 
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that doesn’t accurately represent most portfolios. These outliers can skew the results of any 

further analysis, so a 1% winsorization was applied to mitigate their impact and produce a more 

balanced view of the dataset. This adjustment ensures that the summary statistics better reflect 

the central tendencies and typical variability within the data, providing a more reliable founda-

tion for subsequent analyzes. The descriptive statistics and the corresponding boxplots after 

cleaning can be found in Table 4 and Figure 6. 

C. Descriptive statistics 

The dataset shows that traders can choose among 7,518 underlyings from which 95% were 

actually used in wikifolios. One of the most prominent assets found across the active wikifolios 

was Amazon, followed by Apple and on third place Microsoft. There are 5,215 traders manag-

ing 9,265 wikifolios, containing 144 underlyings on average, managed by the traders. The av-

erage number of wikifolios per trader amounts 1.77. It was further determined that 93% of the 

wikifolios in the dataset are investable, while 5% are published, with approximately 1% being 

in the test phase, which can be seen in Table 5. The average time for a wikifolio to become 

investable is 280 day. Traders sell on average 2,688.9 certificates. 

Concerning trading details, the sample entails around 770,000 transactions. Approximately 

88% of the orders were market orders, with 45% of the transactions being buy orders and 33% 

being sell orders. On average, each trader realizes a gain of 3.92 with a minimum loss of -

45.577 and a maximum gain of 111.061. The mean number of followers is 22,997.6, with a 

maximum of 313,230.0 and a minimum of 106.0. On average, traders receive 6705.5 page vis-

its, with a maximum of 98,368.0 and a minimum of 53.0. The maximum AUM is at 

12,465,499.7, the minimum at 0.0, and the average at 731,211.6.  

D. Explorative statistics 

The correlation analysis shown in Figure 7 provides a visual overview of the relationships be-

tween the variables, with the colors indicating the strength and direction of the correlation. Six 
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variable pairs show high correlations. The strongest is between AUM and contracts sold (0.81), 

suggesting that higher AUM may signal quality or stability, encouraging more certificate pur-

chases. Similarly, AUM correlates with followers (0.71) and page visits (0.61), indicating a 

potential social proof effect where portfolios managing larger investments attract more follow-

ers and engagement. The positive correlation between followers and page visits (0.62) supports 

this idea, reflecting more engagement with popular portfolios. Additionally, the correlation be-

tween followers and contracts sold (0.55) suggests that popular portfolios drive higher certifi-

cate sales. 

These findings align with Lukas and Eshraghi (2017), who noted that public visibility and scru-

tiny could reduce bias in decisions. The significance matrix in Figure 8 confirms the robustness 

of these correlations, underscoring the importance of including AUM in analyzing DE on Wik-

ifolio. 

E. Normality assumption testing  

For the normality testing of the variables, the Jarque-Bera test was applied to each metric to 

determine whether they follow a normal distribution. The results, shown by the test's X2 statis-

tics and p-values, indicate that none of the variables in this dataset follow a normal distribution, 

as all p-values are less than 2.2e-16, providing strong evidence to reject the Null Hypothesis of 

normality. Despite this, linear regression can still be performed. In the context of social trading, 

which is relatively new in research, normality of the variables themselves is not a strict require-

ment for regression analysis (Kutner, Nachtsheim, Neter and William 2005). Best Linear Un-

biased Estimator assumptions primarily require normality of the residuals rather than of the 

predictors. While the normality of residuals may also be violated here, this mainly affects the 

standard errors, not the effect sizes. Since the effect sizes are strong and significant, the poten-

tial bias in the standard errors does not presents a problem for the validity of the results. How-

ever, this limitation will be noted in the analysis. 
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IX. EMPIRICAL RESULTS 

This study studies whether higher social metrics on Wikifolio reduce the DE by promoting 

crowd-validated behavior. Therefore, the duration an asset is held was modeled as a function 

of realized gains, with interaction terms analyzing the moderating effects of social metrics.  

A. Disposition Effect 

The regression analysis, presented in Table 7, confirms a significant and negative relationship 

between realized gains and holding duration, with each additional monetary amount of profit 

decreasing holding duration by approximately 185.24 days (p < 0.001). This result strongly 

supports the presence of the DE. However, the model's Multiple R-squared value of 0.001477 

highlights that realized gains alone explain less than 0.15% of the variation in holding duration. 

This suggests the need to consider additional factor in influencing trading behavior. 

B. Page visits 

The results for page visits are shown in Table 8. Page visits, a proxy for passive social obser-

vation, are positively associated with holding duration (Estimate = 0.000061, p < 0.001). This 

suggests that wikifolios with more page visits are held longer, possibly reflecting an awareness 

of being observed. However, the interaction between page visits and realized gains is insignif-

icant (p = 0.851). This indicates that while page visits may influence holding duration, they do 

not directly reduce DE. These findings suggest that passive observation lacks the accountability 

needed to drive rational behavior. 

C. Followers 

As demonstrated in Table 9, Follower count demonstrates a significant interaction with realized 

gains (Estimate = 0.00033, p = 0.00313), indicating that traders with more followers exhibit 

less DE. The direct effect of followers on holding duration is marginally significant (p = 0.079), 

highlighting their primary impact through moderating DE. This supports the hypothesis that 

crowd validation through followers promotes rational trading by creating more visibility and 
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accountability. Traders with higher follower counts are more aware of public scrutiny, encour-

aging them to avoid early sales of winning positions or prolonged holding of losing ones. 

D. AUM 

AUM shows no significant interaction with realized gains, as shown in Table 10, suggesting 

that monetary attention alone does not reduce DE. However, AUM is positively and signifi-

cantly associated with holding duration (Estimate = 0.13788, p = 0.00158), implying that larger 

managed assets may encourage longer holding periods. This contrasts with the hypothesis that 

AUM, as a form of crowd endorsement, incentivizes rational behavior. The findings indicate 

that AUM requires additional social or transparency-related factors to influence trading deci-

sions effectively. 

E. Ranking 

Ranking emerges as the most influential social metric in reducing DE. This is highlighted by 

the regression results shown in Table 11. The interaction between ranking and realized gains is 

highly significant (Estimate = 0.027, p < 0.001), with better rankings associated with more 

rational trading behavior. Additionally, rankings correlate with shorter holding durations (Esti-

mate = -0.0029, p < 0.001), reflecting the disciplined trading of highly ranked traders. These 

findings strongly align with the "wisdom of crowds" hypothesis, where rankings validate trader 

success and attract scrutiny, fostering rational decision-making. 

F. Transparency  

The analysis of wikifolio phases - test, published, and investable - provides further insights into 

the role of transparency in moderating DE. As depicted in Table 12 the published phase reduces 

DE compared to test phase (Estimate = 128.38, p = 0.00885), but investable phase shows the 

strongest reduction (Estimate = -193.07, p <0.001). These results highlight the importance of 
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transparency, where increased public scrutiny in later phases encourages more disciplined trad-

ing behavior. The absence of significant effects in the test phase suggests that traders experi-

ment with strategies at this stage, leading to less consistent behavior. 

X. DISCUSSION 

The results partially confirm the RQ: higher social metrics reduce DE by fostering crowd-en-

dorsed rationality, stating that collective validation through public observation fosters rational 

decision-making. The results demonstrate that not all social metrics equally influence DE. Fol-

lowers and rankings prove to be the most important moderators, while page visits and AUM 

extend the holding period of an asset, yet have no significant impact on DE. 

A. Discussion of results 

The findings reveal a significant interaction between realized gains and follower count, indicat-

ing that traders with more followers exhibit less dispositional behavior. This aligns with the 

theory of "wisdom of crowds," where higher visibility creates accountability and reduces irra-

tional trading tendencies. These results confirm prior literature on Wikifolio, particularly Lukas 

and Eshraghi (2017), who emphasize the disciplining effect of higher follower counts on trading 

behavior. 

Similarly, rankings play a crucial role in reducing DE, as better rankings enhance a trader's 

visibility and attract more followers, potentially creating a positive reinforcement loop. High-

ranking traders face increased public scrutiny and are motivated to maintain their standing by 

trading more rationally. These findings are consistent with studies by Scheckenbach et al. 

(2021), Jabr and Rai (2022), and Liêu and Pelster (2020), which show that public ranking sys-

tems incentivize less biased trading behavior. The effect of rankings reinforces the "wisdom of 

crowds" hypothesis, as high visibility encourages disciplined and rational decision-making over 
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time. These findings are supported by the lower DE seen in investable wikifolios highlights the 

importance of transparency in moderating low dispositional behavior. 

Contrary to the findings for followers and rankings, page visits and AUM have limited or no 

significant impact on DE. These results deviate from parts of the existing literature and high-

light the need for further investigation. Page visits show no significant interaction with realized 

gains, indicating they do not directly reduce DE. This is in in contrast to what has been expected 

from the passive form of attention to also decrease the DE on Wikfolio. Similarly, it is not in 

line with the results of Jabr and Rai (2022), who found a significant interaction between page 

visits and realized gains on Zulutrade. A plausible explanation lies in the differing presentation 

of page visits across platforms. On Zulutrade, page visits are explicitly displayed to traders as 

a social validation metric, likely enhancing their perceived importance. On Wikifolio, page vis-

its are presented as a simple summary, which may fail to generate the same level of accounta-

bility or social scrutiny. This difference highlights the role of platform design in shaping the 

effectiveness of social metrics.  

The findings on AUM also contradict parts of the literature. While AUM is positively correlated 

with holding duration, it does not significantly interact with realized gains to reduce DE. Lukas 

and Eshraghi (2017) reported that AUM reduced DE in highly transparent portfolio stages, such 

as the Published and Investable phases. Their results possibly differ from this study’s results 

for different research methods. The results suggest that AUM alone, without additional trans-

parency or social validation, is insufficient to influence trading discipline. These observations 

underscore the importance of active social engagement over monetary metrics in moderating 

DE. 

The "wisdom of crowds" provides a unifying framework for interpreting the results. Metrics 

that actively engage traders, such as followers and rankings, foster accountability and reduce 

DE by promoting disciplined decision-making. Traders under public scrutiny are incentivized 
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to adopt rational trading strategies to maintain their reputation and attract more followers. In 

contrast, metrics that lack active engagement, such as page visits fail to leverage crowd valida-

tion effectively. Similarly, the sole monetary engagement of a follower for a trader, although it 

is the strongest form of engagement on Wikifolio, is not enough to reduce DE. While these 

metrics provide forms of passive monitoring or monetary attention, they do not create the same 

sense of visibility that is created by the other two factors.  

B. Implications 

This study advances the literature by emphasizing the differentiation between active social met-

rics (e.g., followers, rankings) and passive and monetary metrics (e.g., page visits, AUM), 

demonstrating that active metrics more effectively reduce DE by strengthening accountability 

and rational decision-making. It highlights the importance of platform-specific dynamics, 

showing how the design and presentation of metrics, such as those on Wikifolio versus Zulu-

trade, influence their effectiveness. Additionally, the study’s use of detailed social metric prox-

ies and interaction effects provides a more detailed approach. 

Wikifolio, unlike other STPs such as Zulutrade, eToro, and MyForexBook, effectively leverages 

crowd validation to reduce DE, particularly through specific metrics. This positions Wikifolio 

as a model STP that favors rational trading behavior, benefiting users with less biased decisions 

and potentially more sustainable, lower-risk returns. However, it is necessary to examine in 

detail what makes Wikifolio so special that it encourages DE-reduced behaviour, be it the unique 

HWM model or the wikfolios as an investable product versus copy trading. 

C. Limitations 

This study emphasises the relationship between social factors and DE on Wikifolio, but is lim-

ited by platform-specific metrics that may not fully account for trader motivation or external 

influences. Fixed trader characteristics, such as experience, risk tolerance or portfolio compo-

sition, are not considered and could influence both social metrics and DE. Furthermore, by 
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focussing on aggregate metrics such as followers and page visits, their dynamics, such as timing 

or interactions with market conditions, are not addressed. Future research could explore these 

dynamics using non-linear models (e.g. hazard models) or investigate the role of reward sys-

tems. Finally, significant deviations from the normality of the data may affect the standard error 

estimates, suggesting the need for robust or non-parametric regression methods to validate the 

results. 

XI. CONCLUSION 

The main results, summarized in Table 12, indicate that a significant reduction in DE is 

achieved through followers, the active form of social support, accountability reinforcement and 

rationality. The promotion of visibility and comparability through the ranking system on Wiki-

folio is also a strong factor that reduces traders' DE over time. In addition, transparency on 

Wikifolio plays an extremely important role, with DE decreasing the more visible and irrefuta-

ble a wikifolio becomes. However, a limited influence of passive metrics and monetary support 

is observed. Page visits and AUM have weaker effects, suggesting that indirect attention and 

financial engagement do not have the social validation needed to influence trading behaviour. 

This adds a new layer to the findings in the literature that attention can be multifaceted and lead 

to different outcomes in terms of DE on STP.  

Therefore, when examining DE on STP, attention and validation on STP need to be broken 

down into more nuanced factors, namely passive and active attention and monetary validation, 

as attention summarised in a particular factor may or may not influence DE, which could lead 

to misleading conclusions for a STP.  
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APPENDIX 

 

I. Background on Wikifolio 

Figure 1: General structure of an STP (see Glaser and Risius 2018) 

 

 

 

 

 

 

 

 

 

 

This diagram illustrates the general structure of an STP and illustrates the close relationship 

between trader and follower within the platform, as well as the parties involved in the social 

trading ecosystem, namely the broker with whom the users have their accounts, the broker's 

operator, ensuring smooth communication between the broker and the social trading platform, 

and the higher-level financial markets on which the actual trading of financial instruments takes 

place.  

Within the social trading platform, primarily followers and traders who each have an account 

interact with each other. The trader's account contains a portfolio of financial instruments that 

they manage. Traders execute trades (buying and selling assets) that affect the portfolio and 

contribute to performance/risk metrics. These metrics are calculated based on the performance 

of the portfolio and the trader's trading decisions and indicate the trader's financial success and 

risk level. The follower account is in turn linked to the trader account and can copy the trades 

made by the trader. Followers can automatically copy the trader's portfolio and trades and thus 
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imitate the trader's strategies. Once a trade/portfolio has been copied, it is displayed in the fol-

lower's portfolio. The follower's performance and risk figures are then linked to the trades they 

have copied. 

The social component is made clear by the interaction options on the right, breaking up tradi-

tional trading and making the trader's profile similar to a social media channel with functions 

such as follows, views, likes, comments and messaging functions to exchange ideas, build net-

works and improve strategies. 

 Figure 2: Creation process of an investable wikifolio (Own representation) 

 

 

 

 

 

 

 

 

 

 

This diagram shows the detailed process of creating an investable wikifolio. The process starts 

with registration, where one part of the user decides to be a trader and the other to monitor 

wikifolios on the platform and possibly become a follower, this part is initially referred to as a 

user. The trader starts by creating and testing a portfolio. The portfolio is only visible to the 

trader and cannot be found by other users. If the trader wants to make his portfolio visible, he 

can do so under certain conditions, followed by a published status of the wikifolio. Now others 

can also find the wikifolio and add it to their watchlist, view the virtual shares and comments 
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and follow the transactions in the wikifolio. However, these wikifolios do not yet have an as-

sociated wikifolio certificate, for which it must be given investable status. To achieve this, cer-

tain requirements must be met. The wikifolio requires at least ten watchlistings with a total 

amount of EUR 2,500 and it must be at least 21 days old. In order to legitimize as a wikifolio 

trader, one must send a scan of an ID document as well as address data. The wikifolio as a 

synthetic reference portfolio to which a wikifolio index refers. Lang & Schwarz Aktiengesell-

schaft then issues open-end index certificates. These open-end index certificates are traded on 

the Stuttgart Stock Exchange and can be bought and sold at many banks and online brokers or 

directly at Lang & Schwarz. 

Figure 3: Overview of a trader profile  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

This overview entails a comprehensive performance overview, the evolution of the portfolio 

over time, performance comparisons against various benchmarks, an analysis of the average 

annual return and risk ratio, and a detailed examination of the portfolio's volatility. Furthermore, 
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the performance fee selected by the trader, the buy/sell ratio, and the invested capital (calculated 

as the sum of the value of all currently sold index certificates based on the displayed wikifolio) 

are also displayed. Furthermore, additional tabs are available, displaying the trading idea, de-

tails on the portfolio (including equities, performance, and their respective share in the portfo-

lio), key figures summarizing financial indicators, and a record of all trades made in the port-

folio. 

Figure 4: Ranking system used by Wikifolio 

 

 

 

 

 

 

 

 

 

 

 

 

The chart shows the three top-rated wikifolios, ranked according to their performance as indi-

cated by their wikifolio ranking. The ranking system places these portfolios in 1st, 2nd and 3rd 

place respectively, based on various indicators - thirteen in total. Users can filter by ranking to 

see the ranking of the best portfolios. 
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Table 1: Ranking criteria and their detailed explanation  

Criteria  Min. 

Value  

Max. 

Value 

Calculation 

Track record 0 1.5 0 for wikifolio creation 

1 after 6 months 

1.5 after 2 years 

Max loss 0.1 1 0.1 from a maximum loss of over 60 per cent 

0.6 - 1 for losses between 60 and 10 per cent (linear) 

0.6 - 1 for losses between 60 and 10 per cent (linear) 

Last Login 0 1.2 0 after 3 months 

1.2 for login today 

Trading  

activity  

0 1.2 0 for 5 trades 

1  for 25 trades 

1.2 for 100 trades 

Average 

monthly  

return 

0 1.5 0 weakest wikifolio 

1.5 best wikifolio 

Invested 

Capital 

0.25 2 0,25 for no invested capital 

1 for EUR/CHF 10.000,- 

1.5 for EUR/CHF 100.000,- 

2 for EUR/CHF 10.000.000,- 

Bestseller 

(Buy Orders) 

1 1.25 1 for rank above 25 

1,25 for top 25 

Bookmarks 0 1.5 1 if 10 bookmarks 

1,5 if 100 bookmarks 

Performance 

last month 

0.8 1.3 0,8 weakest wikifolio 

1,3 best wikifolio 

% Perfor-

mance since 

emission 

1 1.25 1 if 25 % 

1,25 if 50 % 

Media  

Reputation 

1 1.25 1 no or average media reputation 

1,25 above-average media reputation 

Community 

Activity  

1 1.15 1 not provided market reactions to news in the last 7 days 

1.15 given market reactions to at least 10 news in the last 7 days 

Expert  

Reputation 

1 1.15 1 not received a ‘Like’ for comments in the last 7 days 

1.15 received at least 10 ‘likes’ on comments in the last 7 days 

 

This table provides an overview of the criteria used to evaluate the performance and reputation 

of wikifolio portfolios, with each criterion assigned a specific value range. Factors such as 

Track Record, Max Loss, and Average Monthly Return assess the financial performance of a 

portfolio, while criteria like Media Reputation and Community Activity reflect its social influ-

ence and engagement within Wikifolio. Values are assigned based on different benchmarks, 

such as the number of trades for Trading Activity or the invested capital for Invested Capital, 
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providing a comprehensive scoring system. This standardized evaluation allows for a compar-

ative ranking of portfolios, highlighting both quantitative performance metrics and qualitative 

reputation factors. 

II. Methodology, descriptive and explorative statistics 

Table 2: Variable description 

Dataset  Description  Key variables for analysis  

Social Contains social met-

rics, representing the 

interest and attention 

a trader receives 

from the platform’s 

user base. 

• Wikifolio ID: Unique portfolio identifier, used for merg-

ing with other datasets.  

• Followers: Number of followers per portfolio 

• Page visits: Number of page visits a wikifolio gets from 

users 

• Index: Current rank of a wikifolio, based on 13 criteria, 

reflecting performance but also social engagement fac-

tors   

Underlying 
Provides details on 

underlying assets, 

including asset clas-

sifications, to ensure 

consistency within a 

specific asset type. 
 

• ISIN: Unique identifier for assets, linking them across 

datasets.  

Investment Universe Group: Asset classification (e.g., 

"Aktien Europa"), enabling focused analysis within Euro-

pean stocks only. 

• Investment Universe: Specifies the asset focus of each 

portfolio. 

Wikifolio 

Base 

Gives an overview of 

the Trader on the 

platform and its re-

spective wikifolios 

managed. 

• Trader ID: Unique identifier assigned to each trader on 

the Wikifolio, allowing the linkage of a trader’s individ-

ual activity across multiple portfolios  

• Wikifolio ID: Unique identifier for each portfolio, 

manged by a trader 

• Creation Date: The date when a wikifolio portfolio was 

first created. 

• Publish Date: The date a wikifolio was made publicly 

visible on the platform. 

Wikifolio 

Daily 

Includes daily perfor-

mance metrics, cap-

turing short-term 

fluctuations in port-

folio performance es-

sential for under-

standing DE. 

• Wikifolio ID: Unique portfolio identifier, used for merg-

ing with other datasets. 

• Date: Daily record date, allowing for time-based analy-

sis. 

• AUM: Assets under management, indicating portfolio 

size.  

• Contracts Sold: Volume of certificates sold. 

• Status: Indicates portfolio stage (e.g., test, published, in-

vestable), relevant for controlling public visibility levels. 

Wikifolio 

Item 

Provides contextual 

details for wikifolios, 

including the current 

status of the wikifo-

lio along with the 

quantity and price of 

its underlying assets. 

• Wikifolio ID: Unique portfolio identifier, used for merg-

ing with other datasets.  

• Underlying: Links each underlyings to its respective 

wikifolio, giving insights of how much of the asset lays 

in the portfolio at a given time  

• Closing Price: provides the price of the asset at a given 

time 



 
 

34 

 

Virtual 

Order 

Documents transac-

tion-level data, in-

cluding buy and sell 

orders, crucial for 

calculating trade du-

ration and observing 

DE. 

Used to calculate 

trade duration  

• Wikifolio ID: Unique portfolio identifier, used for merg-

ing with other datasets. 

• Underlying: Links each underlyings to its respective 

wikifolio, giving insights of what is done with that asset 

within the portfolio 

Execution Date: Date and exact time of each trade exe-

cution, essential for calculating holding duration.  

• Underlying Quantity: How much of the asset was traded 

Order Direction: Indicates buy or sell, used to identify 

completed trades for DE measurement. 

• Order Execution Price: Shows the price at which un-

derlying was traded. 

• Realized Gain: Shows the gain or loss made on the asset 

when sold. 

 

Table 3: Parametric measures before cleaning 

 

Figure 5: Boxplot before cleaning 
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Table 4: Parametric measures after cleaning 

 

Figure 6: Boxplots after cleaning with 1% winsorization 

 

The detailed examination of Tables 3 and 4, along with Figures 5 and 6, offers a good 

understanding of the statistical characteristics of important variables of the dataset, both 

numerically and visually.  

Before data cleansing, the realized gains in Table 3 showed high maximum values for realized 

gains which could indicate unusually profitable transactions. The corresponding boxplots in 

Figure 5 visualised these extreme values as points that were far above the upper whisker. After 

winsorisation, the data in Table 4 and the adjusted boxplots in Figure 6 show a clear 
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improvement in the extremes, which enables a more even distribution of profits and a more 

realistic representation of financial returns. 

Furthermore, the duration of the transactions or investments, originally with extreme outliers 

of up to 600 days, was normalised through a 1% winsorisation. The new boxplots show a 

smaller range with fewer extreme outliers. 

One of the key variables of the dataset, namely followers and page visits, showed a high number 

of outliers in the boxplots, indicating a few very popular wikifolios.  The boxplots after cleaning 

show a significant reduction in these outliers, resulting in a more even distribution of 

engagement across multiple portfolios.  

The values for AUM are extremely high, showing that some accounts had unusually large sums. 

The associated boxplots in Figure 5 confirmed this with data points well above the normal 

range. Winsorisation has reduced these extreme values. In Table 4, the maximum values are 

much lower, showing that the data is now more evenly distributed. The boxplot in Figure 6 now 

shows that the extremely high AUM values have been capped and the new distribution is more 

compact. 

The prices at which orders were executed showed a wide dispersion of extremely high values 

before the cleaning, which could indicate exceptional market conditions or errors in the data. 

Winsorisation effectively reduced the range and number of outliers in the boxplots and provided 

a more realistic representation of transaction prices. 
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Table 5: Overview per wikifolio status 

 

This provides an overview of the various wikfolio statuses. The main focus is on the first three 

phases shown in the table, as they occur most frequently. The most common status is 

‘investable’, i.e. the most mature phase, with 93% of occurrences in the dataset, followed by 

around 5% ‘published’ and less than 1% in the test phase. This indicates that most of the 

wikifolios present in the dataset are already investable products. 

Figure 7: Heatmap of correlation significance levels between variables, highlighting 

statistically significant relationships 

 

This heatmap presents the effect sizes of correlations between key metrics in the dataset, where 

colors indicate the strength and direction of each relationship. The color scale ranges from -1 

(strong negative correlation, in blue) to +1 (strong positive correlation, in red). Notable high 
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positive correlations include AUM with Contracts Sold (0.81), FollowersWikifolio with AUM 

(0.71), and DetailPageVisitsWikifolio with FollowersWikifolio (0.62). These associations sug-

gest that as a wikifolio's assets under management increase, the number of sold contracts also 

rises, potentially reflecting higher investor interest in popular wikifolios. 

Figure 8: Correlation Significance Matrix for Key Metrics 

 

This figure shows the significance levels of the correlations between different metrics within 

the data set. The colour gradient from red to blue indicates the p-values, where red stands for 

highly significant correlations (p-values close to 0), indicating a statistically significant rela-

tionship between pairs of variables. Cells labelled ‘NA’ indicate inapplicable correlations, typ-

ically diagonal cells or cases where the data was insufficient for calculation. This matrix can be 

used to determine which relationships are statistically robust and merit further investigation as 

part of the analysis of the DE. In this case, the red values imply that the majority of correlations 

in this dataset are statistically significant, which suggests that the relationships observed in the 

correlation heatmap are unlikely to be due to random chance. This gives further credibility to 
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interpreting these relationships, especially for key variables like followers, page visits, AUM 

and Contracts Sold that showed higher correlations in the effect size heatmap. 

III. Empirical results 

Table 6: Regression results disposition effect on Wikifolio 

 

 

 

 

 

 

 

 

 

There is a highly statistically significant DE at all conventional levels (p <0.001). 

 

Table 7: Regression result Hypothesis 1 (Page visits) 
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No significant effect of page visits (p = 0.851). in its interaction with gains. However, page 

visits significantly correlate with longer holding durations (Estimate = 0.000061, p < 0.001). 

Table 8: Regression result Hypothesis 2 (Followers) 

 

 

 

 

 

 

 

 

 

 

 

The interaction term between followers and realized gains significant (Estimate = 0.00033, p = 0.00313), 

suggesting that a reduced DE is associated with higher follower count. The direct effect of followers on 

the duration is negative and marginally significant (Estimate = -0.0000057, p = 0.079). 
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Table 9: Regression result Hypothesis 3 (AUM) 

 

 

 

 

 

 

 

 

 

 

 

The interaction term between AUM and  realized gains is not significant, suggesting that there is no 

relationship between higher AUM and a reduced DE on Wikifolio. The direct effect of AUM on holding 

duration is positive and significant (Estimate=0.137, p=0.00158). This means that higher invested is 

correlated with reduced holding durations.  
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Table 10: Regression results Hypothesis 4 (Ranking) 

 

 

 

 

 

 

 

 

The Interaction between ranking and realized gains is significant (p < 0.001) and the direct effect of 

Ranking on the holding time is negative and significant (Estimate = -0.0029, p < 0.001).  
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Table 11: Robustness check results wikifolio status 

 

The results indicate that the Published phase reduces DE compared to test phase (Estimate = 

128.38, p = 0.00885), but Investable phase shows the strongest reduction (Estimate = -193.07, 

p < 0.001).  
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Table 12: Summarized view of results 

Hypothesis  Key variables  Result  Interpretation 
H1: Increased page 

visits reduce DE 

 

Page visits,  

Realized Gains 

 

 

Interaction with real-

ized gains 

not significant (p = 

0.851). 

Page visits signifi-

cantly correlate with 

longer holding dura-

tions (Estimate = 

0.000061, p < 0.001).  

Page visits encourage 

longer holding dura-

tions, reflecting subtle 

social scrutiny. How-

ever, they do not di-

rectly impact DE. 

H2: Higher number of 

followers reduces DE 

 

Followers,  

Realized Gains 

 

 

Interaction term be-

tween followers and 

realized gains signifi-

cant (Estimate = 

0.00033, p = 0.00313). 

Direct effect of Fol-

lowers marginally sig-

nificant (p = 0.079). 

A higher follower 

counts reduce the DE 

by encouraging ra-

tional decision-making 

under public scrutiny. 

Traders with more fol-

lowers exhibit less dis-

positional behavior 

over time. 
H3: Higher AUM is 

associated with re-

duced DE 

AUM, Realized Gains 

 

Interaction term be-

tween AUM and real-

ized gains is not sig-

nificant. 

Positive coefficient for 

AUM on duration (Es-

timate = 0.13788, p = 

0.00158).  

 

No significant impact 

of AUM on reducing 

DE.  

H4: Higher rankings 

reduce DE 

 

Ranking,  

Realized Gains 

 

Interaction between 

ranking and realized 

gains highly signifi-

cant (Estimate = 0.027, 

p < 0.001). Direct ef-

fect of ranking on du-

ration negative and 

significant (Estimate = 

-0.0029, p < 0.001). 

Higher rankings re-

duce DE through in-

creased visibility and 

public scrutiny, en-

couraging rational 

trading behaviors. 

 


